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Abstract 

As technology, engineering, and design (TED) education continues to navigate 

competing priorities around sustainability, capability, curriculum purpose, and 

assessment, researchers increasingly require methodological approaches that 

illuminate (not flatten) diverse value positions. Q methodology provides a robust 

means of examining subjective perspectives by identifying coherent typologies of 

viewpoint rather than relying on consensus or averaged positions. Building on Part I of 

this primer series, which introduced the theoretical foundations of Q methodology, this 

Part II paper demonstrates its practical application through a fully worked example 

grounded in a TED‑relevant context. Using a fictional but methodologically realistic 

study on stakeholder perspectives regarding sustainability in design education, the 

paper models each stage of the seven‑stage Q methodology process, with particular 

emphasis on factor analysis and factor interpretation. The worked example is designed 

as a pedagogical resource, making analytical decisions transparent and accessible for 

researchers new to Q methodology. By situating the process within a TED education 

context, the paper illustrates how Q methodology can support researchers and 

practitioners in engaging rigorously and reflexively with the plurality of viewpoints 

that shape contemporary debates in TED education, offering methodological clarity 

alongside practical relevance for future research, curriculum development, and policy 

work. 
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1 INTRODUCTION 

1.1 From contested educational purposes to the need for pluralistic inquiry 

Technology, engineering, and design (TED) education is characterised by deeply contested value 

positions surrounding sustainability, capability, curriculum purpose, assessment practices, and 

the role of design judgement. These debates reflect substantive differences in educational 

priorities rather than technical disagreements, and they remain difficult to navigate through 

consensus-seeking or variable-centred research approaches alone. As a result, methods that 

foreground plurality and systematically engage with diverse ways of thinking are increasingly 

essential for understanding and improving TED education. 

1.2 Why Q methodology matters for TED education 

Q methodology (Watts & Stenner, 2012) offers a distinctive advantage in such contexts because 

it provides a structured means of examining subjective viewpoints while preserving their 

complexity. Rather than reducing perspectives to averaged positions, Q methodology identifies 

coherent typologies of viewpoint, showing how and why individuals and stakeholder groups differ 

in their assumptions, priorities, and values. This makes it particularly relevant for TED, where 

curriculum design, pedagogical practice, and policy formation are routinely shaped by competing 

interpretations of what education should do, for whom, and toward what purposes. 

Examples from related fields such as environmental education, sustainability studies, health 

professions education, and curriculum reform have demonstrated Q methodology’s capacity to 

illuminate value-laden debates and make stakeholder perspectives explicit. These applications 

underscore its potential to support TED researchers and practitioners in addressing similarly 

complex educational challenges. 

1.3 Positioning of this Part II paper 

Part I (McLain, 2025) of this primer series introduced the theoretical foundations of Q 

methodology and argued for its suitability within TED education research. However, many 

researchers (particularly those new to Q methodology) report difficulty translating theoretical 

process models into concrete analytical decisions. This Part II paper responds directly to that 

need. Its purpose is to operationalise the seven-stage Q methodology process through a fully 

worked, TED-relevant example, demonstrating how Q methodology can be applied rigorously 

and reflexively in practice. 

The worked example presented here uses a fictional but methodologically realistic Q study on 

stakeholder perspectives regarding sustainability in design education. This fictional framing 

allows methodological decisions to be made transparent at each stage (from concourse 
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construction through to factor analysis and interpretation) without the constraints associated with 

real participant data. The intention is to provide a pedagogical resource that supports 

methodological learning while maintaining direct relevance to TED education. 

1.4 Contribution to TED education research practice 

By modelling each stage of the Q process in a TED-specific context, this paper seeks to strengthen 

methodological capacity within the field, enhance transparency in analytical practice, and 

demonstrate the value of Q methodology for engaging with the plurality of viewpoints that 

characterise contemporary debates in TED education. Taken together, Parts I and II aim to support 

researchers in moving beyond procedural familiarity toward confident, contextually informed 

application of Q methodology in their own work. 

