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ABSTRACT ARTICLE HISTORY

This qualitative, interpretivist study explores perceptions of Received 17 April 2026
Generative Al (GenAl) adoption among academic staff and Accepted 27 August 2026
Level 7 senior leader apprentices within a UK business school. KEYWORDS

Drawin.g on .semi—struct.ured intgrviews with sixtgen partici- Al literacy; degree

pants, inductive thematic analysis revealed three interrelated apprenticeships; generative
themes: engagement under uncertainty, the capability gap, and Al; higher education;

the policy gap. Findings indicate that whilst participants recog- leadership and management
nise the potential utility associated with embracing GenAl, education; technology
adoption is constrained by ethical sensitivity, limited application adoption

literacy, and the opacity of governance frameworks across the

tripartite apprenticeship relationship. This study contributes to

emergent debates on Al literacy and technological acceptance

by surfacing how uncertainty is socially and structurally pro-

duced, offering practical recommendations for education pro-

viders seeking to embed GenAl both effectively and ethically.

Introduction

Generative artificial intelligence tools (GenAl), such as ChatGPT, Microsoft
Co-pilot, and Google Gemini have simultaneously invigorated, inspired, dis-
turbed and challenged academics in higher education institutions globally. Such
challenges require adaptation of delivery approach, curriculum content, and
assessment design amongst a wealth of other changes and questions about the
implications for the nature of teaching roles, ethics, governance, data protec-
tion, and cybersecurity. GenAl has touched, or will touch, every dimension of
higher education, including apprenticeship programmes and as Al continues to
evolve, we will see increasingly innovative, bespoke, and effective uses across the
sector. Whilst higher education must necessarily explore the synthesis of GenAl
across its functions, it is also germane to consider barriers to this integration.
The impetus for this study arose from a set of practical challenges the
authors faced as educators within the Level 7 apprenticeship space. Chief
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among these was a lack of real insight into learners’ own experience of using
GenAlI: how they were engaging with it, what they found valuable or
difficult, and what they needed in order to use it well. This limited the
evidence available to inform decisions concerning curriculum content,
learning activities and programme-level guidance. Where training and
guidance existed, it tended to be pitched at a general level, oriented around
the broad capabilities of GenAl or the risks of improper use, rather than
grounded in learners’ own experience, roles or organisational contexts.

A second, related challenge concerned the teaching environment. The
prominence of misconduct concerns complicated efforts to create learning
environments in which apprentices could experiment, disclose uncertainty,
and develop confidence. A third challenge concerned divergence. In our
experience, learners and staff alike varied enormously in their existing
confidence and capability with GenAlI, and this variation made it harder
still to judge what support or guidance was needed, since no single starting
point could be assumed for either group. This was further complicated by
the diversity of the roles and settings our learners worked in. Level 7
apprentices work in a wide range of organisations including the NHS,
local government, and large private organisations, and each context has its
own norms, constraints, and experience of GenAl, making it extremely
difficult to offer anything that felt genuinely aligned with organisational
requirements.

Generative Al in professional education

According to the Higher Education Policy Institute (HEPI), GenAl has
swiftly moved from an experimental technology towards a routine feature
within UK higher education. In a 2025 survey, 92% of students reported
using a GenAl tool whilst 88% disclosed usage in relation to assessment.
Alarmingly, within the same piece of research, only 36% of students
reported that they had received institutional training, strongly suggesting
adoption outpaces HE pedagogical and policy responses (Freeman 2025).
Consequently, the debate has widened beyond academic misconduct and
moved towards Al literacy, equitable access, and assessment validity. From
the degree apprenticeship perspective, learners can face dual uncertainty;
how to use GenALl effectively in the workplace, and how to incorporate it
into their academic practice.

Central to apprenticeships in England is the principle that through
combining structured learning and paid employment the individual can
develop the necessary knowledge, skills, and behaviours to be fully
competent in their role. A distinctive feature of apprenticeships is the
tripartite relationship between the apprentice, their employer, and the
training provider; each of whom fulfils specific and complementary roles



RESEARCH IN POST-COMPULSORY EDUCATION e 3

in relation to learning. Whilst the training provider is responsible for the
formal delivery of teaching, the employer is required to provide oppor-
tunities to develop and demonstrate competencies in the workplace and
ensure the availability of protected learning time. The apprentice is
responsible for engaging with the learning and evidencing their knowl-
edge, skills, and behaviours. This three-way relationship helps ensure that
the apprentice is supported in achieving the occupational standard, and
that academic and workplace learning are aligned (HM Government
2026).

The Level 7 Senior Leader Apprenticeship was first delivered in 2018 and
targeted at individuals with senior management responsibilities across sec-
tors. Between 2018 and 2025 the apprenticeship standard was subject to
several amendments, today comprising 20 knowledge, 21 skill, and 5 beha-
vioural standards (Skills England 2026b). In the context of this research, the
training provider was the business school of a large university in north-west
England wherein the delivery of Level 7 and equivalent qualifications to
professional audiences comprises a notable proportion of postgraduate
provision.

