






































































































































































































Figure 5 . 3 DC Servo Motor and Load, with HP5420 
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Figure 0.4 Schematic of DC Servo Motor Test CircuiL 
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transducers was found to be : 

where 

y(s)/u(s) = ~ __ ~~K~~~ __ ~ 
(1+~s)(sa+2Twns+wna) 

K = 0.9224 
~ = 0.05689 
r = 0.2010 
wn=0.2936 

(5.12) 

Peak gain error squared at the given data points = 0.3674 
Sum of squared gain errors at the six data points = 1.216 
The number of iterations to achieve this result = 30 

The equivalent simulation model in the case of the pre-amplifier, 

hydraulic servo-valve, cylinder, load and transducer was found to be : 

y(s)/u(s) = 
(1+T1S)(1+T2)(S2+2!lwnls+wn1 2 )(s2+2T2Wn2S+Wn2 2 ) 

where ~l = 0.2738 
T2 = 0.005076 

II = 0.05121 
l2 = 34.56 
13 = 5.356 

Wnl = 5.266 
wn2 = 0.002280 
wn3 = 0.04811 

(5.13) 

Peak gain error squared at the given data points = 1.683 
Sum of squared gain errors at the six data points = 4.881 
The number of iterations to achieve this result = 101 

The solution method used was a univariate searching algorithm, using 

least squared errors as the performance criterion. The program which 

gives the transfer function and parameter values is listed in appendix 

B. It can cope with any number of each of the types of pole and zero, 

and returns the values in a ready factorised form. 

The analyser was also found extremely useful in the empirical 

optimisation of gains. For example, progressively adjusting system 

gains on the DC servo-motor, with the analyser in a real time mode 

enabled a maximum closed loop bandwidth to be obtained as 33.78 Hz 

(figure 5.9(a». For greater clarity, the vertical scale was expanded 

to precisely align to the 3 dB points, figure 5.9(b). It is possible 

to estimate the optimum harmonic bandwidth of such a motor based on : 

where 

W2 - Wi - 1.2539 ~{Nmax/(A.J)} 

W2 - Wi - harmonic bandwidth 
Nmax - maximum torque of motor 
A - rotor harmonic amplitude 
J - total rotor inertia 

(rads.s- 1 
(N.m) 
(rads) 
(kg.m2 ) 

(5.14) 

The assumptions made in the derivation of equation 5.14 are an 

inertial load, viscous friction, proportional error control, negative 

velocity feedback, damping ratio 1/{2. The motor/load tests had the 

following approximate characteristics : 

Nmax = 2.52 N.m 
A = 0.5 rads 
J = 2 x10-4 kg.m2 

which indicate a nominal optimum bandwidth of around 32 Hz; suggesting 

that as a rough estimate, the method may be more widely useful. 
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Figure 5.6 Hydraulic Cylinder and Load Test 
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The measurement and modelling of the simpler components within a 

detailed dynamic model, is clearly a significant amount of work. It is 

therefore considered that detailed modelling of a robot not feasible 

within the timescales of this project. Further, it appears likely that 

a trade-off exists; as the complexity of the model increases, the 

apparent accuracy increases but the actual numerical accuracy 

decreases with the accumulation of parameter measurement errors. 

Attempting to tune motions based on these more complex models is only 

practical, if high parameter measurement accuracy is achieved. There 

may be other alternatives; such as to couple a motion tuning system to 

an on-line system identification algorithm. There are other problems, 

some of these effects have widely varying periods or associated 

displacement components in a response. By setting up the equations 

appropriately, the required command could be computed by iteratively 

integrating and varying the command at each step, until the required 

'response' was achieved. Numerical integration routines will tend to 

drift on the gross response because the computation points must be 

selected to pick up the higher frequency elements or locate the 

switching point for a discontinuity. These switched solutions. 

required for example in Coulomb friction. are necessarily iterative. 

In summary. it is probably impossible to gain any benefit from the 

more complex models, when tuning motions. It is also certain that the 

tuning process could only be numerical; no tuned coefficient functions 

would be available. for computing the tuned motion. Simplification of 

the dynamic model therefore warrants some attention. 

5.3 Methods Based on Reduced Dynamic Models 

Simplified 

equations 

models can also be used for motion tuning. The 

3.17 can be linearised for example. Tuning could 

dynamic 

then be 

carried out using these linearised equations, re-computing the dynamic 

coefficients within them at suitable intervals. Alternatively, certain 

forms of advanced feedback control permit otherwise complex and 

disturbed systems to respond as if their dynamics could be 

characterised by simple models. One such scheme. already mentioned in 

section 3.6.5 is a model referenced adaptive control scheme. Tuning 

motions for this scheme are described in chapter 7. 
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5.3.1 Linearised Equations of Motion 

For small perturbations about an operating point, the equations may be 

linearised. Taking the complete set of partial derivatives for each 

equation and approximating d~j etc. to be of small but finite value, 

the equations can be written in a second order linear form. With some 

manipulation this can be expressed in state space form 

(5.15) 

Note that these coordinates and torques are perturbation values and so 

must be added to the state point values to obtain absolute numerical 

values. This form also requires the algebraic inversion of the 

linearised inertia matrix. Expressed in the form 

~ d~ + Y d~ + G d~ = d~ 
the 2R-P dld2d3a3 linearised equations are: 

(5.16) 

[::: ::: :::][ ::: H ;:: ::: :::] [ ::: H ~ ::: :::] [ ::: H :::] 
(5.17) 

where the H matrix is identical to the ~ matrix of equation 3.17 (and 

50 remains symmetric). The V and ~ matrices though are quite 

different. The state point is made up of a set of constant numerical 

values Ell , 92 and d3 and their corresponding velocities and 

accelerations. The equations can only be valid therefore for small 

values around the state point. Evaluating the terms from this 

equation, then re-arranging to state space form, results in the 

following components 

0 1 0 0 0 0 

A21 A22 Aas A24 A25 Au 

0 0 0 1 0 0 
A = (5.16) 

Au Au Au A44 Au A48 

0 0 0 0 0 1 

Au Au As a AS4 As 5 Au 
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del 0 0 0 

d8l B21 B22 B23 

d82 0 0 0 d1:1 
X = B = 

d82 B41 Bu Bu u = d1:2 

dd3 0 0 0 d1:3 
(5.21) 

dd3 (5.19) B61 B62 B63 (5.20) 

These elements are complex, for example : 

A42 = [ (H2 2 H33 - H23 a) L~.H1l81 + Mu8a + Q.liu..ds + ~82 + ~ds ] 
082 092 ""b92 092 092 

+ (Hl3H23 - H12H33) [~91 + QYu81 +~] 
092 082 092 

+- (H12H23 - H13 H22) ~1l81 + Q.u.91 + OG3]] + 
""bEl2 082 ""b82 

[H11(H22H33 - H23 2
) + H12(H13H23 - H12H33) + H13(H12H23 - H13H22)] 

(5.22) 

and can be evaluated at the set point, for constant values of : 

81, 81, 81 92, 82. 92 d3, d3, d3. 

The embedded sub-group terms are extremely complex so it is probably 

easier to estimate the AiJ values in some other way. 

5.3.2 Linearised Equation Solutions in Tuning Motion Laws 

The solutions of ordinary, linear differential equations representing 

continuous systems can be used in the tuning process. Using the 

discrete solutions has definite advantages though, as the response is 

not dependent on the complete input function, just its instantaneous 

value. The discrete solution may be written as 

Xi + 1 = P Xi + Q ri 

ri = C Xi 

(5.23) 

(5.24) 

The direct solution method, using exponentiation of a matrix gives 

where 

P = EA6t (5.25) 9 = J: €h:B.d1: (5.261 

6t - the sample period or interval 

P - discretised response solution; system matrix 

Q - discretised response solution; input matrix 

The simpler solution is offered by the Laplace method 

P = L-1 { (s 1 - A) - 1 } 1 
- - t-6t 

(5.27) 

Q = L-l { 1< s! - A) -1 B 1 1 
s t 6t 

(5.28) 
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In either case, the matrices for representative problems are at least 

of order 6, hence the inversion problems are severe for other than 

fixed numerical cases. The characteristic equation 

sl - ~ I = 0 

in our case is found to be : 

S6 - [A22 + A44 + A66]S5 

+ [(A44 + Ass)A22 - A42A24 - -AS2A2S + AssA44 - A64A4S - ASS]S4 

+ [(-AS8A44 + A84A48 + A8S)A22 + (A8SA42 - A82A48)A24 

-AS2A2S + (-A84A42 + AS2A44)A28 + A8SA44 - A84A4S]S3 

+ [(-A8SA44 - A84A4S)A22 + (A8SA42 - AS2A4S)A24 

+ (-AS4A42 + AS2A44)A2S]S2 

= 0 (5.30) 

Substitution of the Aij elements in full appears unlikely to yield any 

generic conclusions. The above expression only caters for one specific 

three axis robot. The prospect of algebraically inverting (s! - ~) is 

not attractive. It is probably easier to use the equations in their 

original form. Some other approach should be considered. 

Alternatively, we can use a model which is crude but correct in a 

gross sense, i.e. it possesses inertia, viscous friction and stiffness 

(gravity). This basic model may be capable of tuning the motion and 

improving the quality of response. 

Referring back to section 3.6.5, Landau's MRACS scheme is in principle 

capable of making the complex robot dynamics appear as if they were 

simply decoupled second order linear systems. If the axis responses 

could be constrained to behave in such a manner, then tuning the 

motions becomes much simpler, and the above method becomes feasible. 

The selection of the model coefficients (3 per axis) can be made by 

characterising the 'slowest' response of the manipulator in terms of 

second order time constants. This will prevent optimum performance 

being attained in any other configuration, but automatically builds in 

some actuator saturation limits. A more advanced scheme might use sets 

of simple models for differing configuration zones. These simple 

models could be obtained experimentally by using a digital signal 

analyser, but the interaction between axes would be difficult to 

quantify. 
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With linear models implemented digitally. and a fixed sample interval. 

the response can be computed without knowledge of the form of the 

input. This has advantages in model based tuning in that the tuning 

algorithm becomes simpler still. Two schemes are implemented in 

chapter7. which cater for: 

(i) Joint based motions. 

(ii) World (Cartesian) based motions. 

Using the simplified dynamic models, it becomes practical to derive 

explicit relations for the tuned motion law coefficientsj as follows : 

5.3.3 Tuned Joint Polynomial Laws 

Tuned polynomial motion laws are obtained by substituting the desired 

motion law and its appropriate derivatives into a linearised dynamic 

system model. in place of the response. This appears to neglect the 

complementary function component of the response. This is found to be 

reasonable. given that its elimination can be achieved by ensuring the 

initial conditions of the system match those of the command motion. 

The coefficients of the tuned polynomial motion law which is required 

to be input can then be computed. Patterns are noted in the solution 

and can be exploited in the derivation of algebraic algorithms. The 

polynomial input may be generated as a force or a displacement 

function of time. The tuned motion driven law is easily derived from 

the force driven law. and so the latter is computed initially. In the 

case of cam driven systems, the motion generated can usually be 

considered as single-input, single-output. this case being considered 

first. The driven system in the robot case is multi-degree of freedom. 

It is found to be practically impossible to tune motion laws in this 

case based on 'true' dynamic models. The solution is to use a 

controller. capable of effectivelY decoupling the degrees of freedom. 

as already described. 

5.3.4 Single Degree of Freedom - Force Driven 

A linear system, characterised by the nth order differential equation 

n 
~ bJ Q! q(t) = F(t) (5.31) 

J .. o dtJ 
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is required to exhibit a polynomial response, of the mth degree 
In 

q (t) = ~ Ci t i 
t=O 

(5.32) 

It can be shown by induction, that the jth derivative of q(t) is given 
by 

m i 
Q! q(t) = ~ { ~ k } Ci ti-j 
dtJ isj k=i-j+l 

and of course : 

Q1. q(t) = q(t) forj = 0 
dtJ 

hence n m i 
F (t) = bo q (t) + I bJ [ ~ { ~ k } Ci ti - j ) 

j=l iaj k a i-j+l 

which is another polynomial of the form 
m 

F( t) = ~ ai t i 
taO 

and with some manipulation. the ai coefficients 
In-i i + J 

ai = bo Cl + I bj Cl +j { 7t k } 
J = 1 kat+1 

can be 

for i = 0, 1 • 2 , .... ,m-1 
and am = bo Cm for i = m 

This last element am is not a function of n; as : 

~ q(t) = 0 for all j > m 
dtJ 

also note bj = 0 for j ) n 

5.3.5 Single Degree of Freedom - Motion Driven 

(5.33) 

(5.34) 

(5.35) 

(5.36) 

expressed as 

(5.37) 

(5.38) 

(5.39) 

(5.40) 

If a linear system is driven by the time coordinated displacement 

function r(t), then the nth order differential equation whose 

coordinate q(t) is coupled to ret) up to the term of order 1 is 

n 1 
~ bj d! q(t) = I bj d! ret) (5.41) 

jaO dtj jaO dtJ 

The system is required to exhibit the polynomial response : 
m 

q (t) = ~ Ci ti 
taO 

(5.42) 

It is assumed that a solution can be found for ret) as a polynomial 
m 

r( t) = ~ di tt 
taO 

(5.43) 

hence the problem is to find the dt coefficients. If tho right hand 

side of equation 5.41 is assigned thus: 
1 
I bJ ~ ret) = F(t) 

j aO dtj 
(5.44) 

This being exactly the same form as equation 5.31. If F(t) is also a 

polynomial : 
m 

F(t) = ~ a1 t1 
1-0 

15.45) 
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Then it can be seen that 

n 
~ bJ Qt q(t) = F(t) 

j zO dtJ 
(5.46) 

and so the ai coefficients may be obtained from equations 5.37 and 

5.38. Next, referring to equation 5.41, this is solved (neglecting the 

complementary function) . The solutions, with the notation 

appropriately modified are 

dm = am/bo for i = m (5.47) 

m-i i+J 
di = L [ a1 - ~ bJ di + j { 7t k } ] (5.48) 

bo j-l kzi+l 

for i = m-1, m-2, ..... ,0 

These evaluations must be carried out in the set order to avoid 

unnecessary algebraic complexity. The evaluation orders for at and dt 

are not compatible for explicit solutions for the di terms. Explicit 

solutions can be found if required, reducing the above to a one step 

process. 