2 METHODOLOGY 

Q methodology is a pragmatic, mixed-methods research approach designed to systematically 

study human subjectivity, including opinions, beliefs, values, and viewpoints. Originating in 

psychology through the work of William Stephenson, Q methodology combines qualitative 

sensitivity with quantitative rigor to identify shared patterns of thinking, referred to as factors, 

across a group of participants. Rather than seeking a single consensus position, Q methodology 

explicitly preserves plurality, revealing distinct and internally coherent viewpoints held within a 

population. 

Central to Q methodology is the assumption that subjectivity is operant: i.e., individuals actively 

construct meaning and can meaningfully express their perspectives when invited to do so in a 

structured manner. This is achieved through the Q-sort, in which participants rank a set of 

carefully selected statements relative to one another, making their subjective priorities visible and 

comparable. Statistical analysis is then used to identify groups of participants who have sorted 

the statements in similar ways, indicating shared perspectives. 

3 The Seven Stages of Q Methodology 

Following the framework outlined in Part I of this primer (McLain, 2025) and in Watts and 

Stenner (2012), Q methodology proceeds through seven interrelated stages: 

(i) Concourse construction: The process begins with the development of a concourse—

the full range of views, discourses, and opinions surrounding the topic of interest. 

Statements may be drawn from literature, policy documents, interviews, focus groups, 

or media sources, with the aim of capturing the breadth of debate rather than consensus. 
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(ii) Development of the Q-set: A smaller, manageable subset of statements (the Q-set) is 

selected from the concourse. These statements are refined to ensure clarity, balance, and 

representativeness of contrasting positions. The Q-set typically reflects the conceptual 

diversity of the topic rather than its frequency of occurrence. 

(iii) Selection of the P-set: Participants (the P-set) are purposively selected based on their 

relevance to the research topic. Unlike survey research, Q methodology does not aim 

for statistical representativeness; instead, it seeks to include individuals likely to hold 

differing or competing viewpoints. 

(iv) Q-sorting: Participants rank-order the Q-set statements on a fixed, quasi-normal 

distribution grid, typically ranging from “most agree” to “most disagree.” This 

forced-choice process encourages comparative judgement, revealing participants’ 

subjective priorities and internal frames of reference. 

(v) Post-sort interviews: Qualitative data are gathered through interviews or written 

reflections to capture participants’ reasoning, particularly for statements placed at the 

extremes of the distribution. These data provide critical context for later interpretation. 

(vi) Factor analysis: Completed Q-sorts are subjected to by-person factor analysis, which 

identifies clusters of participants who have sorted the statements in similar ways. Each 

factor represents a shared viewpoint rather than a latent variable, distinguishing Q 

methodology from conventional R-method factor analysis. 

(vii) Factor interpretation: Finally, composite Q-sorts (factor arrays) are interpreted 

alongside post-sort qualitative data to construct rich, narrative accounts of each factor. 

These interpretations articulate distinct typologies of viewpoint, preserving both shared 

meaning and points of divergence across perspectives. 

Taken together, the seven-stage Q methodology process provides a transparent and systematic 

means of mapping subjectivity, making it particularly well suited to educational research contexts 

characterised by competing values, diverse stakeholders, and contested purposes, such as TED 

education. The next section provides a worked example of Stages 6 (factor analysis) and 7 (factor 

interpretation) in the context of Q methodology. 