Like many institutions, for the business school in question, the Level 7
Senior Leader Apprenticeship represented a significant number of learners
over its lifespan and helped catalyse industry-university partnerships in
leadership development; its demise lying in the government decision to
place tight limits on the availability of Level 7 apprenticeship funding
which precluded the majority of prospective candidates drawing upon the
levy to finance their studies (Skills England 2026a). The present research
retains its relevance to other higher education-industry partnerships that
emphasise experiential leadership development.

The Senior Leader Apprenticeship therefore provides a particularly
revealing environment in which to investigate GenAl adoption, because
apprentices must reconcile academic-integrity requirements with workplace
expectations, professional accountability, and organisation-specific restric-
tions on information and technology use. Taken together, these conditions
make degree apprenticeship provision a distinctive site of GenAl adoption,
in which capability and governance are shaped not by a single institution
but through the interaction of the university, employer, and apprentice.

The present study represents exploration of the nature of GenAl adoption
amongst educators and learners involved in the Level 7 Senior Leader
Apprenticeship at a UK business school. Whilst the Level 7 Apprenticeship
is likely to perish due to changes in funding arrangements, we argue that the
results presented here are applicable to other leadership and management
programmes delivered by UK institutions, particularly those including simul-
taneous study and industry employment, and where employers are closely
involved in the education process.
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Comparing apprentices and academic staff enables GenAl adoption
to be examined from two interdependent positions. Academic staff
encounter the technology through pedagogy, assessment, academic
integrity, and institutional accountability, whereas apprentices
encounter it simultaneously through academic study, professional
practice, and organisational responsibility. The comparison therefore
illuminates how uncertainty, capability, and governance operate
across, rather than solely within, the two sides of the educational
relationship.

This paper progresses with a review of the literature related to opportu-
nities and risks presented by GenAl in this context, incorporating influences
upon adoption and barriers to acceptance. Followed by a description of the
research conducted and an analysis of the findings, which is subsequently
reflected upon in light of theory and used to inform recommendations for
providers of leadership and management development programmes within
post-compulsory education.

Literature review
Generative Al as an opportunity

GenAl offers (at least in part) a potential solution to some of the most
enduring challenges in higher education concerning the need to engage
students via personalised learning experiences, which is not practically
achievable given the size of many of the programmes run by universities
today. GenAl enables deeper analysis of learning needs at scale, the ability to
adapt materials to engage individuals, and opportunities to identify and
address gaps in knowledge (Rahiman and Kodikal 2023). In addition to
offering the potential to facilitate planning and resource management via
predictive analytics in areas such as marketing, enrolment management, and
student risk identification. Thereby enabling targeted intervention and
strategy development (Al-Abdullatif 2024), an imperative when working
with learners balancing full-time work in senior positions with the demands
of postgraduate level study.

From the perspective of academic staff, GenAl presents the potential to
automate less valuable and/or routine tasks to allow greater capacity for
higher order cognition and value enhancing activities (Alam and Mohanty
2022). Postgraduate leadership and management learners typically derive
from a broad swathe of role and organisational backgrounds, creating
challenges in designing applicable, engaging, authentic, and equally challen-
ging assessments across a mixed cohort. GenAlI presents potential opportu-
nities in this respect as part of creative approaches to assessment design. In
addition to enabling educators to take more data-led approaches to delivery
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via the ability to synthesise and appraise large datasets, and conduct pre-
dictive analytics (Habibi et al. 2023).

From a learner perspective, the potential to receive a more personalised
learning experience is a prominent benefit of GenAI (Bond et al. 2024),
including via customised learning materials which facilitate student auton-
omy (Bearman, Ryan, and Ajjawi 2023; Buchanan et al. 2021). In appren-
ticeships there also exists the additional potential to generate learning
materials specific to the student’s employer. The ease with which this may
be achieved at scale being particularly advantageous in cohorts of learners
from multiple organisational and/or role contexts. GenAl tools further
enable learners to achieve greater depths of immersive engagement with
the learning content, including via interactive bespoke dynamic applica-
tions, which may be used to catalyse individual and group learning as
required (Ruiz-Rojas, Salvador-Ullauri, and Acosta-Vargas 2024). Given
the diverse range of background, skills, and roles within leadership and
management programmes, this flexibility, utility, and adaptability therefore
present significant advantages to learners and educators in terms of deliver-
ing high impact, and good quality learning opportunities.

Integrating GenAlI into higher education programmes is integral to
equipping learners with the knowledge and skills needed to thrive and
progress in employment (Ruiz-Rojas, Salvador-Ullauri, and Acosta-Vargas
2024). We argue that this obligation is particularly potent in respect of
leadership and management education, given that learners on these
programmes will potentially be leading, or involved in, the development
of Al-enabled working within their own organisations. However, it is also
necessary to consider the risks and challenges associated with its use.

Generative Al as a risk and challenge

A broad range of challenges exist in relation to the integration of GenAl into
higher education. Including a disconnect between existing and new systems
(Ouyang, Zheng, and Jiao 2022) and the requirement for ethical education
and oversight (Grunhut, Wyatt, and Marques 2021).