It should be noted that in the case where damping is present, (coupled 

with low order polynomial laws) steps arise in the tuned displacement 

law. This is required in order to generate a static force which can 

overcome the viscous damping term arising out of a 

instantaneous change in velocity. 

5.4 Self Learning Based Methods 

nominally 

A computer controlled robot contains all the elements necessary for an 

autonomous self-experimentation system, whilst in normal use. This 

feature may be taken advantage of in the reduction of tracking errors 

and motion duration. 

5.4.1 Command Tuning Using Past Response Data 

Whatever form of control is employed, at the end of the day the 

inputs to a servo system are manipulated in response to measurements 

made by transducers on the system. These manipulations can be made 

using feedback control in real time, or after a run cycle and hence 

off-line, reducing computational load. 

Other options for command tuning include the use of past response data 
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from previous samples or run cycles (assuming repetitive operations). 

Data from previous samples may be used in linear parameter estimation 

techniques. Data from previous completed run cycles rather than 

samples has rarely been used for control purposes and will be explored 

here. Because of the potential, this approach will be termed, (albeit 

primitive) 'self learning'. It is implied that some form of 

performance improvement is achieved by using previous cycle response 

data. which can be thought of as past experience. The element of the 

principle used here is that however complex the system's dynamics, 

they do not change substantially from one repeated operational cycle 

to another. 

Static accuracies of industrial robots can be very high, typically 

0.05% of the axis displacement range, but dynamically they may exceed 

10%. The tracking accuracy of the robot can be improved by tuning the 

shape of the command profile. 

In the robot and controller we have a self contained experimental and 

data logging system. It is capable of estimating its own dynamic 

parameters but substantial effort is required to use these in tuning 

the command for an arbitrary trajectory. The robot dynamics are 

inherently contained in the response, so it is appropriate to use this 

information in a self learning strategy, figure 5.10. The objective of 

the strategy is to progressively increase the trajectory tracking 

accuracy until SOme machine limitations are reached. 

Reference 
Commond 

;:: 

Tuned 
Commond 

r c.,.""" 

Act.ual 
Respons. 

y 

ROBOT - Motion Modification Algorithms f-
F~" .. 

f-

Real Time 
Feedback Cont.rol 

Monitoring and Offline Feedbock 

Figure 5.10 Structure of a Self Learning Motion Tuning Scheme 
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5.4.2 Relation to Previous work 

Monitoring response information from a trajectory run has been widely 

studied in the estimation of inertial components. Most of this work 

has been simulation, exceptions being those of Atkeson, An and 

Hollerbach 1985 [5.6] and An. Atkeson, Griffiths and Hollerbach 1986 

[5.3]. These highlighted the problems of using transducer measurements 

as opposed to high resolution and accuracy, variable values from a 

noise free numerical simulation. Craig 1984 [5.7] produces a 

simulation of a learning scheme which does utilise robot 

repeatability, but in constructing a torque function. It relies on 

substantial dynamic modelling and the use of a complex control law. 

Arimoto 1984 [5.8] proposed a 'Betterment Process' in which 

arbitrarily weighted error derivatives from a previous run are added 

into the trajectory. The 'simplest structure' proposed here is 

overlooked. because convergence is not assured in general. In his 

implementation, Arimoto 1985 [5.9] uses an up-dating algorithm 

rk+l = rk + L~(~ - y_k) 
- -dt -

(5.49) 

where ~ - learning gain matrix (square) 

The error is computed in terms of velocity, so the nominal command 

must be available expressed as a velocity. It is then numerically 

differentiated and added into the previous command. After 28 runs. the 

displacement errors are reduced to around 10% of those at the start of 

the process. The slow convergence is attributed to the low magnitudes 

of the L matrix elements. which is also chosen to be diagonal. Because 

~k is measured. the above subtraction will amplify the signal or 

truncation noise. Numerically differencing this quantity will further 

exacerbate the problem. 

Two self learning schemes are developed in this project; the 

trajectory tracking accuracy is cyclically improved in the first 

scheme. of chapter 6. The motion speed is progressively increased in 

the scheme of chapter 8. It remains to select a suitable motion law. 

5.5 Motion Law Selection for Increased Trajectory Velocities 

Motion law selection becomes more critical at higher speeds, as it can 

106 



influence the trajectory tracking accuracy. This happens because the 

law itself interacts with the system dynamics, in turn making the task 

of the controller more difficult. 

Designing displacement trajectories for compliant spatial dynamio 

structures in order to excite minimal vibrations is an extremely 

difficult topic. It is, though, possible to carry out the inverse of 

this, demonstrating a relationship between the vibration amplitudes 

and the shape of the associated displacement laws and their 

derivatives. 

5.5.1 Minimum Vibration Polynomial Motion Laws 

A motion was used for comparative tests, comprising a diamond shaped 

path traced in a vertioal plane, figure 5.11. Acoeleration results 

taken from three displacement laws applied to an end effeotor motion 

are shown in figures 5.12 and 5.13. The motion boundary conditions 

are shown in table 5.14. The three planar actuators were required to 

carry this motion out: being the vertical, horizontal and fan axes. 

Axis 3 

Ho~izontol 

x 

'V.~ticol' 

'Ho~izontol' 

2 

3 

Figure 5.11 Planar Diamond Test Path Executed by Little Giant 

107 



c 
o ... 
~ 
o 
l."" 
QI 0> 

.... v 
QI 
o 
o 

< 

2 

-2 

c 
o ... 
~ 
o 
to,... 
QI 0> 

QI 
o 
o 

< 

1 

-1 

c 
o ... 
~ 
o 
l.,... 
QI 0> 

.... v 
QI 
o 
o 

< 

2 

-2 

~Time Divisions 
~ of Motion 1.4.eos eooh 

(0) Doubl.'Quadratio 

f,jJ ~Time Divisions 
of Motion 1.4seos eaah 

(b) 5th Desree Polynomial 

~ Time Divisions 
of Motion 1.4seos eaoh 

(0) 7th Desree Polynomial 

Figure 5.12 Vertical Acceleration Responses from Planar Diamond 

108 



c 
o ... 
'" o 
L" 
II 01 

.... v 
II 
o 
o 

< 

4 

-4 

c 
o ... 
'" o 
L" 
II 01 

.... v 
GI 
o 
o 

< 

2 

-2 

c 
o ... 
'" o 
L" 
GI 01 

.... v 
GI 
o 
o 

< 

2 

-2 

~Time Division. 
~ of Motion 1.4 •• 05 eooh 

r--r--~-'---r--r--r--'--' 

(0) Doubl. Cuod~otio 

I I I I I I I I 1,,-!~mMo~:~~·:~~:.o. 

I I I I tm~~ ....... ,. " 
eooh 

(b) 5~h D.9~ee Polynomiol 

~Tim. Divisions 
~ of Mo~ion 1.4.eos eooh 

(0) 7th De9~ee Polynomiol 

Figure 5.13 Horizontal Acceleration Responses from Planar Diamond 

109 



Two strain gauge type accelerometers were used, one aligned to the 

vertical, the other the horizontal. Their alignment was maintained 

approximately by maintaining the wrist fan axis horizontal, whilst the 

motion was performed. The vertical axis of the robot (which is visibly 

more oscillatory) generated higher vibration amplitudes than the 

horizontal axis. The laws tested were 

Double Quadratic 

(Bang-Bang Acceleration) 

Fifth Degree Displacement Law 

(Two successive quadratics, 

continuous in velocity value) 

(Continuous in acceleration value) 

Seventh Degree Displacement Law (Continuous in jerk value) 

From these albeit simple tests, a decrease in vibration amplitude is 

evident up to and including the fifth degree law. There is a 

subsequent increase in vibration amplitude with the seventh degree 

results. All the laws contained nominally instantaneous stops at the 

corners of the displacement paths. Boundary conditions at the corners 

included both zero velocity and acceleration. The polynomials were 

specified in terms of the Cartesian motions in a plane, then 

kinematically transformed to the joint displacement parameters, both 

angular and linear. 

Displacement X Y t 

Coordinate (mm) (mm) (sec) 

dl 1000 200 0 

d2 1200 0 1.4 

d3 1000 -200 2.8 

d4 800 0 4.2 

ds 1000 200 5.6 

Table 5.14 Cartesian and Time Boundary Conditions 

(for the Planar D.iamoneS T.et Path, figure 5.11, 

aaie 4 eervoed to hold an horilontal poeition, 

all other derivalive boundary condilione .ero) 

The change of vibration amplitudes with the order of the laws is 

expected on the basis of other, usually single degree of freedom 

works. Clues as to why the amplitudes of vibration reach such a minima 
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arise, if the shapes of the laws are considered in the context of a 

single degree of freedom system (second order, undamped). As is seen 

in tables 5.15 and 5.16, increasing the order of the law, for the same 

zero derivative boundary conditions requires that the peak velocity 

increases. If the law is generated using a digital system with a 

constant sample interval. then increasing velocity implies increased 

step sizes in the discretised output. The displacement command 

'impulse' is proportional to the degree of the law. 

5.5.2 Polynomial Law Properties 

The reason for the reduction in vibration magnitude for the initial 

increase in degree of polynomial is the reduction of acceleration 

discontinuities. 

Normalised 

Symmetric Law 

Double Quadratic 

Cubic Polynomial 

Fifth Degree 

Seventh Degree 

Peak Peak 

Velocity Acceln. 

2 

1.5 

1. 875 

2.188 

4 

6 

5.774 

7.500 

RMS 

Acceln. 

2 

3.464 

4.140 

5.045 

Acceln. 

Step 

8 

6 

o 
o 

Table 5.15 Symmetric Motion Law Parameters 

Peak 

Jerk 

12 

60 

42 

If the values are further normalised to the first useable value 

each column : 

Normalised Peak Peak RMS Accel Total (without 

Law Velocity Accel Accel Step Value jerk) 

Double 1 1 1 1 4 
Quadratic 
Cubic 0.75 1.5 1.732 0.75 4.732 
Polynomial. 
Fifth 0.9375 1. 44 2.070 0 4.448 
Deg. Poly. 
Seventh 1.0938 1.875 2.523 0 b.492 
Deg. Poly. 

Table 5.16 Normalised. Symmetric Motion Law I~rameters 
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Figure 5.17 Polynomial Motion Laws 

Referring to figure 5.17, the first two low order laws possess 

discontinuities in their acceleration curves. The double quadratic 

(bang - bang acceleration) contains three step changes in 

acceleration, hence demand force. The centre step, termed the cross­

over, is the largest and creates most problems. It is particularly 

troublesome in systems containing backlash. These of course include 

robots. The cubic contains only two steps in acceleration. at the 

start and at the end of the motion. The fifth degree law contains no 

steps in acceleration, though two appear in the jerk curve. The 

seventh degree law has no steps in it up to the jerk curve, but the 

peak velocity is the highest. This is significant as it dictates the 

largest step sizes which appear in the digitised displacement command. 

From table 5.16 the fifth degree law looks the more interesting. as 

there are no step changes in acceleration. and the peak velocity and 

accelerations are similar in magnitude to the double quadratic 
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'optimum' motion law. (Optimality in this context is expressed as the 

minimum RMS acceleration for the law). The robot inertias change 

significantly, as a function of joint displacement and so the optimal 

laws for robots cannot simply be defined in terms of the RMS 

acceleration. As a general selection guide, though, it is clear that a 

law's RMS acceleration is important. 

Wh~n considering second order systems, the most important items as far 

as the initial oscillatory component goes are the initial conditions 

of displacement and velocity, relative to the command. The direct link 

between the acceleration command and response, although clear in the 

results is difficult to establish in an analysis. The oscillatory 

component viewed at acceleration is particularly pronounced. (An 

harmonic function, twice differentiated, is increased in amplitude by 

the circular frequency squared). The oscillatory response tends to 

track the same shape as the acceleration curve. The significance of 

jerk in the command is even more difficult to establish. 