4 WORKED EXAMPLE 

In this section, we will explore a worked example of Q factor analysis using a training Q-Set of 

10 items, derived from a full Q-Set of 60 items, which in turn was created from a concourse of 

205 items extracted from three climate education policy relate documents within the context of 

England (Department for Education, 2025, 2023; Kitson, Phillips & Dillon, 2025). The supporting 

documents can be downloaded from https://doi.org/10.5281/zenodo.19047497. Subsection 5.1 

provides an overview of factor analysis.  

https://doi.org/10.5281/zenodo.19047497
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4.1 An overview of factor analysis 

In Q methodology, factor analysis is a by‑person statistical procedure used to identify groups of 

participants who have sorted a set of statements in similar ways, indicating shared viewpoints on 

the topic under study. Rather than analysing relationships between variables, as in conventional 

factor analysis, Q‑based factor analysis correlates whole Q‑sorts to reveal distinct, internally 

coherent patterns of subjective thinking. Each resulting factor represents a typology of perspective 

(a shared way of understanding the issue) rather than an underlying latent trait or dimension. 

Factor analysis is commonly used to identify patterns of association within data, but Q factor 

analysis and R factor analysis differ fundamentally in what they analyse, what their results 

represent, and how their findings should be interpreted. 

4.1.1 Unit of Analysis 

The central distinction lies in the unit of analysis. R factor analysis correlates variables across a 

large sample of participants. Its purpose is to identify latent dimensions or constructs that explain 

patterns of association among measured variables (e.g. survey items). 

By contrast, Q factor analysis correlates people (or more precisely, their complete Q-sorts) across 

a shared set of statements. The aim is to identify groups of individuals who have expressed similar 

patterns of judgement, indicating shared viewpoints. In simple terms, R analysis asks, “Which 

variables go together?”, whereas Q analysis asks, “Which people think alike?”. 

4.1.2 Purpose and Outcomes 

R factor analysis is typically used for measurement development, scale construction, or theory 

testing. The extracted factors are interpreted as latent constructs that are assumed to exist 

independently of the participants and to influence their responses (e.g. motivation, attitude, 

self-efficacy). Q factor analysis serves a different purpose: it is designed to map subjectivity. The 

resulting factors represent distinct, internally coherent perspectives on a topic, not underlying 

psychological traits. Each factor is interpreted as a typology of viewpoint, reflecting a shared way 

of seeing or understanding the issue under investigation. 

4.1.3 Data Structure and Sample Size 

R factor analysis generally requires large samples to ensure statistical stability and 

generalisability. The emphasis is on representativeness and the reliability of variable 

relationships. In contrast, Q factor analysis works with small, purposively selected samples, 

because the goal is not population inference but conceptual exploration. Participants are chosen 

for the diversity of their perspectives rather than their statistical representativeness. In Q 

methodology, fewer participants than variables is not a limitation but an expected feature. 



 

6 

4.1.4 Interpretation of Factors 

Another key difference concerns interpretation. In R analysis, factors are interpreted based on 

variable loadings, with meaning inferred from clusters of items that load highly on a factor. These 

interpretations are often abstract and detached from individual respondents. In Q analysis, factors 

are interpreted using factor arrays: composite Q-sorts that represent how a hypothetical person 

with that viewpoint would rank all statements. Interpretation is grounded in concrete statements, 

supported by post-sort qualitative data, allowing factors to be described as rich, narrative accounts 

of shared meaning. Table 1 summarises the comparison of Q and R factor analysis. 

Table 1. Summary comparison of Q and R factor analysis 

Aspect R Factor Analysis Q Factor Analysis 

Unit of analysis Variables (items) People (Q-sorts) 

Primary aim Identify latent constructs Identify shared viewpoints 

Typical sample size Large Small, purposive 

View of subjectivity Measurement error to be 

controlled 

Core phenomenon of interest 

Nature of factors Latent traits/dimensions Typologies of perspective 

Interpretation Variable-centred Person-centred and 

interpretive 

 

4.1.5 In Methodological Terms 

While both techniques rely on similar mathematical foundations, Q and R factor analysis answer 

different research questions and should not be treated as interchangeable. R factor analysis is 

appropriate when the aim is to measure, generalise, or model constructs. Q factor analysis is 

appropriate when the aim is to understand the structure of subjective viewpoints, particularly in 

contexts where multiple, competing perspectives coexist, such as education, policy, and socially 

contested fields. 