At an institutional level there is a requirement for significant and ongoing
investment in technology and training to maintain currency as GenAl
systems develop (Alotaibi and Alshehri 2023). Investment which may be
jeopardised by financial constraints or an absence of coherency in strategic
planning in respect of AI. Whilst across the education sector there remain
concerns as to the use of GenAl to produce assessment content which is not
the student’s own, thereby subverting the education process and devaluing
the awarded qualifications (Times Higher Education 2026). Andi¢ (2025)
highlights the potential for GenAl to catalyse a situation in which learners
use GenAl to misrepresent their engagement in learning via algorithm,
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rather than student, generated content thereby creating an illusion of
competence.

Concerns exist as to the potential for GenAl to negatively impact upon
learners’ critical thinking skills and their development. GenAlI tools have
been identified as effective in supporting the development of lower-level
cognitive skills, however their utility in aiding the development of critical
thinking abilities is much less clear cut (Essien, Chukwukelu, and Essien
2021), necessitating educators to take a careful, considered, and creative
approach to embedding GenAl into programmes. Critical thinking is
a fundamental skill for leaders and consequently one which forms a key
element of leadership and management education. Consequently, the intro-
duction of GenAl requires educators to develop knowledge and skills relat-
ing to the wide variety of systems available and their functionality, whilst
also critically reflecting upon their potential use in academic programmes.

Additional challenges faced by students in this context include differen-
tiating ethical conduct from unethical use, over-reliance on GenAl output,
plagiarism, referencing, and understanding the capabilities and limitations
of both specific tools and the wider technology (Andi¢ 2025). Further
supporting the need for a strategic, comprehensive, resourced and holistic
approach to its introduction at the institutional, faculty, school, and pro-
gramme levels, whilst also addressing the range of ethical concerns asso-
ciated with its use. The absence of which, we propose, creates a climate of
uncertainty that in turn presents a cognitive barrier to adoption.

The question of ethics

GenAl is associated with a host of general ethical issues, such as its envir-
onmental impact (Chouksey et al. 2026) and the use of forced labour in
supply chains which feed technology production (Williams, Miceli, and
Gebru 2022), in addition to specific ethical concerns relating its application
in higher education.

GenAl has both the potential to create, magnify, and perpetuate the
existence of a range of biases (Zhang et al. 2023). For example, GenAl is
further associated with concerns that its use may support confirmation
type biases and limit opportunities to address preconceptions and stereo-
types (Essien, Chukwukelu, and Essien 2021); skills which are essential
for senior leaders to cultivate. This risk is potentially exacerbated where
systems are trained upon biased data, provide high level overviews which
ignore complexity and nuance, and encourage sole reliance upon the
generated content as opposed to seeking further perspectives (Essien,
Chukwukelu, and Essien 2021).

Inequity of access to GenAl tools may exacerbate achievement gaps
between learners from different socio-economic backgrounds (George
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and Sevak 2026). For example, free-to-use GenAl systems may lack the
most up to date information, technical sophistication, accuracy, or
capacity for repeated use compared to paid-for versions. Placing
those with the means to pay at an advantage and, we argue, necessitat-
ing that higher education providers promoting GenAl use on their
programmes ensure the provision of high-quality tooling for all lear-
ners and staff, to include consideration of barriers to its subsequent
adoption.

Ethical and other governance frameworks established to manage the
use of GenAlI should therefore be founded upon principles of fairness,
transparency, and accountability. In the apprenticeship context there-
fore requiring at a minimum tripartite agreement between the learner,
employer, and provider. Whilst GenAI systems themselves must be
transparent and auditable, so the processes by which outputs are
derived may be understood by those using them (George and Sevak
2026). Other significant ethical concerns arising in respect of GenAl
include those relating to data privacy and security, particularly where
systems are analysing and learning from sensitive personal data. In
addition to introducing questions relating to data and intellectual prop-
erty ownership (George and Sevak 2026). Finally, GenAI has consider-
ably broadened the opportunities for academic misconduct across the
education sector, resulting in considerable debate as to its role in
education.

Ethical deployment of GenAl therefore requires transparency and equity
in the development of the underlying algorithms, coupled with critical
awareness on the part of users to understand, reflect upon, and mitigate
enduring biases and ethical concerns. Further, we contend that it is neces-
sary for institutions to invest in ethical training for staff and learners to
reduce the potential for fear of ethical misconduct to have a negative impact
upon acceptance.

Enabling acceptance

The effective deployment of GenAl in higher education institutions will be
highly contingent upon the willingness of educators to adopt it. This will-
ingness in turn catalysing their development of the necessary Al literacy and
synthesis of this with pedagogic expertise to deliver considered ethical and
engaging learner experiences.

The technology acceptance model (TAM) (Davis, Bagozzi, and Warshaw
1989) suggests that perceptions of usefulness and the ease of use are
principal determinants in the decision whether to adopt a technology.
Other research suggests that attributes of innovative technologies which
influence their adoption include:
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(1) The perceived relative advantage the new system will provide com-
pared to existing or similar systems (Ntemana and Olatokun 2012).