~.5.3 Polynomial Law Selection - The Influence of Sample Interval 

The location of the vibration amplitude minima then depends on the 

relative values of system natural frequency, system sampling interval 

and the motion duration. 

In a discrete sampled system. the size of the step change in command 

is related to the sampling rate. Classically the effect is assumed to 

be negligible so long as the sample rate is of the order of 2x, 2xx or 

lOx the most significant or highest distinguishable natural frequency. 

(In practice there are many factors influencing selection of sample 

interval). In order to put these hypotheses to the test a simple but 

computationally time consuming simulation was carried out. 

There are interactions between sampling interval, motion duration and 

system natural frequencies. A second order mass spring system was 

simulated. being driven using normalised third, fifth and seventh 

degree laws. The system dynamic equations are : 

or 
my(t) + k(y(t) - r(t» = 0 

my(t) + ky(t) = kr(t) 
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where 
n 

ret) = ~ Ci t i (5.52) 
i=O 

reO) = a reT) = 1 for a s t sT . 
reO) = a reT) = a 
reO) = 0 reT) = a (5.53) 

The peak absolute value of error resulting from the command polynomial 

is plotted in figure 4.2 for values of period ratio up to ten. and 

sampling ratios from 16 to infinity. 

It is clear that to gain benefits from the higher order laws. high 

sample rates must be used. Sample rate itself is very important. 

Depending on configuration and load, the robot used in the tests has 

natural frequencies in the 8-16 Hz region. Motion durations for low. 

medium and high speed are therefore around 1. 0.5. and 0.25 seconds 

respectively. 

Based on figure 4.2. the required sample rates to hold tracking errors 

down near the equivalent continuous system (ie Rs ~ 64) are in the 

regions 100. 200 and 500 Hz respectively. 

Note that the cubic motion law appears the best until very high 

sampling rates are achieved. There are both gross and transient 

components in the peak error magnitude curves. Wear rate increases 

with peak and RMS force. hence is related to peak and RMS 

accelerations. Power consumption in the context of motion law 

selection is related to the joint torque (or force I and velocity. Peak 

and RMS accelerations and velocities. therefore influence power 

consumption and hence motion law selection. 

The fifth degree polynomial law is selected on the basis of the 

compromise between the requirements for zero step changes in 

acceleration. low RMS acceleration. low peak velocity and low peak 

acceleration. The vibration response (figures 5.12 & 5.13) is shown to 

be the best of the three laws tested. although this is not entirely 

supported by the simple undamped model responses of figure 4.2. 
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6 Self Learning for Tracking Accuracy Improvement 

As described in chapter 5, a robot has all the pre-requisites for an 

autonomous self experimentation system. Based on such a system, 

algorithms are to be developed, enabling the system to increase its 

own performance, cycle after cycle. 

6.1 Development of a Self Learning Tuning Algorithm 

6.1.1 Consideration of Simple Parameter Estimation Techniques 

Considering just two successive state vectors ~i+l and Xi. under any 

circumstances there will exist constant matrices, ~ and Q valid over 

that one sample interval such that : 

Xi + 1 = P Xi + Q ri (6.1) 
-,." ,.",." 

given ri. Techniques are available for estimating the system 

parameters P and Q from the response, using 'least squares' and other 

methods. In the cases where the parameters are continually changing, 

once a solution has been found it can be tracked as the parameters 

change. If significant noise is present and the system parameters are 

changing rapidly, the accuracy of the estimate will suffer. Sahirad, 

Ristic and Besant 1986 [6.11 present such a scheme. A simple two link 

planar robot was modelled. but no results are presented. 

For improved tracking accuracy, these linear parameter estimation 

based control schemes may offer a solution, although they would be 

more suitable given long and invariant system time constants. 

An analysis of parameter estimation based systems leads to other 

possibilities. The linear approximation above may be re-arranged in 

order to compute !i to give some desired response : 

ri = (g 9) -1 (~i + 1 - C P ~i ) (6.2) 

where i-sample number 

t - time, t = (i-l).at 

6t - sample time 

x - state vector (n x 1) 

r - input vector (m x 1) 

£,~ - response solution matrices (n x n) and (n x m) 
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C - output matrix (m x n) 

Hence given ~i+l, ~i and ri there are n equations with a maximum of 

n(n x m) unknowns. To evaluate all the unknowns, a minimum of n + m 

samples are required. If the system time constants are much shorter 

than the period (n + m).6t then solutions for the parameters are 

hopelessly out of date. In practice, truncation and noise would also 

add to the number of samples required to give solutions. 

Utilising the fact that most robot tasks are repetitive and the robots 

themselves are repeatable, data from previous run cycles may be used 

to increase the accuracy of a parameter estimation process. If the 

number of the run cycle is denoted by k, then : 

t1+1 = C ~ ~i.k + C Q ri,k (6.3) 

so if a change is made to the command in the demand r at or after the 

ith sample, then: 

~i + 1 , k + 1 - !i + 1 • k = C P (~i, k + 1 - ~i, k) + C Q (~i. k + 1 - !'i, k ) 

or 

where 6x - change in x between successive runs 

~y - change in ! between successive runs 

6r - change in : between successive runs 

If the system is repeatable : 

hence 
6~i+l.k = C Q 6!i.k 

(6.4) 
(6.5) 

(6.6) 

(6.7) 

giving a further m equations in m x m unknowns. Equation 6.3 gives m 

equations with an additional m x n unknowns. hence only half the 

number of samples are required to estimate the system parameters. By 

including data from runs k-1. k-2 etc. the process could be used to 

overcome some of the problems. 

6.1.2 Expansion to a Self Learning Algorithm 

At this juncture. it is as well to recall the purpose of attempting a 

parameter estimation. That is, the knowledge of the parameters enables 

prediction of the input required now, to give a desired response at 

some point later. Assuming that this process has been successfully 

achieved up to and including the current sample i by some as yet un­

specified process, then again 

~i , k + 1 ... ~i, k (6.8) 
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so equation 6.7 still holds. The error vector e; at the next sample is 

ei + 1 • k = E1 + 1 - ~i + 1 • k (6.9) 

where r denotes the nominal or reference command, which is constant, 

irrespective of the run number. k. The condition for zero error at 

the next sample (i + 1) is satisfied if the command at the previous 

sample is changed as follows 

(6.10) 

This requires knowledge of the elements of 9, in turn necessitating 

analysis and parameter estimation for the particular scheme. In 

hindsight, experimental results show that some very crude 

approximations hold adequately in at least one case. The extension of 

these approximations to more general manipulators requires 

justification. 

The change in response resulting from any change in command between 

cycles k and k+1 can be expressed as 

~i + 1 • k + 1 - ~i + 1 • k = 9 9 (Ei. k + 1 - ~i. k ) (6.11) 

and for reasonably accurate feedback control, tracking gives: 

~i ... ri (6.12) 

therefore 
C Q .. I (the identity matrix) (6.13) 

hence 
(El +1 6E1 • k ... I - r.i + 1 , k ) (6.14) 

Now this corresponds to the response after one cycle only. Because it 

is only an approximation and using the maximum correction is 

equivalent to marginal stability, some conservatism is wise. Hence the 

algorithm becomes : 

:1 • k + 1 = :1, k + L (~i +1 - ~1 + 1, k ) (6.15) 

where 

[ 
L1l 0 0 

1 
L = 0 L22 

0 ............... 0 Lmm 

16.161 

and o < Lj j < 1 for j = 1.2, ... ,01 

The scheme is shown in figure 6.1. Its function is to add in a 

proportion of the previous run's error to the command used on the next 

run. The main points are that the error is automatically scaled to the 

command: It has resulted from the actual response of the system 

117 



including an 'exact' model; over a small ~iece of motion there is a 

linear relation between the command and respo~se. 

Reference 
Commond 

Tuned 
Commond 

Actuol 
Response 

Cur-r-ent. Command r Control 

Look Up T ab1. FunoUon ROBOT t-e-Y~ 

Ne~t run Lost run 
command command 

Reol Time 
Feedbock Control 

Monitorins ond Offline Feedbock 

Figure 6.1 The Self Learning Motion Tuning Scheme 

In specific cases, the validity of the t - ~ assumption may be 

verified by plotting the input and response against each other. For 

other than saturated trajectories or very poor feedback control, the 

curve has close to unity slope and its intercept passes through the 

origin. 

6.2 Practical Considerations 

6.2.1 Modifying More Than One Sample 

The scheme as it stands requires that only one sample p~r run be 

modified. This produces two problems; one is that the command acquires 

a large step .in it, between the sample being tuned and the rest of the 

command: the other is that the number of runs required to fully tune a 

motion becomes very large. 

Broad, simplistic assumptions enable the development of an empirical 

method for increasing the practicality of the scheme. 

Stable linear tracking system responses are constrained to lie within 
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an envelope which can be defined by sums of exponent~a1ly decaying 

terms, centred around the nominal command curve. By superposition, 

this will apply to the dynamic response arising from the changes made 

in the tuned command. 

Rather than modify only one sample per cycle, all samples ahead of the 

current datum sample may be tuned in the same way as the datum sample, 

but using a progressively increasing attenuation. If this is also 

defined by an exponential decay, then the sum of the responses due to 

the sequence of 'impulses' arising from the sequence of changes made 

to the command must also decay, relative to the nominal command. 

At.t.enuat.ion 
Applied t.o Eaeh 

Axis Error 

o c LeI 
JJ 

I - t. I 6t. a 

(T I 6t. - I ) 
L .. e 0 

,LJ 

cu,.rent. .ample 
beln9 t.uned t.lme - t. 

Full Met.lon Sesment. Durat.lon - T 
aal 

Figure 6.2 Window Function Employed to Speed up the Learning Process 

6.2.2 The Decay Weighting Function 

The form of the decay function applied to the LJJ factor is as shown 

in figure 6.2. Note that it has a non-zero value from the current 

datum sample all the way to the end of the motion segment undergoing 

tuning. The process is similar to the use of Hanning windows, etc, on 

time domain signals, hence the function is subsequently referred to as 

a 'window'. Computation times for exponential functions are lengthy, 

but the functions themselves are well behaved. In the actual scheme 
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therefore. a coarse look up table has been used with interpolation, to 

greatly reduce the computational load associated with the window. 

There must be some finite value of decay at the tail end of the window 

function. by virtue of the exponential function itself. This is 

undesirable because the modification made to anyone sample of the 

tuned command is the accumulation of the sum of each error times the 

appropriate value of attenuation. At the tail end. the tuning process 

will have been applied many more times to any given sample, so there 

will be an increased tendency to accumulate noise in the tuned 

command. A second reason zero modification is required at the tail end 

is that the tuned command must blend into the section of command 

following it. There will otherwise be a step change in displacement 

command at the end. The window function can be made to effectively 

taper away to zero by utilising the 12 bit (or whatever) resolution. 

(Rounding reduces the small gain values to zero.) 

Of course a robot's dynamics are not linear, but assuming that we are 

operating close to a nominal command and the changes in the 

displacement response are comparatively small, then a linear 

approximation over anyone sample (and probably a small region) can be 

justified. 

6.2.3 Limits on Error Improvement 

System noise and repeatability place a limit on the accuracy to which 

the response can be tuned. This limit is found in our case to be two 

or three units (of 12 bit integer resolution). It is therefore un­

realistic to set zero as the target error. These • satisfactory' error 

limits as set for each axis are found to differ. A small amount of 

experimentation is sufficient to establish the values. The noise 

spectrum is not entirely random, there are components due to torgue or 

force ripple, and mains. There is also a dc component due to drift in 

various amplifier offsets. It is difficult to reduce the effect of 

noise, because of these properties. Without any consideration of 

noise, the accumulated result is an extremely rough looking tuned 

command signal. 

Certain types of noise can still be a problem. Power supply spikes can 
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be added into the tuned command. With a high quality, well designed 

commercial robot, these problems would be less significant. A single 

pole digital filter acting on the change made to the tuned command 

reduces the effect of noise, although it increases the peak errors. 

All responses are shown without any filtering. 

The error limits need to be a compromise. If they are too large, then 

tuning will only take place every (say) 5 samples, sufficient to knock 

the response within the bounds of tolerance on the reference command. 

The result is the tuned command adopts a 'saw tooth' like profile, and 

the robot response is oscillatory, but usually within the stated 

tolerance values. If the tolerance is set too tight then the robot 

would simply repeat the motion ad infinitum. To avoid this possibility 

in a case such as the robot being overloaded, (or the tolerance being 

set too tight), a limit is placed on the number of cycles applied per 

datum sample. 

Once the current datum sample is tuned to the required accuracy level, 

then the system indexes on to a new value (sample number) in the 

motion segment which includes at least one axis error outside the 

bounds. 