4.2 Worked example of Q factor analysis 

This section provides a step‑by‑step worked example of Q factor analysis using the simulated 

dataset introduced earlier in this paper. The purpose is not to demonstrate statistical 

sophistication, but to make the process of Q factor analysis transparent and replicable for 

researchers new to the method. All analysis steps described below were carried out using 

PQMethod (Schmolck, 2014), a freely available software package developed specifically for Q 

methodology. Refer to Table 2 in the Appendix for a glossary of technical terms. 
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The worked example uses 15 completed Q‑sorts, each comprising rankings of the same 10 

statements on a forced distribution ranging from −2 (most disagree) to +2 (most agree). The 

analysis follows the typical workflow recommended in the PQMethod manual and widely 

reported in published Q studies. 

4.2.1 Step 1: Preparing and entering the data 

The first step is to prepare the Q‑sort data in a format that PQMethod can read. PQMethod requires 

a plain‑text .DAT file containing: 

• the number of Q‑sorts (participants), 

• the number of statements in the Q‑set, 

• the forced distribution shape, and 

• each participant’s completed Q‑sort. 

In this worked example, the dataset consists of: 

• 15 Q‑sorts (participants), and 

• 10 statements (Q‑set items). 

Each Q‑sort is entered as a single line of numbers representing the statement rankings from −2 to 

+2. Importantly, the order of the statements must be identical for all participants, as Q factor 

analysis compares the patterns of ranking across complete Q‑sorts rather than individual item 

scores. 

Once the data file is prepared, it is loaded into PQMethod and checked for errors using the 

programme’s built‑in validation tools. 

4.2.2 Step 2: Correlating the Q‑sorts 

After the data are loaded, PQMethod generates a correlation matrix showing the degree of 

similarity between every pair of Q‑sorts. Each value in the matrix represents how closely two 

participants ranked the statements relative to one another. 

At this stage, no “viewpoints” have yet been identified. The correlation matrix simply answers 

the question: Which participants sorted the statements in broadly similar ways, and which sorted 

them differently? High positive correlations indicate shared patterns of judgement; low or 

negative correlations indicate divergent perspectives. 

This correlation matrix forms the mathematical foundation for factor extraction. 
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4.2.3 Step 3: Extracting initial factors 

The next step is factor extraction, which identifies clusters of Q‑sorts that are sufficiently similar 

to be considered expressions of a shared viewpoint. In PQMethod, this is typically done using 

centroid factor extraction, although principal components analysis is also available. 

For this worked example, centroid extraction is used because it aligns with the exploratory and 

interpretive aims of Q methodology and remains the most commonly reported approach in Q 

studies. 

PQMethod automatically calculates: 

• the number of extractable factors, 

• the eigenvalues associated with each factor, and 

• the percentage of variance explained. 

At this point, several potential factor solutions are inspected (e.g. two‑factor, three‑factor, 

four‑factor solutions). The aim is not to maximise explained variance, but to identify a solution 

that yields: 

• interpretable factors, 

• a meaningful number of defining Q‑sorts on each factor, and 

• theoretical coherence with the research topic. 

For instructional clarity, this worked example proceeds with a three‑factor solution, which 

balances analytic clarity with sufficient diversity of viewpoints. 

4.2.4 Step 4: Rotating the factor solution 

Once an initial factor structure has been extracted, the solution is rotated to improve clarity and 

interpretability. Rotation adjusts the factor axes to maximise the extent to which each Q‑sort loads 

clearly onto one factor rather than weakly onto several. 

In this example, Varimax rotation is applied. Varimax is an automatic rotation procedure that 

seeks a statistically cleaner solution and is commonly used when researchers are learning Q 

methodology or wish to minimise subjective decision‑making at this stage. 