(2) The extent to which the user regards the technology as compatible
with their values (Bennett and Bennett 2003).

(3) The perceived degree of complexity associated with using the new
system (Ntemana and Olatokun 2012). As GenAlI ease of use aug-
ments self-efficacy and trust in the technology, serving to increase
engagement and reporting of a positive user experience (Baek and
Kim 2023; Shahzad, Xu, and Asif 2024).

(4) The degree to which the user is able to test and experiment with the
new technology prior to adoption (Bennett and Bennett 2003).

(5) Perceived trustworthiness of the technology. User trust in the accu-
racy, usefulness, and reliability of GenAI content has a substantial
influence upon adoption. In contrast, decreased engagement may
occur where trust is marred by poor quality outputs (Polyportis
2024).

(6) And the extent to which the individual is able to access and observe
the new technology (Ntemana and Olatokun 2012).

Previous research has further highlighted that openness to new technol-
ogies is higher amongst educators with elevated levels of engagement
(Scherer, Siddiq, and Tondeur 2019). Which in turn is consistent with
greater resilience, flexibility, and adaptability when it comes to digital
innovation (Antonietti, Cattaneo, and Amenduni 2022). Whilst from
a learner perspective, Ray (2023) recognises that learners who feel con-
fident in using technology likely perceived themselves as having greater
confidence in their ability to use GenAl. A potential challenge therefore
emerges for leadership and management educators working with mid- to
later-career learners who often profess to having limited digital skills.
Placing a responsibility, we propose, on business schools to be taking
a holistic approach to leadership and management education, which
reflects the complex array of knowledge, skills, and behaviours required
in industry today. Further, GenAl acceptance will be catalysed via appli-
cations which are bespoke to the educational context, secure, dependable,
and easy to use (Shahzad, Xu, and Asif 2024). These features being
particularly pertinent for educators working with time-poor senior
leaders.

AT literacy is therefore central to enabling learners and educators to
comprehend and work confidently with the technology, negating the poten-
tial for skills gaps to hinder effective use. Al literacy is embodied in the
individual’s ability to understand its potential utility in different contexts.
Including any benefits, dis-benefits and ethical implications, and having the
knowledge, skills, and awareness to select the most appropriate tools for the
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task at hand. Al literacy increases willingness to engage with the technology
via increasing familiarity and trust, and reducing perceived complexity (Al-
Abdullatif 2024).

The effective implementation of GenAl across an institution is therefore
conditional upon investment in the associated infrastructure, coupled with
coherent schemes, policies, and processes to support educator and learner
awareness, knowledge and skills development. The absence of which, we
propose, results in uncertainty that serves to hinder adoption of the
technology.

The extant literature explains several factors relevant to GenAl adoption,
including perceived usefulness, ease of use, trust, opportunities for experi-
mentation, and concerns about academic misconduct. However, two aspects
remain comparatively underexplored. First, limited attention has been given
to the first-hand experiences of senior professionals who combine post-
graduate study with full-time employment, or to academic staff navigating
GenAl within professional education. Second, existing models provide
limited insight into how adoption is shaped by divergent organisational
and sectoral conditions. Addressing these gaps provides the rationale for the
present comparative study.

Materials and methods

The aim of this qualitative, comparative study is to contribute to existing
research and knowledge related to the perceptions of both academic staff
and Level 7 apprentices from an executive education programme, on the
purpose and utility of generative artificial intelligence within the sphere of
higher education and into the workplace beyond.

Our study employed a qualitative research design, underpinned by an
interpretivist paradigm to explore participants’ perceptions and lived
experiences regarding the utility of GenAl. A qualitative approach was
deemed most appropriate as it enables exploration of complex phenomena
through the lens of participants’ lived experiences and related subjective
interpretations (Creswell and Poth 2018). The interpretivist framework
aligns with the study’s aim to understand how individuals construct mean-
ing around Al utility within their individualised specific contexts, acknowl-
edging that reality is a socially constructed phenomenon and consequently
multiple perspectives exist and contain inherent value (Saunders, Lewis, and
Thornhill 2019).

Participant recruitment and sample

The study comprised sixteen participants recruited through purposive
sampling, divided into two distinct cohorts: eight staff members and
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Table 1. Participant coding and demographics.