6.2.4 Phasing of the Applied Correction 

The change in response, due to a change made in the command only one 

sample earlier. cannot of course be very large. Some experimentation 

was carried out to establish if there were any benefits in processing 

the command based on a phase shifted lead of the response. This cannot 

be performed in normal real time feedback control because of the 

stability implications. Alternatively, it would imply accurate 

prediction of the response ahead. As the tuning process is effectively 

offline. then this restriction does not exist in the same way. The 

phase shift was found to interact with the higher frequency components 

in the response. A small oscillation. given the appropriate phase 

shift could be reflected in the response ahead. A limit is therefore 

placed on the maximum phase shift allowed. For a sample interval of 

10ms, phase shifts of 1 to 10 samples were tested. Processing the ith 

sample based on the measurements of error at the sample ahead; i+5 was 

found to significantly increase the speed of convergence. 
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Interestingly, although this implied a 0.05 second lead and there were 

oscillations in the response of the vertical axis of around 0.07 

seconds period, there appeared no interaction. 

6.2.5 Extra Hardware Requirements 

The data processing required can be carried out during any available 

dwell period after or during each run of the self tuning motion. 

Memory requirements will vary depending on the actual implementation, 

but the calculations prove fairly simple. The Intel 8086 based 

microcomputer used, with Microsofts' MSDOS and MSPascal took less than 

0.7ms computation time per sample, with three axes being processed. 

There are numerous strategies which could be employed to reduce the 

amount of memory required. In the experimental system, much more 

information was logged in memory than would be necessary for a 

commercial system. The user would only specify the self tuning process 

for those segments requiring it. Further, it may only be worthwhile on 

the major axes of the robot. 

The memory requirements in the case where the tuning is carried out 

~ each run are as follows. The response is logged for the whole 

segment. The tuned and reference command motions would also be stored 

in memory. (Memory for the reference command is not an additional 

requirement, it would be need to be stored anyway or possibly computed 

during the motion.) For six axes, 12 bit resolution and 100 Hz sample 

rate this implies a total memory requirement of : 

6 axes x 100 Hz x 2 bytes x 2 trajectories x 60 sees I 1024 
= 141 kbytes additional memory per minute of tuneable motion 

If the tuning was computed during each sample interval, then the 

response would not need to be logged. Selecting only three axes for 

tuning 

3 axes x 100 Hz x 2 bytes x 1 trajectory x 60 secs / 1024 = 35 kbytes additional memory per minute of tuned motion 

Depending on the quality of the hardware. system RAM costs have 

reduced dramatically in recent years. Typical figures for on board 

costs are in the 20 to 40p per kbyte region. Extra costs due to memory 

requirements for say ten minutes of tuneable motion are therefore 

around £105, i.e. as an optional extra probably less than 0.5% of the 

cost of a basic robot. 
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Figure 6.3 Flow Chart for Self Learning Scheme 

Figure 6.3 outlines the basic steps in the logic of the software, 

these being one of a number of possible implementations. The actual 

routines are located in a module called MODMVACC.PAS which forms one 

of four modules making up the program RUN. PAS. This in turn is part of 

a suite of programs which comprise a manual robot motion generatina 

system. It is manual in the sense that all the motion parameters need 

specifying through the keyboard. Various other parameters are set in 

data files which can easily be edited. In this way, none of the 

component programs making up this system are specific to any robot. 

6.3 Development of the Implementation 

6.3.1 Single Axis Simulation 

A single axis dynamic simulation was used as a starting point. The 
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motion of a mass spring system was controlled by varying the input 

motion at the spring. The lack of damping simplified the problem. In 

the simulation self learning and analytic (model) based tuning could 

be compared. In the presence of damping. model based tuning results in 

discontinuous displacement commands. These are unattractive in real 

systems. 

The motion period ratio was chosen as 4 to make the results more 

interesting. Hence. a system natural frequency of 20 Hz required a 

motion duration of 0.2 seconds. For simple boundary conditions; the 

displacement ranging from 0 to 1 unit; zero initial and final 

velocities. a cubic law was adequate. The sample frequency for the 

discretised input was 100 Hz. In all cases (figures 6.4 to 6.7). the 

responses plotted are pseudo continuous. The response data presented 

has a higher resolution than the sampling frequency would normally 

allow. (In the experimental results presented later. data is only 

available at the sampling points). On the displacement curves (figures 

6.4 to 6.6) differences are difficult to resolve. 50 the displacement 

error curves (figure 6.7) are interpreted instead. 

The error response of the system to the continuous cubic is a more or 

less constant frequency and amplitude oscillation. Its centre line is 

the same shape as the acceleration curve for the law. i.e. a straight 

line. skewed to the horizontal. 

The response to a discretised cubic is not as predictable. Two 

additional components are manifest. making the system almost appear as 

if it was of a higher order. There is a gross lag arising from the 

sampling interval. Its peak magnitude approximates well to the 

vertical step size around the central region of the displacement 

command. The apparent 'second harmonic' response results from the 

discretisation process. The effects due to the sequence of steps are 

attenuated. as the sampling frequency in this case is b times higher 

than the system natural frequency. 

Tuning the continuous cubic based on the model parameters results in a 

line of zero error. i.e. superimposed on the horizontal axis. If this 

tuned cubic is then discretised and used as the command. there is only 

a slight improvement in the response over the untuned cubic. No 
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account has been taken in the tuning of the discretisation. There is 

however, around a 10% reduction in the peak error, and the 

significance of the 'first harmonic' has decreased. A perfect response 

can be obtained at the sample points, by using a discrete response 

solution and inverting it. Command velocity must be available, which 

is not always possible. This method is pursued further in section 7.3. 

Applying the self learning process gave the achievement of at least 

the set tolerance at the sample points. In normal systems, the small 

size of steps due to discretisation combined with the relatively long 

time constants should cause the 'ripple' errot to be small. The final 

response has negligible gross or first 'harmonic' components, just 

that of the 'ripple' from the sampling process. The lack of regularity 

in the response probably derives from the varying number of learning 

cycles per sample, due to the varying degree of difficulty with which 

the scheme attains the desired tolerance at each sample. Note at this 

point, the tuning process possessed none of the refinements such as 

the window function or filter etc. Another interesting feature of the 

simulation is that its computation can be carried out faster than the 

modelled time period. To observe the process effectively, required the 

insertion of delays into the routines. 

6.3.2 Single Axis Implementation - Low Performance Drive 

The first actual implementation used a 'Feedback' educational quality 

DC servo motor fitted with a 30:1 ratio worm gear box (figures 6.B and 

6.9). Servo control was implemented digitally (displacement error 

proportional with velocity feedback) and adjusted to give a maximum 

tracking error of around 10% of the motion displacement range. The 

displacement range of 1.57 radians on the gearbox output shaft took 

place in O.B seconds. The sampling frequency was again set at 100 Hz. 

The window function was not used at this point. so many cycles were 

needed to achieve the tuned response. 

The progressive stages in the learning process are seen in figures 

6.10(a) to S.10(d), corresponding to : untuned. one quarter, half and 

the complete motion having been tuned. Without any filtering of the 

response error before it is used to augment the tuned command. sharp 

features arise. The presence of considerable backlash in the worm 
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gearbox served to aid the development of the filtering process used in 

the final, robot implementation. The other three figures include the 

filter. 

During the tuning process, the tuned command developed a sharp kink in 

it, e.g. figure 6.10(b), past the current datum sample. This is one of 

the reasons that some form of 'blending' is necessary, from the tuned 

law to the reference command. The fully tuned error curve has a 

similar peak error magnitude as that of the gearbox backlash. The 

error bounds were selected based on the backlash. 
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Figure 6.11 Self Learning Based Tuning - 'Aerotech' Motor 
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6.3.3 Single Axis Implementation - High Performance Drive 

The next step was to try the scheme out on a high performance drive, 

similar to those used on industrial robots. The 'Aerotech' brushed dc 

motor was tested in a direct drive arrangement, figures 5.3 and 5.4. 

Development this time was aided by reverting to analogue control. Gain 

changes, debugging and signal conditioning were facilitated. To keep 

the IEEE466 communications overhead to a minimum, IEEE driver routines 

had been used with minimal error checking or handshaking. (Certain 

events caused the system to hang up, and it was impossible to 

establish whether the fault was related to the IEEE routines or the 

feedback control routines for example, exceeding their 16 bit integer 

arithmetic range. Performing control separately on the analogue 

computer alleviated this problem). 

To test the learning system's capabilities, feedback gains were set to 

give both a low accuracy and oscillatory response. Backlash and static 

friction were found to be minimal. The system natural frequency 

(closed loop) was approximately 6.7 Hz, so a sample rate of 100 Hz was 

adequate. The gross error component is virtually eliminated (figure 

6.11), and the oscillatory component attenuated toward the end of the 

motion. Note the steady state error with tuning is better than that 

without. This will only occur if the system repeatability is high. The 

tuned command is discontinuous and highly oscillatory, but the error 

response has been improved. The tuning process with the later 

refinements may have improved the situation. 

6.3.4 Multi-Axis Implementation - Industrial Robot 

The target implementation was the Hall Little Giant robot, figure 

6.12. The three major axes were used in the tests, all being 

hydraulically driven using Moog 76 series flow proportional servo 

valves. Analogue position control comprised a proportional gain and a 

stabilising pressure feedback on the swing and vertical axes only. The 

experimental scheme was controlled by the Apricot PC, an i6086 based 

commercial microcomputer, in Pascal. An 6087 maths co-processor and 

364 kbytes of memory enhanced system performance. In principle, the 

structure of the software was similar to the two earlier 

implementations. Many modifications and additions were made to give 
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greater versatility, easier adaptation and allow the same program to 

be used when running both the manual and the automatic motion 

generation schemes. These include the capability to handle any number 

of motion segments of various types and any number of machine axes 

subject only to memory limitations. The program modules are listed and 

described in appendix B. 

Hall 'Little Glant'~ 
4 A_i. Hyd~aul'a Robot 

12 bit Analogue ADC'. 

Int.~Fao. and 

P~ag~ommable Clook DAC'. 

IEEE Bu. 

48086 

Mio~ooomput.~ 

Analogue Compute~ I 

Fe.dbaok Cant~ol 

Slgnal Conditioning 

Figure 6.12 Control System Hardware for Self Learning System 

The analogue interface contained three, 12 bit DAC's and one 12 bit 

ADC fitted with a 32 channel multiplexer. There was also a 

programmable real time olook used to control the sampling interval and 

the multiplexer synchronisation. Using the IEEE 'unchecked' routines, 

the multiplexer spasmodically went out of step, reading channels 1 for 

2, 2 for 3 and 3 for 1. This would wreak havoc with the system. 

Operations such as accessing memory outside of the normal addressing 

range or writing characters to the VDU during real time control 

appeared to increase the risk of it occurring. The sample interval was 
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set to 100 Hz. Control gains were empirically maximised to yield high 

static accuracy consistent with stability requirements. Small 

increases in the gains chosen would yield instability in certain 

configurations. The position feedback was provided by 0.1% linear 

potentiometers. The differential feedback provided by Hall's custom 

manufactured strairi gauge based transducers was found to be extremely 

noisy and induce steady state errors which varied as a function of 

position. Analogue filters were developed to improve the signal and 

extract the dc component. The signal conditioning, buffering and 

control circuits used are shown in figure 6.13. 

The variety of possible motions is of course infinite, so one specific 

motion comprising about 25% of each axis full stroke was selected for 

most of the tests. The conditions defining the motion are shown in 

table 6.14. The durations of the rise and fall segments were varied 

from 1.26 seconds to 2 seconds on the main test motion. The nominal 

motion command is defined by a fifth degree polynomial and has zero 

velocity and acceleration constraints at each end. The three dwell 

segments were set at 1,1 and 0.5 second durations. The results for the 

main test motion are presented in figures 6.15 to 6.22 inclusive. The 

vertical axis annotation is in terms of the 12 bit integer units (0 to 

4095). Leaving the data in terms of these units aids the 

interpretation of the error curves by effectively normalising the 

results. Horizontal axis numerics are in terms of the number of sample 

intervals, each one of which being 10 ms, for example 250 is 

equivalent to 2.5 seconds. 

Referring back to the learning algorithm, a conservative L matrix was 

initially chosen with diagonal elements of O.S. A subsequent change to 

0.9 increased the rate of convergence without detriment. The axis 

error limits were set as 2,3 and 4 units for the swing, vertical and 

horizontal axes, respectively. These figures correspond approximately 

to the static errors and noise on each of the axes. The horizontal 

axis was prone to higher positioning errors, for at least two reasons. 

Firstly without pressure feedback, the loop gain had to be lower. 

Secondly the hydraulic cylinder on this axis has a long stroke and is 

very difficult to bleed. Air in the cylinder caused an effect similar 

to backlash, leading to an intermittent and disturbing hammering 

action. 
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The number of cycles required to fully tune the command motion law 

varied in the range 7 to 24, although 12 to 15 was typical. Certain of 

the error curves exceed the error bounds set. Note that for comparison 

purposes only the lift segment was tuned. This means the total change 

made to each of the command laws, only has a non zero value during the 

lift segment. This makes it easier to distinguish it from the error 

curve, plotted on the same graph. The robots load capacity, net of the 

additional wrist actuator (unused 'fan' axis) was approximately 20 kg. 