After rotation, each participant’s Q‑sort receives a factor loading for each factor. These loadings 

indicate the strength and direction of the relationship between an individual Q‑sort and a given 

factor. 
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4.2.5 Step 5: Identifying defining Q‑sorts 

The next step is to determine which participants define each factor. A Q‑sort is considered 

defining if: 

• its factor loading exceeds a statistically significant threshold, and 

• it loads clearly on one factor rather than on multiple factors. 

PQMethod automatically flags defining Q‑sorts based on these criteria. Some participants may 

not define any factor (for example, if their viewpoints are idiosyncratic or straddle multiple 

factors). This is not treated as a methodological flaw, but as a substantive finding about the 

diversity of perspectives in the dataset. 

At the end of this step, each retained factor is associated with a subset of participants whose 

Q‑sorts exemplify that shared viewpoint. 

4.2.6 Step 6: Constructing factor arrays 

Once defining Q‑sorts have been identified, PQMethod generates a factor array for each factor. 

A factor array is a composite Q‑sort representing how a hypothetical participant with that 

viewpoint would have ranked all statements. 

These arrays are calculated by weighting and averaging the rankings from the defining Q‑sorts. 

The result is a complete −2 to +2 ranking for every statement, expressed from the perspective of 

each factor. 

Factor arrays are central to interpretation because they translate statistical outputs back into the 

concrete language of the original statements. 

4.2.7 Step 7: Interpreting the factors 

The final step is factor interpretation, in which each factor array is examined as a coherent 

viewpoint. Interpretation focuses on: 

• statements placed at the extremes (+2 and −2), 

• statements ranked differently across factors, and 

• any consensus statements ranked similarly by all factors. 

In a full empirical study, this stage would draw heavily on post‑sort interview data to ground 

interpretations in participant reasoning. In this worked example, interpretation is supported by the 
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known characteristics of the simulated participant profiles and by the internal logic of the factor 

arrays themselves. 

Each factor is ultimately presented as a narrative typology of perspective, rather than a statistical 

category, reflecting Q methodology’s commitment to preserving subjectivity and plurality. 

4.3 Interpreting factor arrays 

Where factor analysis identifies patterns in the data, factor interpretation is the stage at which 

those patterns are translated into meaningful accounts of viewpoint. In Q methodology, the 

primary object of interpretation is not the factor loading or the eigenvalue, but the factor array; 

the composite Q‑sort that represents a shared way of thinking about the topic under investigation. 

This section outlines a structured and beginner‑friendly approach to interpreting factor arrays 

generated in PQMethod, using the worked sustainability dataset introduced earlier. The aim is to 

show how factors are interpreted systematically and reflexively, rather than impressionistically. 

4.3.1 What a factor array represents 

A factor array is best understood as the Q‑sort of a hypothetical participant who perfectly 

exemplifies that factor. It shows how that viewpoint ranks every statement in the Q‑set, from 

strong disagreement (−2) to strong agreement (+2). 

Crucially, a factor array is not an average opinion of the whole sample, nor is it a statistical 

abstraction detached from participants. Instead, it reflects the shared subjective structure of those 

participants whose Q‑sorts define the factor. 

Interpretation therefore proceeds by asking a simple but powerful question: 

“What does the world look like from this point of view?” 

4.3.2 Step 1: Begin with the extremes 

Interpretation should always begin with the extreme statements in the factor array – those placed 

at +2 (most agree) and −2 (most disagree). 

These statements are: 

• the most salient to participants holding that viewpoint, and 

• the strongest indicators of how the factor differs from others. 
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For each factor, the researcher should examine: 

• which statements occupy the +2 positions, 

• which statements occupy the −2 positions, and 

• how these positions differ across factors. 

At this stage, interpretation should remain descriptive rather than evaluative. The aim is simply 

to articulate what the factor strongly affirms and what it clearly rejects. 

4.3.3 Step 2: Identify the organising logic of the factor 

Once the extremes have been examined, the next step is to look for the organising logic that 

connects them. Factors rarely reflect random collections of preferences; rather, they tend to 

express a coherent orientation toward the issue. 