Code Role/Position Sector/Organisation type
Academic Staff

S1-5S8 Senior lecturer Higher education (Business School)
Level 7 Degree Apprentices

Al Manager Higher education

A2 Senior clinical manager Healthcare

A3 Senior clinical manager Healthcare

A4 Senior clinical manager Healthcare

A5 Senior policy manager Government services

A6 Operations manager Manufacturing

A7 Chief executive Third sector

A8 Senior researcher Healthcare

eight Level 7 apprentices. The sampling strategy was adopted to ensure
representation from key stakeholder groups who interact with AI tech-
nologies in different capacities within the business school context for
academic teaching, learning, scholarly activity, and research. Purposive
sampling was chosen as it allows for the deliberate selection of partici-
pants who possess relevant knowledge and experience related to the
research phenomenon (Patton 2015). Staff participants were all current
employees with experience or exposure to Al technologies in their
professional practice and learner participants were current students or
recent graduates who have encountered AI tools on their academic
journey and have a professional curiosity in workplace application. This
dualistic cohort approach enables comparative analysis between two
different user groups, providing a comprehensive understanding of Al
utility across various roles and perspectives. All academic participants are
at senior lecturer (SL) level within the business school, and all apprentice
participants are working in senior roles within public, private, or third
sector organisations (see Table 1).

Data collection

Semi-structured interviews were employed as the primary data collection
method. This approach was selected due to its flexibility in allowing research-
ers to explore predetermined themes whilst remaining responsive to emerging
topics (Braun and Clarke 2013). Semi-structured interviews provided the
optimal balance between structure and flexibility, enabling consistent cover-
age of key research questions while permitting deeper exploration of partici-
pant lived experiences and perspectives (Kvale and Brinkmann 2009).

The interview process and content were developed based on existing
literature incorporating open-ended questions designed to elicit rich,
detailed responses around participants’ experience, perceptions, and atti-
tudes. Interviews were conducted individually, using video conferencing,
lasting approximately 45 minutes each. Identical questions were asked of
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both sets, with questions provided in advance in order to promote richer,
deeper responses. All interviews were recorded with participant consent and
subsequently transcribed verbatim to ensure accuracy in data analysis
(Poland 1995).

Data analysis

Data analysis followed Braun and Clarke’s (2006) six-phase inductive
thematic analysis framework, which the researchers felt particularly sui-
ted this exploratory research seeking to identify patterns and themes
emerging from participant accounts without predetermined theoretical
assumptions. This bottom-up approach allows themes to emerge from
the data rather than being imposed by existing theoretical frameworks
(Boyatzis 1998).

The analytical process comprised familiarisation, systematic coding of the
dataset, collating codes, eliciting initial potential themes, final analysis, and
selection. NVivo 14 software was utilised to facilitate the organisation,
coding, and analysis of data. NVivo’s functionality supports systematic
data management while maintaining the interpretive flexibility essential to
qualitative research (Bazeley and Jackson 2013). The software enabled
efficient coding, theme development, and the maintenance of an audit
trail throughout the analytical process, although to enhance the credibility
and trustworthiness of findings, several strategies were employed consistent
with Lincoln and Guba’s (1985) criteria for qualitative research quality.
Member checking was conducted by sharing preliminary findings with
participants to verify accuracy of interpretations (Birt et al. 2016).
Additionally, peer debriefing sessions were held with research colleagues
to challenge assumptions and discuss emerging themes, thereby reducing
potential for researcher bias (see reflexivity below) (Spall 1998).

The integration of the Gioia method with inductive thematic analysis
offered us a robust framework for qualitative inquiry (see Figure Al.
appendix). The Gioia method emphasises systematic data structuring
through first-order concepts, second-order themes and aggregate dimen-
sions, which enhances transparency and theoretical development (Gioia,
Corley, and Hamilton 2013). Inductive thematic analysis, on the other hand,
provides flexibility in identifying patterns and themes directly from the data
without imposing preconceived categories (Braun and Clarke 2006).

Using these approaches together allows researchers to maintain the rich-
ness of participants’ voices while progressively abstracting insights into
higher-order theoretical constructs. This combination strengthens metho-
dological rigour by ensuring both data-driven theme generation and struc-
tured conceptualisation, making it particularly suitable for exploratory
studies aiming to build grounded theory or conceptual frameworks.
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Ethical considerations

The study adhered to all ethical principles in accordance with the univer-
sity’s research ethics framework and received institutional ethical approval
prior to data collection. Informed consent was obtained from all partici-
pants, who were provided with comprehensive information about the
study’s purpose, procedures, potential risks, and their rights as participants
(British Educational Research Association 2024). Participants were assured
of their right to withdraw from the study at any time without consequence.

Data confidentiality and anonymity were maintained throughout the
research process. All identifying information was removed from transcripts,
and participants were assigned alphanumeric identifiers. Data was stored
securely in password-protected files accessible only to the research team, in
compliance with data protection regulations (General Data Protection
Regulation, 2018).

Reflexivity

Acknowledging the researcher’s role in the interpretive process, reflexive
practices were maintained throughout the study. Regular reflection on
potential biases, assumptions, and positionality was documented in research
memos to enhance transparency and acknowledge the constructed nature of
knowledge production in qualitative research (Finlay 2002).

The next section outlines the findings from the inductive thematic ana-
lysis of the interview data. Themes are reported at an analytical level and are
deliberately focussed on patterns of meaning across the participant contri-
butions rather than detailed individual narratives. In line with the inter-
pretivist nature of the research, findings aim to elucidate how academic staff
and degree apprentices make sense of generative artificial intelligence within
respective educational and professional organisational contexts.