The additional load mass weighed 16.2 kg and corresponded to the 

'loaded' condition. 

Axis 1 Axis 2 Axis 3 
Swing Vertical Horizontal 

Low -0.3927 rads +1. 4399 rads +0.8 m 
Condition -22.5 deg +82.5 deg +800 mm 

1163 units 1535 units 1676 units 

High +0.3927 rads +1. 7017 rads +1.0 m 
Condition +22.5 deg +97.5 deg 1000 mm 

2431 units 2559 units 2751 units 

Motion 0.7854 rads 0.26181 rads 0.2 m 
Range 45 des 15 deg 200 mm 

768 units 1024 units 1075 units 
(±120 des max) (±30 deg max) (762 mm max) 

Figure Motion Load Tuning 
Number Duration Condition Status 

6.15 2.0 unloaded fully tuned 
6.16 2.0 loaded fully tuned 
6.17 1.5 unloaded fully tuned 
6.18 1.5 loaded fully tuned 
6.19 1.5 unloaded tuned 6 cycles 
6.20 1.5 loaded tuned 6 cycles 
6.21 1. 26 unloaded fully tuned 
6.22 1. 26 loaded fully tuned 

Table 6.14 The Tuning Process - Results Table 

*(Bach cycle comprieed 1 lecond dwell followed 
by a tuned 'riee' of the duration Ipecified 
from the low to the high condition, another 1 
eecond dwell, then an un-tuned 'fall' from the 
high condition back to the low condition, with 
a 0.5 eecond dwell at the end of the cycle). 

137 

only 
only 



2.500 

2.250 

2.000 

1.750 

250.0 500.0 750.0 
Co) AMI. I Ca..~ L R •• ~. 

250.0 750.0 

-12.50 

-25.00 

-37.50 

Cd) ""I. I EM-_ 

500.0 750.0 
-12.50 

-25.00 

-37.50 

-50.00 

( 8) f"eI. 1 Chong. \0 Lo .. 

3.000 

2.500 

250.0 600.0 750.0 
Cb) "",. 2 C...and L R •• pD" •• 

-12.50 

-25.00 

-37.50 

C.) "",. 2 E .... r 

500.0 750.0 
-10.00 

. -20.00 

-30.00 

-40.00 

Ch) AMI. 2 Chong. \0 L ... 

3.000 

2SO.a 500.0 ?SO. 0 
Co) AMI •• ~ L R.8p0ft8. 

250.0 ?SO. 0 

-25.00 

-50.00 

en ""I. 3 £,...r 

500.0 750.0 
-12.50 

-25.00 

-37.50 

-50.00 

CI) "",. 3 a-.g. \0 L ... 

Figure 6.15 Fully Tuned Motion, 2 Second Rise, Unloaded 

2.500 

2.250 

2.000 

1.750 

250.0 500.0 250.0 500.0 250.0 sao. 0 
Co) AMI. I C--d L R •• pD" •• 

250.0 250.0 

-25.00 

-50.00 -50.00 

Figure 6.16 Fully Tuned Motion, 2 Second Rise, Loaded 

138 



2.500 3.000 3.000 

2.250 
2.500 2.500 

2.000 

2S0.0 500.0 250.0 500.0 250.0 500.0 
Co) Axl. 3 c-.d L 110 ........ 

2S0.0 
250.0 

-2S.00 -25.00 
-2S.oo 

-SO. 00 -so. 00 

c.) 1.,,1. 2 E ........ Cf) Axl. 3 E ........ 

Figure 6.17 Fully Tuned Motion, 1.5 Second Rise, Unloaded 

3.000 3.000 

2.S00 

2.000 

250.0 500.0 250.0 500.0 250.0 500.0 
Co) 1..1. 1 C ... and .. R ......... Co) Ax!. I c-.d L R • .,... 

250.0 250.0 

-25.00 
-2S.oo 

-so. 00 
-so. 00 

-so. 00 -75.00 

Cf) Axl. 3 E ........ 

Figure S.18 Fully Tuned Motion, 1.5 Second Rise, Loaded 

139 



2.500 3.000 3.000 

2.250 
2. sao 

2.000 

2.000 
1.750 

250.0 500.0 250.0 sao. 0 250.0 sao. 0 

-25.00 
-25.00 

-50.00 
-50.00 

-50.00 -75.00 

en Axl. 3 E....-

500.0 500.0 500.0 
-10.00 -12.50 

-25.00 
-20.00 -25.00 

-30.00 -37.50 
-50.00 

-40.00 -50.00 

(8) A.I. I ChonS_ \0 low C,) A.,. 3 ~. '0 Low 

Figure 6.19 Tuned 6 Cycles, 1.5 Second Rise, Unloaded 

3.000 3.000 

2.500 2.500 

2.000 

250.0 500.0 250.0 500.0 250.0 sao. 0 

-25.00 -25.00 

-so. 00 
-50.00 

-75.00 

Cd) Ax'. 1 E~~ en Ax,. 3 E ....... 

Figure 6.20 Tuned 6 Cycles, 1.5 Second Rise, Loaded 

140 



2.500 3.000 3.000 

2.250 
2.500 2.500 

2.000 

250.0 500.0 250.0 500.0 250.0 SOD. 0 
Cb) A"I. 2 C~ L R •• pone. 

250.0 250.0 

-25.00 
-25.00 

-25.00 

-50.00 -50.00 
-50.00 

Cd) A.I. 1 E~ar C.) A"I. 2 E~ar 

Figure 6.21 Fully Tuned, 1.26 Second Rise, Unloaded 

2.500 3.000 3.000 

2.2SO 
2.500 2.500 

2.000 
2.000 2.000 

1.'1SO 

250.0 SOD. 0 250.0 SOD. 0 250.0 SOD. 0 
c.) A.I. I c....nd L R •• ponee Cb) AMI_ 2 c--.I L R .. ponee 

250.0 250.0 .0 

-25.00 
-25.00 

-50.00 
-50.00 

-'15.00 

Cd) A.I. I E~ar c.) A"l. 2 E~ CI) AMI_ 3 E~ 

Figure 6.22 Fully Tuned, 1.26 Second Rise, Loaded 

141 



6.4 Industrial Robot Results 

6.4.1 Observations on Results 

(i) Presence of the load requires more change to the command law 

to attain the same tolerance, but damps out the erratic 

oscillatory component in the three axis responses. Axis 2 is 

sensitive to the load, its oscillatory amplitude increasing with 

it. 

(ii) This oscillatory component reduces as the motion duration 

decreases. The servo valve is known to display improved behaviour 

when operating away from the non-linearities which occur at or 

near the no flow condition. Non-linearities are more pronounced 

at low flows. There is also significant static friction in 

certain of the other mechanical elements. These effects are more 

pronounced in the lower speed motions, e.g. the 3 second motion 

shown in figure 8.4. 

(iii) Axes 1 and 3 are particularly well behaved. Tuned dynamic 

error magnitudes in several instances are lower than the static 

errors. Again, this will only occur if system repeatability is 

significantly greater than system accuracy. 

To confirm the validity of the approximation of the ~ matrix to an 

identity matrix, figure 6.23 shows the axis responses plotted against 

the axis command motions. These are derived from the responses of 

figures 6.15 and 6.22. 

Two further sets of results are of interest. An intermittent fault in 

the potentiometer gear drive appeared on axis 3. At first sight it was 

thought to emanate from a sticking servo-valve spool. The resultant 

spike in the response was still progressively reduced by the tuning 

process. A violent impulse was generated in the tuned command, in 

order to oppose it, figure 6.24. Reasonable tracking was achieved, but 

the jolt imparted to the axis was unhealthy. Later, a small brass gear 

driving the axis feedback potentiometer was identified as 

intermittently slipping on its hub. After re-rivetting, the fault 

disappeared. 
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Figure 6.25 Results with Low Period Ratio 

Results presented in figure 6.25 were obtained from a low period ratio 

motion ( - 2), with a necessarily smaller displacement range than the 

main test motion. (See table 6.26 for details). The dominant natural 

frequency in the configuration chosen appears at around 4.5 Hz. 

Selecting the motion duration at 0.5 seconds should then exoite some 

vibratory response. The tuning process was still able to cope to some 

extent, levelling out the error during the tuned segment. The segment 

following was untuned, resulting in the residual response actually 

being accentuated. The changes required to the reference law are so 

severe that, when tuning oeases, there is a large step change left in 

the command law. After a low period ratio segment, tuning (if applied) 

should be retained for some period, probably until either a high 

period ratio motion or a dwell is encountered. This feature could be 

accomplished automatically. Axis 2 has its own frequency (around 13.2 

Hz in this configuration), superimposed onto the fundamental of 4.5 

Hz. The 4.5 Hz coupling between axes 1 and 2 is probably by virtue of 

the common hydraulio supply, as much as the inertial coupling present. 
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Axis 1 Axis 2 Axis 3 
Swing Vertical Horizontal 

Low -0.15 rads +1.4 rads +0.8 m 
Condition -8.6 deg +80.2 deg +800 nun 

1900 units 1379 units 1676 units 

High +0.15 rads +1. 5 rads +0.9 m 
Condition +8.6 deg +85.9 deg 900 mm 

2194 units 1770 units 2214 units 

Motion 0.3 rads 0.1 rads 0.1 m 
Range 17.2 deg 5.7 deg 100 nun 

294 units 391 units 538 units 
(±120 deg max) (±30 deg max) (762 nun max) 

Table 6.26 Low Period Ratio Motion - Test Conditions 

_(Bach c1cle compri.ed a ~ .econd dwell followed b1 a tuned 'ri.e' 
of ~ duration from the low to the hi'h condition, a ~ .econd 
dwell, then an un-tuned 'fall' froM the hi'h condition back to 
the low condition of ~ .econd duration, with a ~ .econd dwell at 
the end of the c1cle). 

6.4.2 Practical Problems Encountered 

(i) Relative drift between the potentiometer power supply and the 

ADC reference voltage. This caused the robot to appear to shift 

its datum, increasing the number of cycles needed to complete the 

tuning process. Constant re-calibration was therefore required. 

(In a commercially constructed version, this is overcome by 

using the fed back potentiometer supply voltage as the ADO 

reference) . 

(ii) Variations in the robot oscillatory response probably 

because of the inconsistent hydraulic oil temperature. Ideally 

the hydraulic oil would be maintained at constant temperature to 

ease comparison of results. This is impractical to achieve 

because the robot duty cycle varied as did the ambient 

temperature. The design of the hydraulic power supply was such 

that it attempted to maintain a constant pressure, any excess 

flow being throttled across the relief valve. The motor therefore 

continually ran at around its full power of 5.5 kw. When the 

energy was not being used by the robot, it was dissipated ,into 

the oil. As oil temperature increases, its propensity to absorb 

air increases. The bulk modulus decreases, changing the apparent 

mechanical stiffness of the hydraulic actuator. Axis 2 

particularly, became intermittently oscillatory. The amount of 
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free air in this axis could. be estimated by moving the cylinder 

rod with power on. 

mm. Attempts at 

design. 

Free movement measured could be as high as 30 

bleeding the cylinder were thwarted by its 

(iii) It was impossible to retain the datum settings of the 

actuators and feedback transducers. Numerous components 

periodically worked loose. Potentiometers moved on their 

mountings, bolts fell off and jammed in other parts of the 

mechanism, the linear slide bearing clearances needed continual 

attention, one of the cylinder mounting brackets snapped etc ... 

In summary, the 'Little Giant' had been sold probably before it 

was out of the normal prototype stage. 

The work of this chapter is reported in Vernon, Rees Jones and Rooney, 

1986 [6.2). 
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7 Model Ba5ed Tuning Using an MRACS Control Scheme 

Tuning motion laws based On the robot dynamics has been shown to be 

extremely difficult. Another approach is to force the robot to behave 

as if its dynamics could be characterised adequately by very simple 

dynamic models. The motion laws would then be tuned, based On this 

much simpler dynamics. One controller which is claimed to be capable 

of achieving such a simplification is the Model Referenced Adaptive 

Controller (section 3.5). 

7.1 A Model Referenced Adaptive Control Scheme 

As discussed in section 3.5, because of the array of problems 

encountered in manipulator control, most of which are position 

variant, One is led by its very definition to an adaptive controller. 

A self-adaptive control system can be defined as one which has the 

capability of changing its parameters through an internal process of 

measurement, evaluation and adjustment to adapt to a changing 

environment, either external or internal to the plant under control. 

A disadvantage of these systems is that they tend to use complex 

algorithms. Computation delays can then degrade the performance by 

reducing the bandwidth. Landau 1974 [3.18] suggests two options; one 

in which parameters or gains are changed, and the other in which the 

adaptor signal provides an extra input to the plant .. Both of these 

options can be shown to be equivalent. The chosen scheme is the Model 

Referenced Adaptive Controller with the latter, 'signal synthesis 

adaptation'. The four objectives considered in Landau's method are: 

(i) Simple control laws. 

(ii) Strong stability characteristics. 

(iii) High speed of adaptation. 