In the sustainability example, organising logics might include: 

• prioritisation of practical capability over ethical deliberation, 

• emphasis on assessment and accountability, or 

• commitment to learner agency and hopeful futures. 

At this stage, factors should be given working labels (e.g. “Sustainability as accountable 

practice” or “Skills‑first pragmatism”). These labels are provisional and should emerge 

inductively from the factor array rather than from preconceived categories. 

4.3.4 Step 3: Examine distinguishing statements 

Interpretation is deepened by identifying distinguishing statements – those ranked significantly 

differently in one factor compared to the others. 

PQMethod flags these statistically, but their interpretive value lies in what they do conceptually: 

they show how one viewpoint diverges from competing perspectives on the same issue. 

When interpreting distinguishing statements, researchers should ask: 

• What issue does this statement represent in the debate? 

• Why might this factor take a stronger or weaker position than others? 

• What assumptions about teaching, learners, or curriculum does this position imply? 
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This step is particularly useful in educational research, where disagreements often centre not on 

whether something matters, but how and in what way it should matter. 

4.3.5 Step 4: Attend to the middle ground 

Although extremes attract most attention, the mid‑range statements (−1, 0, +1) play an important 

interpretive role. These placements often indicate: 

• accepted but unprioritised ideas, 

• unresolved tensions, or 

• issues perceived as context‑dependent rather than central. 

Beginners are often tempted to ignore these statements, but doing so risks flattening the nuance 

of the viewpoint. In many cases, it is the combination of strong commitments and cautious 

ambivalence that gives a factor its distinctive character. 

4.3.6 Step 5: Use qualitative data to strengthen interpretation 

In a full Q study, interpretation of factor arrays is strengthened through post‑sort interviews or 

written reflections. These data help explain why participants placed certain statements where they 

did, particularly at the extremes. 

Although the dataset used here is simulated, the same principle applies, factor arrays should never 

be interpreted in isolation from participant reasoning. Qualitative data: 

• provide insight into underlying values and assumptions, 

• guard against over‑interpretation by the researcher, and 

• help anchor factor narratives in participants’ own language. 

4.3.7  Step 6: Write factors as narrative viewpoints 

The final stage of interpretation is to write each factor as a coherent narrative account. In Q 

methodology, factors are not described as dimensions or variables, but as typologies of viewpoint. 

A well‑constructed factor narrative typically: 

• explains how the factor understands the core issue, 

• describes what it prioritises and problematises, and 

• situates the viewpoint relative to others in the study. 
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Importantly, factor narratives should avoid evaluative language (e.g. “better”, “more accurate”) 

and instead present each factor as a legitimate and internally coherent perspective within the 

broader plurality of views. 

4.3.8 Reflexivity and interpretive responsibility 

Interpreting factor arrays is an inherently interpretive act, and researchers must remain reflexive 

about their own assumptions, professional commitments, and theoretical orientations. Q 

methodology does not eliminate subjectivity from analysis; rather, it makes interpretive 

judgement transparent and accountable. 

For this reason, good practice includes: 

• documenting interpretive decisions, 

• relating interpretations back to the factor arrays, and 

• resisting the temptation to collapse multiple viewpoints into a single “take‑home” 

message. 

In the context of TED education, where debates about sustainability, skills, and curriculum 

purpose are value‑laden and contested, this commitment to plural interpretation is a 

methodological strength rather than a limitation. 

5 SUMMARY 

Q methodology is uniquely well aligned with the epistemic, pedagogical, and political complexity 

of technology, engineering, and design (TED) education. As a field characterised by contested 

purposes, value‑laden curricular choices, and competing priorities around sustainability, 

capability, assessment, and educational purpose, TED research requires approaches that can 

illuminate rather than obscure plurality. Q methodology meets this need by treating subjectivity 

not as noise or measurement error, but as the central object of inquiry. Through its focus on 

identifying shared patterns of thinking (typologies of viewpoint rather than averaged positions) it 

enables researchers to make visible the underlying assumptions that shape curriculum design, 

pedagogical decision‑making, and policy formation. 