Results

This section presents the findings from the thematic analysis of interviews
with eight academics and eight Level 7 degree apprentices. Three interre-
lated themes were identified: engagement under uncertainty, the capability
gap, and the policy gap. Taken together, the three themes articulate how
both participant groups navigate generative artificial intelligence in condi-
tions of limited or invisible guidance, unequal capability, and elevated
ethical sensitivity.
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Theme one: engagement under uncertainty

A major, defining feature of the dataset is that both staff and apprentices are
in varying degrees engaging with generative AI within conditions of persis-
tent uncertainty. S3 admits openly that they ‘don’t fully trust it’, a sentiment
that resonated with many. This uncertainty transcended conceptualisation
as a mere barrier to engagement; rather, the participants frequently
described cautious, selective, or experimental usage underpinned by con-
cerns relating to ethics, authenticity, quality (or lack thereof), data security,
and potential professional consequences.

Whilst many concerns were distributed across both groups, the actual
orientation of concern differed markedly. That is to say academic staff tended
towards an emphasis on integrity, misconduct, and institutional liability, as S5
notes in reference to academic misconduct panels (AMP) ‘this year there’s so
many more coming through . .. there’s always calls for people, for the Al panel’.
Institutional data reveals that the first incidence of a GenAl related AMP
occurred in May 2023, but the staff member is right when reporting increasing
volume. Several described encountering Al primarily (and in some cases
initially) through academic misconduct processes as opposed to andragogical
experimentation. This resulting in defensive framing, conceptualising Al as
something that learners needed to be protected or rescued from. This is clearly
expressed by S4 and S6 who respectively perceived ‘a nervousness around . . .
introducing something to our students . .. that is then going to get them into
trouble’ and ‘they don’t want to fall foul of academic misconduct’. By contrast,
apprentices were more likely to frame concerns around authenticity, legiti-
macy, and professional identity, particularly manifesting in organisational
contexts where Al-generated outputs were perceived through the lens of
devaluing or obscuring professional expertise. A7 reflects T want to be an
authentic person, and I really don’t like the idea of someone else’s piece of
technology writing something that I'm then going to pass off as my own’. This is
further supported by A6 when they existentially question the ownership and
authenticity of generative Al outputs that’s not me ... I don’t know where
I begin and that ends’.

Importantly, these concerns reflected reasoned judgement as opposed to
abject fear. Apprentices questioned the reality of legitimately substituting
weeks of human labour with Al-generated material, whilst academic staff
disclosed apprehension over promoting experimentation without boundary
setting, their fear being that learners could be at risk from accusations of
misconduct. Shared fears around data security (particularly within public
sector and highly regulated contexts) manifested as hard constraints which
rendered some usage redundant regardless of individual preference. For S2,
this manifested as a series of questions ‘Where does it go? Who uses it? How is
it interpreted somewhere else? If something is free, then you are usually the
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one being consumed’. Al focusses on their own context with the statement
Tve got a lot of sensitive data, really none of that which I could put into this’.

Theme one therefore highlights a pattern of tense engagement; potential
was realised, but caution was shaped by overarching uncertainties related to
ethics, professionalism, and context. The findings within this theme reflect
the proposition advanced within the literature section in as much as uncer-
tainty functions as both a cognitive and affective barrier to adoption rather
than a straightforward lack of awareness.

Theme two: the capability gap

Our second prominent finding relates to a clear gap between conceptual
awareness and the individual ability to operationalise potential in practice.
Across both participant groups, respondents demonstrated the ability to
identify highly specific, highly role-aligned applications of generative Al
whilst paradoxically ‘confessing’ to limited engagement and/or making self-
effacing disclosures related to lack of skill. A7 sees the potential value of Al
usage to their role in a small third sector organisation but admits they are
‘clueless ... I've no idea what you can, or you can’t do’ but alludes to
imagined ‘huge efficiencies’.

This so-called awareness to application gap highlighted above was parti-
cularly in evidence among the apprentices, several of whom described
detailed, applied scenarios which could automate analytical, reporting, or
communication tasks, yet described their understanding as ‘basic’ or as
disclosed above, ‘clueless’. Rather than underlining ignorance, these disclo-
sures appeared to reflect uncertainty around how to effectively act in a safe,
ethical way. Similarly, a pattern was identified amongst academic staff, some
of whom recognised support for andragogical or efficiency gains whilst
expressing uncertainty around prompt generation, issues of verification,
and an overriding concern of appropriate usage.

Without exception, the awareness to application gap was consistently
linked to a paucity of meaningful training. Generic AI literacy was univer-
sally viewed as insufficient. A4 called for utility tailored to their job role
‘maybe half a dozen really common things that we do that you could have very
specific guidance about’. Both sets of participants highlighted the need for
contextualised, role-specific support. In particular, apprentices called for
examples based on the realities of their contexts, constraints, and responsi-
bilities. A3 called for training to be ‘quite bespoke’ and reflective of their
client needs and geographical location. S1 mirrored this sentiment when
calling for the deployment of differentiated support rather than ‘one size fits
all’. In the absence of such support, informal peer learning, experimenta-
tion, and self-directed exploration were the only means to fill the gap left by
the absence of structured interventions. S4 proposed deployment of ‘Al
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buddies’, whereby more competent users could coach and mentor neo-
phytes, a feeling echoed by S8 who, in order to meet their own learning
preference, required ‘hands on demonstration sessions’.