(iv) Systematic design method. 

The controllers robustness enables it to cope with large parameter 

variations and disturbances. Manipulators are not considered in hie 

work. 
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The manipulator system can be broken down into a linear and a non­

linear part. The non-linear part comprises by far the larger section 

of the equations (section 3.4). In the method applied by Stoten 1980 

[3.20] the non-linear functions of the state are assumed to be bounded 

and are neglected, being treated as disturbances in the remainder of 

the design process. Stoten also neglects Landau's model gain matrix. 

For the control schematic, see figure 3.4. 

The adaptor control algorithms have been developed by Landau and for 

this scheme a proportional plus integral adaptation is used. The model 

following feedback and feedforward gains are derived using the 

Erzberger conditions for perfect model following, Erzberger 1968 

[7.1]. Stability of the adaptor scheme is ensured using the Popov 

hyperstability criterion. This criterion is easy to use and is behind 

the structure of Landau's adaptor. Linear compensator stability is 

achieved using Lyapunov's second method. 

These references are used as a basis for the design of a controller. 

The property of the controller which is particularly of interest, is 

its ability to characterise the dynamics of an otherwise complex plant 

in a simple fashion. 

The model may (within limits) be chosen to exhibit the desired closed 

loop characteristics. Its form may be developed to satisfy the 

Erzberger conditions. These conditions are essentially related to the 

structure of the~, ~'~P. ~P matrices and not the actual parameter 

values. 

The scheme is now developed for the specific problem, and as seen in 

the schematic, breaks down into four sections : 

(i) The plant - i.e. the manipulator and associated transducers. 

(ii) The reference model. 

(iii) The model follower comprising conventional feedback and 

feedforward gains. 

(iv) The adaptor. 

Significant advantages in the design are attained if a decentralised 

approach is adopted, because of the resultant simplicity of various 

matrices. 
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7.2 Development of the Controller 

7.2.1 The Plant 

From the rigid model equations, a state space formulation may be 

obtained giving : 

where ~p(t) - the state vector 

~p - system coefficient matrix 

~p - system input coefficient matrix 

~p - control input vector 

!(t) - vector of non-linear functions 

(7.1) 

The non-linear dynamic equations derived in section 3.4 are fully 

included in this representation. Only the constant inertial, viscous 

friction and scaling terms appear in the state space representation, 

all the rest are contained within the !(t) matrix. Expanded out this 

takes the form 

Xl 0 1 0 0 0 0 Xl 0 0 0 

[ 
U1 

L 
0 

X2 0 A22 0 0 0 0 X2 B21 0 0 U2 Fl 

X3 0 0 0 1 0 0 X3 0 0 0 U3 0 
: + 

X4 0 0 0 Au 0 0 X4 0 Bu 0 Fa 

x5 0 0 0 0 0 1 X5 0 0 0 0 

xs 0 0 0 0 0 Ass xs 0 0 B83 Fs 
P P P p 

(7.2) 

Note 
Xl 91 

xa 81 

X3 82 
~p : = . 

X4 82 

X5 ds 

XB da 

(7.3) 

If viscous friction coefficients are present, i.e. b1 1 , b1 a , b1 :I and 

there is a scaling constant for each axis bOl,bo2,boa, then the form 

of the A and B elements are 

Au = -bll/Ihl B21 = bOl/Rl1 

Au = -b12/liu B42 = boa IR22 

AS8 = -bIS/lisa B83 = boa/B33 (7.4) 
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where these Hii are the constant terms taken from the Bii elements of 

equation 3.17. The non-linear functions in !(t) are bounded, and of 

course highly significant. For the case of time varying plants, Landau 

shows that it is possible to guarantee that the plant to model state 

error remains bounded, when ~P is time varying. It is therefore 

hypothesised that an adaptor can be designed which will completely 

negate this component. If this is possible, the remaining system 

components can be analysed for their model following properties. The 

F(t) matrix is chosen to be considered as a disturbance, and from 

hereon neglected. 

7.2.2 The Reference Model 

Choosing the model to be comprised of linear second order differential 

equations and so incorporate properties of inertia, damping and 

stiffness 

or 

Xm = Amxm + Bmum 

Xl 

X2 

xS 
= 

X4 

X5 

x8 
m 

o 1 0 

-01 -02 0 

o 0 

o 0 

o 0 

1 0 o 
o 
o 
o 

o -01 -02 0 

o 

o 
o 
o 
1 o 0 o 0 

o 0 o -01 -02 

Xl 

X2 

xs 

X4 

X5 

X8 
m 

(7.5) 

0 0 0 

[ 
Ul 

1. 
1 0 0 U2 

0 0 0 us 
+ 

0 1 0 

0 0 0 

0 0 1 
m m 

(7.8) 

This is a decoupled model, one for each of the three manipulator axis 

sub-systems. The same dynamics are required in each, for coordinated 

synchronous motion. Each of the sub-systems has two second order 

eigenvalues of Am at 

-q2 ± Hg2· - 4ql } (7.7) 
2 

These are chosen to be non-oscillatory and fast. Critically damped 

values are therefore taken. The model form is chosen with hindsight, 

as this simplifies evaluation and satisfaction of the Erzberger 

perfect model following criteria, also solution of the Lyapunov 

equation. To some extent. it limits manipulator performance. unless 

the models change as a function of manipulator configuration. 

150 



7.2.3 The Model Follower Gains 

Erzberger 1968 [7.1] derived conditions for perfect model following, 

which if satisfied are necessary but not sufficient to enable zero 

plant/model state error. From the MRACS design selected (figure 3.6) 

it is seen that 

~pl = -~p~p + Kuum 

where ~p - plant state feedback gain matrix 

Ku - input vector feedforward gain matrix 

hence on imposing perfect model following : 

Xm - ~p = 0 

Xm - ~p = 0 

(7.8) 

(7.9) 

(7.10) 

Substitution of equations 7.8, 7.9 and 7.10 into the state equations 

for the model and plant gives 

Am - ~p + ~p~p = 0 

and Bm - ~p~u = 0 

(7.11) 

(7.12) 

The Erzberger conditions are sufficient to enable equations 7.11 and 

7.12 to be solved in terms of ~u and ~p and are: 

( ! 8 - ~P ~P + ) ~m = 9 
( ~ 8 - ~p ~P + )( ~ - ~p) = 0 

(7.13) 

(7.14) 

~P is non square and so ~p+ is the left-Penrose pseudo inverse of ~p. 

Winsor and Roy 1970 [7.2] show that the solutions are 

~P = ~P + (~p - Am) 

and Ku = ~p+~m 
(7.15) 

(7.16) 

In the chosen MRACS configuration, Km = O. Stoten 1980 [3.2] used this 

scheme for a 2 d.o.f. planar linkage, achieving good results in 

simulation. Obtaining the inverse : 

l/B21 0 0 0 0 1 o 0 l/B42 0 0 
o 0 0 0 l/Be3 

(7.17) 

Equations 7.9 and 7.10 are satisfied and so the scheme satisfies the 

necessary conditions for perfect model following. 

Using the Winsor and Roy equations 

~o= [ 
01/B21 (Aaa+oa)/Bal 0 0 0 0 1 

o 0 01/B42 (02+A44)/B42 0 0 
o 0 0 0 01 1& 3 (oa + Au ) IBu 

(7.18) 
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and 
o 

1/B42 
o J .. ] 

The model follower gains are now specified. 

7.2.4 The Adaptor 

The adaptor should be designed to 

(7.19) 

ensure strong stability 

characteristics and that the model following state error goes to 

zero 

i.e. lim e(t) = 0 
t -). 

(7.20) 

Landau suggests the adaptor is decomposed into two parts 

(i) A linear time invariant part characterised by : 

where 

v = D e (7.21) 

v - equivalent feedback system linear component 
(linear compensator signal) 

D - equivalent linear part gain matrix 

e - plant to model following error 

(ii) A section generating 6~p(t.e) and 6~u(t.e). the gain changes 

required to nullify the errors due to disturbances and parameter 

variations. ~P and Ku are calculated using specific manipulator 

parameters. 

Using proportional plus integral adaptation, the general form of the 

second part of the adaptor is given by : 

6~p (t, e) = I:!l (y."C.t)d"C + !2(y.t) + 6~p (0) (7.22) 

6~u(t.e) = J:!l (y."C,t)d't + f2 (y.t) + 6~u (0) (7.23) 

where !l(mxn) and fl (mxm) are non-linear time varying relations 

between 6~p and 6Ku and the values of v for 0 ~ "C ~ t. 
N 

~2(mxn) and !2(mxm) are non-linear time varying relations between 6~p. 

6Ku and the values of y(t). These are transient terms which vanish 

for v = 0 or ! = O. The adaption signal becomes : 

~p2 (t) = 6~p ~p + 6Ku Um (7.24) 
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7.2.5 Adaptor Non Linear Section 

The condition for stability, given by Popov's hyperstability theorem 

is : 

Vtl ~ 0 

u is a finite, positive constant. From the schematic 

v = D e 

and w = [ 6 ~P (t, e) - ~P + (~ - ~p) - ~p] ~p 

+ [6~u(t,e) - ~p+~m + ~u] ~m 

(7.25) 

(7.26) 

(7.27) 

The adaptor form. based on Landau. is shown in figure 7.1. Landau 

constructs the non-linear section of the adaptor using the form of the 

Popov criterion as an aid 

6~p (t,:!) = r-oEl :!(~l ~p )T d-r; + £1 :!(~1 ~p)T + 6~p (0) (7.28) 

and 

S~u(t.:!) = J:£2~(~2~m)Td~ + £2~(~2~m)T + S~u (0) (7.29) 

£1 .~1 • £2 .~2 are positive definite matrices. £1.£2 are positive or non-

negative definite matrices. No derivation is presented for the values 

of the matrix elements, selection is apparently arbitrary within the 

above limits. The appropriate dimensions in this case are : 

(3x3) and nl (6x6) 

All six matrices can be chosen diagonal (for simplicity) according to 

the above conditions, Stoten suggests 

rl = rl = r2 = r2 = n2 = !3; the identity matrix, and 

1 0 0 0 0 0 
o u 0 0 0 0 
o 0 1 000 
OOOuOO 
o 0 0 0 1 0 
000 0 0 u 

where 0 < u < 1 (7.30) 
hence u reduces the velocity 

term weighting 

These gain matrices are found not to be arbitrary in practice, in this 

work. particularly if stability. robustness and zero error in the 

limit are to be attempted. Bundell 1985 [7.3] describes problems due 

to high frequency excitation and plant/model mismatch. 

Another problem which becomes apparent with Landau's adaptor in a real 

implementation and has not been described elsewhere. is the dependence 
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~------------------------------1 
7 e 

v 

Figure 7.1 Proportional Plus Integral Adaptation 

of these functions on the magnitudes of ~p and~. It should be noted 

that gain changes are functions of these vectors. When operating 

closely to zero values for example, minimal gain changes result. 

giving very low stiffness. For this reason the response 

characteristics vary artificially depending on the region of the state 

that the axis is working. With Landau's structure it is doubtful 

whether this problem can be overcome. 

7.2.6 Adaptor Linear Section 

If the non-linear part satisfies the Popov integral inequality then 

z(s) = D(sI - Am)-lBp (1.31) 
~ N ~ N N 

where z is the transfer matrix of the equivalent linear part and must 
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be strictly positive real. For stability to be assured 

D = ~pT P (7.32) 

where P is the positive definite symmetric matrix solution of the 

Lyapunov equation (second method) : 

'AmP + PAm = -Q -- - (7.33) 

To simplify solution, 9 is chosen diagonal. It is positive definite, 

again of nominally arbitrary magnitude. The QjJ terms weight the jth 

components of the model state error. Multiplying Q by a scalar 

component has the effect of multiplying all the gains of the P+I 

amplifiers. The even numbered rows weight the velocities and the odd, 

the displacements. 

The direct method for the solution of the Lyapunov equation may break 

down due to ill conditioning. Series methods are therefore put forward 

by Stoten, Jameson's method being used. 

These solution methods are extremely tedious for state vectors of 

dimension six. Computing the values numerically is practical, but 

given the sparcity of Am and the fact that 9 is chosen diagonal, an 

algebraic solution can be obtained (see appendix A). This enables more 

insight into the precise selection of various components and aids the 

'mechanisation' of the MRACS design process. 