This paper has demonstrated how Q methodology can be operationalised in a TED‑relevant 

context through a fully worked, fictionalised example centred on sustainability in design 

education. By modelling each stage of the seven‑stage Q process, with particular emphasis on 

factor analysis and factor interpretation, the paper has shown how analytical decisions can be 

made transparent, replicable, and pedagogically accessible. The fictional dataset enables 
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researchers new to Q methodology to engage with the method without the constraints of real 

participant data, while keeping the example grounded in issues that are substantively important 

to contemporary TED debates. 

The worked example illustrates the methodological clarity and interpretive richness that Q 

methodology can bring to TED education research. It demonstrates how competing viewpoints 

can be mapped systematically; how differences in priorities, assumptions, and values can be made 

explicit; and how these differences can be interpreted in ways that strengthen rather than flatten 

the plurality inherent in TED. Such mapping is especially valuable for areas such as sustainability 

transitions, curriculum reform, professional learning, and policy development, where contested 

values often underlie surface‑level disagreements. 

Taken together, Parts I and II of this primer series aim to build methodological capacity within 

the TED education research community, supporting researchers in moving beyond procedural 

familiarity toward confident, reflexive, and contextually informed application of Q methodology. 

By offering both theoretical grounding and a transparent, practice‑oriented example, this series 

seeks to contribute to a more pluralistic, rigorous, and reflexive research culture within TED 

education, where diverse viewpoints are not only acknowledged but meaningfully engaged.a 
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7 APPENDIX 

Table 2. Glossary of Terms 

Term Plain-language explanation 

Factor A shared pattern of thinking represented by a group of participants who 

have sorted the statements in similar ways. In Q methodology, a factor is 

interpreted as a viewpoint, not a variable or trait. 

Q factor analysis A by-person statistical technique that groups people (their complete Q-

sorts) according to similarity, rather than grouping variables. Its purpose is 

to reveal shared subjective perspectives. 

Factor array A composite Q-sort that shows how a hypothetical participant representing 

a factor would rank all statements from most disagree to most agree. It 

forms the main basis for interpretation. 

Factor loading A numerical value indicating how strongly an individual participant’s Q-sort 

is associated with a particular factor. Higher absolute loadings indicate 

stronger alignment with that viewpoint. 

Centroid factor 

extraction 

An exploratory method for identifying potential factors, commonly used in 

Q methodology because it supports interpretive flexibility rather than 

optimisation. 

Rotation A mathematical adjustment applied after factor extraction to improve the 

clarity of the factor solution by encouraging Q-sorts to load more clearly 

on one factor. 

Varimax rotation An automatic rotation procedure that maximises statistical simplicity by 

reducing cross-loadings, often used in introductory or instructional Q 

studies. 

Defining Q-sort A participant’s Q-sort that loads significantly and uniquely on a single 

factor, meaning it clearly exemplifies that shared viewpoint. 

Eigenvalue A statistic indicating the relative strength of a factor in explaining variance 

among Q-sorts. In Q methodology, eigenvalues are used heuristically 

rather than as strict decision rules. 

Correlation 

matrix 

A table showing the degree of similarity between every pair of Q-sorts. It 

provides the basis for identifying which participants think alike. 

Distinguishing 

statement 

A statement ranked significantly differently in one factor compared to 

others, helping to clarify how that viewpoint differs from competing 

perspectives. 

Consensus 

statement 

A statement ranked similarly across all factors, indicating an area of broad 

agreement or shared assumption within the sample. 

Factor 

interpretation 

The analytic process of constructing meaningful narrative accounts of 

each factor by examining factor arrays alongside qualitative data and 

theoretical context. 

Typology of 

viewpoint 

The final interpretive product of Q methodology: a coherent description of 

a shared way of understanding the issue, represented by a factor. 

 