This theme extends existing discussion of Al literacy by putting forward
the argument that the key barrier to adoption is not around awareness but
rather relates to a lack of application literacy. That is to say, a scarcity in the
ability to shift a conceptual understanding into situated practice. In absence
of this competency, for many, Al remains high risk in spite of perceived
value.

Theme three: the policy gap

Our final theme, and the strongest structural finding in the dataset, pertains
to the absence of policy, guidance, and organisational stewardship regarding
AT usage. Apprentices in particular voiced frustration on two fronts as they
were searching for organisational clarity whilst at the same time attempting
to navigate opacity within university guidelines. ‘What’s the policy? What
are we allowed to do?” questions A5 in relation to these two points. A8
appears to suggest that within organisations there is perceived disparity
‘whether individual departments are doing anything with Al is not common
knowledge’. For A2, there was irritation around the perception that ‘we
always put that on our values and missions that we’re innovative but ...
we’re not, we just wait’.

This left learners in a confused space with lack of clarity around what was
permitted, encouraged, discouraged, or prohibited. We conceptualise this as
an accountability vacuum. Responsibility for development in relation to
generative Al appeared diffuse across the tripartite apprenticeship model.
Universities focussed on preventing misconduct, employers were on
a continuum somewhere between restriction and silence, and academic
staff appeared uncertain around whether or not AI competency develop-
ment was actually under their purview. Unsurprisingly, engagement with
generative Al therefore was reliant upon the motivated individual rather
than coordinated strategy.

Further compounding this gap was time pressure, resource limitation,
and restrictions relating to specific sectors. From a public sector perspective,
data protection and risk aversion imposed strict limits on experimentation
and uptake, whilst academic staff described self-development in relation to
Al as ‘a bit of an indulgence’ (S2) rather than a workload priority.

Collectively, there is a real sense that the policy gap does not merely
pertain to a lack of documentation but surfaces a deeper, more concerning
structural issue: Al engagement is occurring in the absence of leadership,
defined accountability, and aligned expectations across all stakeholders. A2
laments ‘we always seem to play catch up because the people that are at the
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head are so scared . . . they want it tried and tested, maybe in the private sector
before it ever comes across to us’.

Within the next section, we situate the findings within the broader
literature of generative AI adoption, technological acceptance, and
overall AT literacy. Specifically, we examine and consider how uncer-
tainty, capability gaps, and policy absence intersect and shape engage-
ment amongst academic staff and degree apprentices and considers
the implications of these patterns for leadership and management
education. Through an interpretive lens, the discussion highlights
both the theoretical contribution and practical significance of findings.

Discussion

This study set out to explore perceptions of generative Al amongst academic
staff and Level 7 apprentices within a business school context. The findings
contribute to the rapidly expanding literature around Al adoption in higher
education by uniquely highlighting how uncertainty, capability, and policy
interact to shape engagement amongst both educators and senior profes-
sional learners.

Engagement, uncertainty, and technological acceptance

The pervasive uncertainty identified within theme one aligns with estab-
lished models of technological adoption. The Technology Acceptance
Model (Davis, Bagozzi, and Warshaw 1989) emphasises perceived utility
alongside ease of use as key determinants of adoption; however, this study
suggests that perceived risk plays an equally influential role in educational
and professional contexts. Concerns around but not limited to misconduct,
authenticity, data governance, and job displacement appear to overshadow
willingness even when usefulness is clearly acknowledged.

Importantly the data appears to complicate simplistic staff/student bin-
aries often present in Al debates. Both participant groups expressed profes-
sional and ethical concern, albeit oriented towards different risk factors. The
apprentice perspective emphasises authenticity and identity which aligns
with the literature on ethical usage and deep learning (Andi¢ 2025), whilst
academic staff concerns reflect institutional accountability and assessment
integrity discourse (Bearman, Ryan, and Ajjawi 2023). These findings
strongly suggest that incertitude is institutionally and socially generated
rather than being individually manifested.
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Reconceptualising the capability gap

Theme two enriches existing discussions of Al literacy (Al-Abdullatif 2024)
through a demonstration that awareness in isolation does not result in
assimilation. Participants operated within the realm of conceptual under-
standing. In essence they were able to ‘imagine’ Al application without the
confidence or specific skill to implement. This element supports the view
that AT literacy needs to be understood as multi-factorial, incorporating not
only the knowledge associated with AT capability, but the skills required to
apply, evaluate, and verify output.

The espoused preference for bespoke, context-derived training resonates
with studies that champion the value of contextual compatibility in adop-
tion decisions (Bennett and Bennett 2003). It appears that for leadership and
management learners in particular, generic demonstrations hold limited
inherent value unless orientated towards role demand and organisational
parameters. In absence of alignment, engagement will remain tentative due
to persistent uncertainty.