It is clear that the patterns present in the solution may be 

extrapolated to cover the tn' axis case. Solutions for the P matrix 

elements are 

~(6x6) = [ :' Pa o 1 P5 
(7.34) 

where 

Pi = 1/2 [(02/01+1/02)Qii-Qi+1,iU/02 Qii/Ol 
-Qi i ( Qi + 1 I i + 1 -Qi i ) /02 ] (7.35) 

for i = 1,3 and 5 

To be positive definite, all principal minors must be positive, hence 

and 

Qi+l,i+1 - Qu > 0 
02 

(02 2 +201 )QuQiU,i+1 - 022Qii 2 - 01Qi+1,iU2 > 0 

(7.36) 

for Q to be positive definite, the only condition is that 

Qii > 0 for i = 1,2 ... 6 (7.38) 
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The linear compensator can now be computed as : 

-B21Ql1/2 
o 0 
o 0 

B21(Qzz-Ql1)/(2az) 0 0 0 01 
-B4ZQ33)/2 B42(Q44-Q33)/(2aa) 0 0 
o 0 -BssQss/2 Bss(Qss-Qss)/(2a2) 

(7.39) 

Controller elements can now be ~tated in a more complete form. The 

conventional linear section component : 

~pl = [ 
( -0'1 Xl P - (A2 a +0'2 ) X2 P + UIIII) /B21 1 
(-alX3p - (A44+aZ)X4p + uam)/B4a 
(-alX5p (Ass+aa)xsp + U3m)/Bea 

(7.40) 

Because of practical system limitations, the conventional feedback 

section was implemented on an analog computer. A velocity signal was 

not available, so the differential pressure feedback was used in its 

place. This had to be heavily slugged by the filter to prevent noise 

problems. Considering the non-linear adaptor, the result for de­

centralised control is 

~pa = 

XIPJ~lX1Pd~+~xapJ~lxaPd~+UlmJ~lulmd~+vlXlpa+vl~xapa+VlUlma 

X3PJ~ZX3Pd~+~X4pJ~aX4Pd~+uamJ~aUlmd~+vaX3P2+va~X4pa+v2uam2 

X5PJ~3XSPd~+~X8PJ~3X8Pd~+u3mJ~auallld~+vaXSP2+v3~X6P2+vaU3m2 

where the linear compensator gives : 

[

VI 1 = [ -Ba1Q11 (xlm-xlp)/2 + 
V = va = -B42Q33 (x3m-x3p)/2 + 
N va = -Bs3QsS(xSm-xsp)/2 + 

(7.41) 

B21 (Q22-Qll )(X2m-xap) 1 
B42 (Q44 -Qaa) (X4m-X4p) 
B68 (Qea -Qs 5) (X6m-X6p ) 

(7.42) 

Scaling terms will be required. In the steady state, it is a condition 

that 

~l p = 0 

hence 
~P ~p = ~u~m 

this implies ~2p = ~4p = ~6p = 0 

hence for scaling purposes : 

-0'1 Xl P = Ul m 
-0'1 X3p = U2m 
-alXSp = U3111 

(7.43) 

(7.44) 

(7.45) 
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7.3 MRACS Model Based Tuning of the Trajectory 

The MRACS model to be used in the scheme comprises 'n' decoupled 

second order systems, effectively force driven (as opposed to motion 

driven). It is therefore a relatively straightforward case of that 

shown in section 5.4. The case can be treated with each degree of 

freedom separated. Each decoupled model is : 

qj + 2lwnQj + Wn 2 qj = wn 2 Fj (7.46) 

and each has the same set of coefficients; and wn for coordinated 

motion. In this joint based trajectory case, 5th degree polynomials 

are selected. Boundary conditions comprise zero velocity and 

acceleration. The desired jth axis motions are defined by : 

5 
qj{t) = I OiJtl 0 S t s T (7.47) 

laO 
where for each of the axes, (dropping the joint 'j' subscript for 

brevity) : 

co = dl 
C1 = C2 = 0 
03 = 10(da-dl )/T3 
C4 = -15 (da -d1 ) IT4 
CS = 6 ( da -dl ) ITS 

given the axis model 

q(t) + 2lwnq(t) + wnZq(t) = wnar(t) 

If we let 

01 = 2'fwn 
02 = wn a 

and assuming the tuned motion is defined by 

5 
rJ (t) = I bi t l 

1-0 

then solutions can be found for the bl as follows 

bo = 00 
bl = 603 loa 
ba = ( 12c4 +30103 ) laa 
b3 = (20C5 + 401 C4 +OZ cs ) laa 
b4 = ( 501 CS +aa C4 ) laa 
bs = cs 

(7.48) 

(7.49) 

(7.50) 

(7.51) 

(7.52) 
In continuous state space form, each axis sub-system is : 

[:: 1 = [ 
o 1 

-a2 -01 

where Xl = q and X2 = q, giving the discrete solution 

Xi + 1 = PXi + Qri 
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which for the critical or overdamped case with sample interval St 

(section 3.3) 

p = ~ [ oa-Ol 

and 

-016t -oaSt 
oaE -alE 

-016t -oa6t 
-oloa(E -E ) 

(7.55) 

Q = ~[ 
-o16t -oaSt 1 oa(l-E ) - 01 (l-E ) 

-OlSt -oa6t 
oloa(E -E ) 

(7.56) 

For any specific case, all the matrix elements are constant. The model 

response computation for each axis reduces to six multiplications and 

four additions, (plus the scaling to 12 bit integers). Note that the 

algebraic solution for the bj coefficients will only function for the 

specific case of fifth degree joint based polynomials. With the above 

discrete solution (equation 7.54), a tuned law can be obtained for any 

motion. There is an extra 'cost' in that the motion velocity must be 

available to compute the tuned law. There may also be a small drift 

due to an accumulation of computational errors in the tuned law. 

7.4 MRACS Implementation 

It can be shown that a perfect response can be attained, given a 

motion law tuned to the exact dynamics of the system being driven. The 

proposed MRACS should though be capable of making the robot dynamics 

appear as if they approximated to three de-coupled second order 

systems, with pre-specified and hence known characteristics. If this 

can be achieved in practice then near perfect responses should be 

possible, using much simpler dynamic models. 

7.4.1 Single Axis Tests 

As a starting point, an application to a single degree of freedom 

electric motor and load was tested. The motor used was that described 

in figure 6.9. The controller was implemented in full on an EAL580 

analog computer (Circuit shown in figure 7.2). The objective here was 

simply to demonstrate the ability of the controller to force a system 

to behave in a specified manner. Model parameters were set to give : 

(i) An oscillatory system with 0.5 damping coefficient and the 

circular natural frequency Wn = 1/{2, figure 7.3 
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Figure 7.2 Single Axis Analog Based MRACS Circuit 
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(ii) An oscillatory system with 1/~2 damping and wn = 1/~2, 
fi~ure 7.4. 

(iii) Critical damping with a settling time to 4~ of 1 second 

(close to the servo-motor systems natural 'dynamics', figure 7.5 

Step response results for the three cases are presented. 

As already explained in section 6.3, the motor unit possessed a large 

amount of backlash and Coulomb friction. The potentiometer used was 

also wirewound and coarse in resolution. It would appear that even 

with these difficulties, the controller was able to give the required 

result. 

7.4.2 Industrial Robot Implementation 

Moving on to the robot system, based on the 'Little Giant' as used 

earlier, some preliminary work was needed before implementation. The 

complete MRACS controller derived in section 7.2 is outlined 

diagrammatically in figure 7.6. The controller as derived has been 

scaled to the actual system and discretised using simple transforms. 

Velocity data is also needed. Whereas in chapter B, velocity estimates 

can be computed off-line (permitting use of the more accurate central 

differences formula), here velocity must be estimated in real time. 

The method used therefore is a backward differences formula. 

For any feedback controller to work well, its dynamics must be 

significantly faster than those of the system being controlled. If the 

sin~le axis analog results are indicative, high frequency components 

(up to 750 Hz) are used within the control signal. These may be 

derived from the backlash, coupled to the adaptor's ability to change 

gains at very high rates. In the robot system, the oscillatory 

dynamics can probably be characterised well, as being within the 1 to 

30 Hz region, hence at ten times this 300 Hz sampling would probably 

be a little faster than necessary. The computational hardware has a 

basic communications overhead constraint of 147 Hz which, less the 

computation, eventually ended up at around 67 Hz. It is clear that 

this will reduce the performance and/or stability of the controller. 
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which is derived from the differentiated Newton-Gregory backward 

differences formula, with all the appropriate difference terms 

substituted and cancelled. It is computationally more efficient to 

retain the velocity term as an integer and scaling is required anyway. 

so the 6 6t term can be omitted. This is further taken advantage of by 

precomputing a suitably scaled velocity command. Discretisation and 

signal noise demand that a filter be added to the velocity estimate. 

It comprises more or less a single discrete integrator with lag. The 

only remaining active or dynamic terms are the integrators used in the 

non-linear adaptor. The zero order hold equivalence principle tells us 

that the conversion of the continuous time integrator to the 

discretised version is given by 

G(z) ~=il 
(z-l)a z-l 

which over the interval [O,t] is equivalent to 

for 

J:f(t) dt = J:f(i.6t) 

6t small. Expressed as 

i at /at 
dt - I f(i.6t) 6t 

laO 
a computational algorithm 

intf[iJ = intf[i-1] + f[i-1]*6t 

(7.58) 

(7.59) 

(7.60) 

which is computed cyclically within the control loop, given 

intf[O] = OJ t = i*Stj f5 f(t); intf 5 I:f(t) dt (7.61) 

which is only accurate if the change in f(t) within one sample 

interval is small. From equation 7.42, the linear compensator for each 

axis can be reduced to 

vJ = KaJ(xJm-xJP) + KlJ (xjm-xjp) (7.62) 

where KlJ and KaJ must be positive constants. In order to weight the 

displacement tracking accuracy (over the velocity tracking), the KaJ 

term should be larger than K1J. 

The non-linear adaptor in the diagram (figure 7.1) is also reduced in 

form. The combination of gains into the overall factors f1,f2,f3 and 

f4 helps to reduce the amount of real time control computation 

(figure 7.6). This 'lumping together' is permissible because several 

of the iain terms are of nominal magnitude. The motion tuning is 

carried out as already described, giving a solution for the model 

input as : 
Ul. = (Ul. ( i + 1) - P1 1 UllII ( i) - Pl 2 UllII ( i) ) /Ql 1 

t.uned 
(7.63) 

Note that to evaluate this expression, the command velocity must be 

available. 
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7.4.4 Joint Based Motions with Dynamic Tuning 

Various system parameters were established including suitable model 

time constants, a sampling interval, gains and filter constants. 

Typical values are shown in the MRACSDAT data file, table 7.7. The 

initial nominal motion used was that of section 6.3.4, enabling ease 

of comparison. The flowchart for the program is shown in figure 7.8. 

With zero velocity error gain, the system was found to be hopelessly 

unstable. Figure 7.9 shows reasonable tracking for a short period, 

then a rapidly increasing error term towards the end of the first 

motion segment. The sudden cessation in response is due to the power 

being cut off for safety reasons. Note the units of time along the 

horizontal axis are in sample intervals of 15ms, hence the nominal 

motion contains 524 samples. 

o 
0.015 

1E-5 

5E-4 

1E-5 

5E-4 

1E-5 

5E-4 

1E-5 

1E-5 

5E-7 

lE-4 

2 

48 

576 

1.68 

1.5 

1.5 

50 

0.25 

Table 7.7 

debug - controls quantity of debugging information 

delta - sample interval 

Kl [1] - velocity error gain, axis 1 

K2[l] - displacement error gain, axis 1 

Kl[2) - velocity error gain, axis 2 

K2[2) - displacement error gain, axis 2 

Kl [3) - velocity error gain, axis 3 

K2[3] - displacement error gain, axis 3 

f1 - grouped terms adaptor gain 1 

f2 

fa 

- grouped terms adaptor gain 2 

- grouped terms adaptor gain 3 

f4 - grouped terms adaptor gain 4 

solution type for tuning 1 - discrete 

01 model parameter 

02 model parameter 

2 - continuous 

duration of rise and fall, 2nd and 4th segments 

dwell time, 1st and 3rd segments 

dwell time, 5th and final segment 

number of dummy samples executed before run 

velocity filter decay constant 

MRACS Program - Variable Parameters for Operation 
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Figure 7.9 Gain Adjustment - Unstable Response 
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Figure 7.10 Gain Adjustment - Marginal Instability 
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Introducing the velocity error feedback term, (at 100 times its final 

value), resulted in a bounded hence marginal instability (figure 

7.10). Progressive adjustment of the gains led to an acceptable set of 

values (in stability terms). Figure 7.11 shows a response to the 

nominal motion using the reference values of table 7.7. 
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Figure 7.11 MRACS Gains - Reference Value Results 

The first motion segment is the MRACS model based, tuned one. the 

second motion segment being un-tuned. The format is similar to that of 

section 6.4. Note that the response leads the command for axes 2 & 3. 

Axis error is part lag then lead for roughly equal durations. In all 

cases a significant reduction in error is achieved. Command and 

response velooities are also shown in figure 7.11. The shortest sample 

interval possible for the full controller was established as 14.8 

milliseconds. (The communications overhead left a computation time 

available of B.B ms. In this time, some 60 multiplications, 60 
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additions, 40 assignments and various other operations are performed 

in both integer and floating point arithmetio in MS-Pasoal). 
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Figure 7.12 Reduoed Motion Duration 

Reduoing the motion duration from 1.68 seoonds to 1.2 seoonds, oauses 

a large increase in peak error of the un-tuned motion (figure 7.12), 

from 92 to 164 units. The tuned motion segment errors remain about the 

same at 21 units. 