Policy, responsibility, and institutional readiness

The policy gap identified within theme three represents what we believe to
be a significant contribution of this study. Whilst extant literature calls for
governance frameworks (George and Sevak 2026), findings here suggest that
policy absence functions less as a neutral gap and more as a de facto barrier
that replicates uncertainty and inhibits development. In fact, the apprentice-
ship context amplifies this issue as the tripartite model necessitates a level of
coordination between the university, the employer, and the learner.
Concerningly, respondents describe each element as a conduit for respon-
sibility displacement. Thus, in the absence of ownership, individual experi-
mentation or ad hoc peer learning surface as default strategies that in turn
reinforce inequity and variability.

These findings support the call for a holistic, institution-led approach to
generative Al intervention. Such approaches must transcend misconduct
prevention and move towards proactive capability development (Alotaibi
and Alshehri 2023). In the absence of coordinated efforts, AI engagement is
at risk of remaining uneven, fragmented, and dependent on individualised
confidence rather than deliberate organisational intent.

Conclusions

In exploring the use of generative Al with learners and educators in the
context of Level 7 apprenticeships delivered by a business school, the
present research has illuminated the interaction between capability,
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uncertainty, and policy in influencing adoption. Uncertainty and concerns
relating to generative Al use may serve to eclipse the potential benefits.
These factors being heightened by the (perceived) absence of relevant policy,
guidance, and training. Which in turn derive from an absence of clear
leadership or responsibility for their establishment.

As a result of this research, it is recommended that parties to the
apprenticeship relationship work collectively to establish, implement, and
maintain joint governance of the use of generative Al in teaching and
learning. Including establishing responsibility for the development, disse-
mination, and upholding of policy and its alignment with wider institu-
tional, sector and organisational frameworks. Whilst also creating fora for
stakeholders to engage at all levels to address socially generated incertitude.
For example, using action learning sets in teaching to address challenges,
establishing peer-support networks, or using asynchronous discussion
boards to share learning. Further, it is recommended that this tripartite
approach is also applied to the development of training solutions tailored to
the unique context as a means of supporting adoption. Enabling parties to
contextualise and apply the learning to their specific circumstances.
Collectively, these elements forming part of a holistic strategy aiming to
address the multi-factorial uncertainty serving to impede AI adoption in its
context.

Whilst this research may be limited by its comparatively small participant
population drawn from a single institution it nevertheless provides
a potential launch point for further enquiry into the establishment of
governance and support mechanisms in executive education and appren-
ticeship contexts, including extending the research to encompass a wider
range of academic and professional programmes, education levels and
delivery formats. Particularly given the ongoing draw down of Level 7
apprenticeship teaching as funding provision reaches its end.

The present research is also limited by the absence of the employer voice
as the third pillar of the tripartite apprenticeship arrangement and a critical
one in terms of establishing programme requirements. Consequently, future
research should endeavour to engage employers to understand their expec-
tations of education providers in equipping apprentices with the knowledge
and skills to implement and use AI technologies in the workplace.
Potentially using action learning or other dialogic techniques to facilitate
three-way co-creation of solutions.

Future research may also seek to explore the causal pathways by which
limited guidance, unequal capability, and elevated ethical sensitivity serve to
influence engagement with GenAl, including their implications for indivi-
dual self-efficacy and autonomous motivation, and potential existence of
mediating factors. Likewise, more specific research could be conducted in
respect of each of the principal findings of this work. For example, exploring
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means of generating and disseminating guidance in the executive education
context, taking into account the specific needs of this group of learners.
Possibly, incorporating Al-enabled tooling as a generation and delivery
device in addressing the policy gap.

GenAl also offers potential research opportunities in addressing inequal-
ity of capability, as identified as the second prominent theme in this work.
Including examining ways in which executive learners may develop their
capability through continual progressive interaction with GenAlI tooling
that provides real-time feedback and coaching. In respect of uncertainty,
particularly relating to ethical use, future research may consider in greater
detail specific concerns with a view to understanding their antecedents and
implications for AI adoption. Thereby facilitating the further development
of policy and guidance to enable users to ethically, confidently, and securely
use the technology in teaching, learning, and other aspects of their
employment.

GenAl presents a wealth of opportunities in executive and apprentice-
ship education. However, realisation of these benefits is contingent upon
adoption, which in turn requires user confidence. In contrast, pervasive
uncertainty associated with gaps in policy, governance, and training may
impede adoption, leading to inequality in capability and wider socially
derived uncertainty. Consequently, this research calls for higher educa-
tion providers, employers and learners to adopt strategic and collegiate
approaches to embedding generative Al in professional education for the
long term. Thus, enabling benefits realisation within an environment
which places learners at the heart, fosters equity, and maintains high
academic standards.
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Appendix

The Gioia method

First order concepts Secondorder concepts  Aggregate themes

Figure A1. Concepts and aggregated themes.
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