Returning to the original reference settings, but adding the 16.2kg 

load, resulted in responses as in figure 7.13. Compared to the 

reference results of figure 7.11, the changes in overall error 

magnitudes are small. 

Disturbances consisting of a 1 Hz sine wave, 1v peak to peak, added 

into the displacement servo-amplifiers summing Junction, in 

conjunction with the load were provided to eaoh axis separately. In 

displacement, this corresponds to an enforced error of approximately 

41 units peak to peak on each axis. Results indicate disturbance error 

values of 41,40 and 46 units for axes 1,2 and 3; figures 7.14 to 7.16 

respectively. In hindsight, the disturbances should have been added 

elsewhere. The locations at which they were input simply confused the 

feedback displacement data. 
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Figure 7.13 Inoreased Load 
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Figure 7.14 1 Hz Disturbance on Axis 1 
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Figure 7.15 1 Hz Disturbance on Axis 2 
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Figure 7.16 1 Hz Disturbance on Axis 3 
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Centre Figure 7.18 MRACS at 20ms Sample Interval 

Lower Figure 7.19 MRACS at 25ms Sample Interval 
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(.) AIel. 3 Err_ 

Earlier experiences suggested gains needed to be increased. The 

excessively long sample interval was considered to be the obstacle. It 

could not be reduced with the given'hardware, but some insight might 

be obtained by increasi~g it. Figures 7.17 to 7.19 show the errors 

from the motion, operated at 15,20 and 25 ms. Note that the units of 

time change accordingly, although the scale width (overall duration) 

remains the same at 7.86 seconds. (524, 393 and 314 samples 

respectively). The differences in error level are negligible. The 

implications are either : 

(i) 15ms is adequate as a sampling interval in this case. 

or (ii) The non-linear adaptor is not contributing significantly to 

the system performance. Most of the performance improvement 

stems from the motion tuning, not the oontroller. 
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7.4.5 Cartesian Based Motions with Dynamic Tuning 

Motions used in the tests carried out so far comprised joint based 

trajectories of the same basic form. The infinite array of potential 

variables to some extent necessitates this strategy. The analytic work 

carried out in earlier sections is by no means restricted to such 

simple motions. The tuning method particularly, is not specific to 

joint based motions. In order to demonstrate the wider capabilities, 

Cartesian motions were tested. 
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~o Tron.ducer. , 
Mo~lon Commond Oo~o 

In S~ondord Form 

Figure 7.20 WMRACS Program Flowchart 

(Coupled to figure 7.8) 

The program used for the earlier MRACS implementation takes in motion 

data of the format described in chapter 4. All that is needed to 

generate Cartesian motions is a kinematic inversion, some means of 
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specifying the motion, checking its feasibility and dynamically tuning 

it. The program, called WMRACS.PAS (appendix B) is outlined in the 

flow chart, figure 7.20. 

100.0 
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SSO.O 

850.0 [7 
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Co) Sido View X-Z PI~ Lookl", In 

Figure 7.21 Cartesian Based Test Motions - Paths in Space 

The first Cartesian motion generated was a horizontal straight line, 

in which the return is made via a vertical descent, followed by an 

arcuit retraction. Three views of the motion in Cartesian space are 

shown in figure 7.21. This is a five segment motion, the boundary 

conditions being defined in table 7.22. The nominal X,V and Z 

displacements are shown in figure 7.23(a), with the corresponding 

nominal joint motions in figure 7.23(b). Likewise, X,V and Z 

velocities along with their nominal joint counterparts are shown in 

figures 7.23(c) and 7.23(d). 

do 
vo 
ao 

d1 
V1 
a1 

da 
va 
aa 

d3 
V3 
83 

d4 
V4 
a4 

ds 
V5 
85 

X(m) 

1.1 
o 
o 
0.9 

-0.35 
o 
0.85 
o 
o 
0.85 
o 
o 
0.9 
0.35 
o 
1.1 
o 
o 

V(m) 

0.1 
o 
o 

-0.1 
-0.35 
o 

-0.15 
o 
o 

-0.15 
o 
o 

-0.1 
0.35 
o 
0.1 
o 
o 

Z(m) 

0.9 
o 
o 
0.9 
o 
o 
0.875 

-0.3333 
o 
0.825 

-0.3333 
o 
0.8 
o 
o 
0.9 
o 
o 

t(sec) 

o 

0.75 

0.975 

1.125 

1. 35 

2.1 

Table 7.22 WMRACS Program Motion Boundary Conditions 
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Figure 7.23 Nominal Joint Axis & Cartesian Coordinate Motions 

Key X or Axis 1 

Yor Axis 2 

Z 0" Axis 3 

The distortions due to the kinematic transformations can be seen, but 

it is noted that these .distortions are not large for the region of 

motion considered and the particular robot. The responses (scaled as 

12 bit integer units, as opposed to the earlier figures which are 

'real' joint variable values in terms of radians/metres etc.) are 

shown for axes 1,2 and 3 in figure 7.24. Repeating the same motion 

with each of the segments at half the duration gave a great increase 

in error magnitudes, as is seen in figure 7.25. 
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Figure 7.24 Cartesian Based Test Motion - 2.1 Second Duration 
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Figure 7.25 Cartesian Based Test Motion - 1.05 Second Duration 
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FiiUre 7.26 Cartesian Based Test Motion - 4.2 Second Duration 

The large increase appears predominatly due to the saturation of axis 

3, and the subsequent interactions between the axes. Doublins t.he 

motion durations relative to the first set, gave the responses shown 

in fiiure 7.26. Note the added complication in interpreting the 

results, due to the polynomial wandering introduced, in changing the 

durations. Boundary conditions could have been altered to take account 

of this. The error is aggravated by the increased complexity in the 

command being tracked. 

The results from the MRACS scheme are not rewarding. The promise of 

earlier single axis work was not demonstrated in t.he expanded scheme. 

The reasons for the degradation are thought. to include : 

(i) Sample interval. The single axis analogue version had a far 

wider bandwidth than the final digital implementat.ion. 

(ii) System gains were severely limited, probably by virtue of 

the sample interval. 

(iii) Filtering on the differential pressure feedback introduced 

additional lags in the system. 

(iv) Velocity estimation noise is a 

resolution and sample interval, 

high enough. 
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8 Self Learning for Motion Speed Increase 

The conventional optimisation of motion duration is dependent upon the 

development of accurate dynamic models and the knowledge of all the 

parameter values [3.2, 3.3, 4.6, 8.1, 8.2, 8.3]. It is then a complex 

task to compute the optimum motion, which is specific to one 

particular robot and a given motion. 

Instead of working from the standpoint of artificially imposed limits, 

why not speed up the robot until it exhibits signs of saturation? If 

it were possible to develop a simple, probably experimentally based 

technique, a number of the problems might be resolved. 

It is necessary to stop speeding up at saturation to 

(i) prevent a loss of axis coordination (giving rise to 

collisions) . 

(i1) reduce vibration causing low component lives 

8.1 Optimum Motions Along a Fixed Path in Space. 

Problem Type - In practice the problem could be specified as to 

minimise time taken to mOVe along a fixed path in space, given 

boundary conditions which probably include 

di!5placements 

velocities 

accelerations 

for the dynamic system : 

q(O), q(T) 

q(O) = q(T) = 0 

q(O) = q(T) = 0 

subject to actuator constraints such as 

T.ln(t) ~ T ~ Tmax(t) .. .. .. 
8.1.1 Optimal Control 

(8.l) 

(8.2) 

(8.3) 

Pontryagin's Maximum principle states that a necessary condition for a 

maximum of the performance index is that the system Hamiltonian be a 

minimum with respect to the control input (and vice versa for the 

minimum principle). In practice the solutions for the required control 

input are intractable for all but the simplest of systems. The robot 
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trajectory duration minimisation can be described as a two point 

boundary value problem applied to a set of coupled non-linear 

differential equations. Solutions have been obtained by linearising 

the dynamics of particularly ~imple classes of robot. 

8.1.2 Searching Techniques 

A phase plane representation of the motion along a fixed path or 

alternatively a tesselated grid or discretised state or torque space 

(Look up table) is searched using varying degrees of knowledge about 

the system. With constraints such as those imposed by actuators, 

regions within the search 'maps' become inadmissable. Whether or not 

the solutions obtained are minimum time will depend on the solution 

strategy. 

8.1.3 Model Based Techniques 

Classic analyses of the minimum time problem consider the system open 

loop, pure torques being generated exactly as required. They are 

simulations, in which the parameters are arbitrary and have 

configurations which inherently simplify the dynamics. Assumptions 

made include perfect parameter and motion variable measurement, the 

knowledge of higher derivatives of motion variables, the absence of 

noise, infinite sampling frequency and the classic rigid body dynamic 

model. Constrained to the computer environment, the performance of 

such models is not surprisingly high. 

More recent analyses are likely to include some actuator limitations 

(albeit simply modelled) and closed loop control. 

For each given set of robot joint displacements and velocities, 

Shiller and Dubowsky 1985 (3.2] compute ranges of maximum and minimum 

joint acceleration capabilities. By writing the equations of motion in 

the form: 

(8.3) 

where ~ is the displacement along the pre-defined path, the 

contributions to ~ from each of the joints are considered in turn, and 

the overall maximum and minimum measured, these being the combined 
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limits imposed by each of the actuators. These are functions of~, ~. 

The minimum time motion is achieved when ~ is equal to either the 

combined maximum or minimum. The remaining problem is to find the 

switching points. This is performed on the path velocity/displacement 

curve, (phase plane) using the limiting tangential path velocity 

(the velocity at which there is no torque available to accelerate 

along the path) to locate the optimum switching points). It appears an 

elegant technique, and requires : 

(i) A full dynamic model and coefficient values. 

(ii) Actuator saturation limits as functions of joint 

displacement and velocity. 

(iii) Predefined paths. 

(iv) Multiple switching points. 

(v) Substantial iterative computation. 

The models are the conventional basic dynamics with the addition of 

actuator saturation. Instantaneous changes in acceleration, velocity 

and torque are required. 

Shin and McKay 1985 [8.1] adopt a similar technique. They express the 

dynamic equations in terms of the base parameter defining motion along 

the fixed 'geometric path constraint'. Input torque constraints 

(functions of the path parameters and its derivative) are 

incorporated. Manipulation of the second derivative of the path 

parameter (a single scalar) yields explicit bounds on it. They assume 

the application of Pontryagin's maximum priciple to be impractical in 

this case. Alternatively, advantage is taken of the form of their cost 

function. 

Effectively, the maximum acceleration vectors on the plane are 

computed 

vectors 

forward from the path 

back from the end point. 

start point, maximum deceleration 

If they intersect then the single 

switching point path gives the minimum time trajectory. They may not 

because of various inadmissable regions. Strategies are described to 

cope with these other situations. 

Goor 1984 [3.11) states that robot dynamics is dominated by that of 

the motor. This assumption leads to bang-bang motion control 
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requirements. Because of the simpler dynamic form, adaptive velocity 

feed forward terms are computed, nominally eliminating the dependancy 

of accuracy on speed. The reduced complexity is justified by magnitude 

comparisons between the constituents of the dynamic coefficients. 

Seeger and 

trajectories 

Paul 1985 

(figure 

[8.2] uses Paul's earlier piecewise 

4.1, constant joint velocity with 

linear 

'rounded 

corners') they then model the robot as 

where 

Uj = blij9j + b2ij 

UJ - axis j input current 

9j - axis j angular acceleration 

bllJ total inertia seen at the motor 

b2iJ gravity loading and friction 

(8.4) 

The constants bliJ and b2iJ are different for each transition and each 

joint. The simplifications made are admitted to be radical. Maximum 

axis motor currents are measured. On the next run, the segment 

duration is based on a fraction of the measured maximum current 

divided by the axis current limit. Because the motion laws are more or 

less constant velocity, it is easy to assess whether or not velocity 

limits are being exceeded. 

Sahar and Hollerbach 1984 [8.3] point out that the application of 

standard optimal control to linearised dynamic models is cast into 

doubt because of the invalidity of neglecting velocity products. Their 

method appears to be a tree search of all possible solutions although 

the limited number of possible velocities at the end of each segment 

reduced the search size. The resolution of search was not very fine. 

Observations made are : 

(i) The fastest path is close to a straight line in joint space 

(ii) The path is symmetric about the mid-point between the 

starting point and the destination 

(iii) The torque switches twice at most 

It is computationally intensive, requiring from minutes to hours for a 

low resolution grid search. The three observations support the use of 

symmetric joint polynomials as motion laws. 
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6.1.4 Hollerbach's Time Scaling of Trajectories 

Hollerbach 1964 [5.1] describes a means of recomputing the torque 

profile required for a motion, when the motion duration is reduced. 

Knowledge of the dynamic model is assumed, and is presented in a 

slightly different form than usual. To recompute the torque profile 

requires the separation of the gravitational term from the initial 

torque profile. The remainder is then mUltiplied by the speed increase 

factor squared, and then added to the gravitational term. Hollerbach 

does not consider the problem that the reduction in duration will 

cause the sample points to differ from the earlier computation. Some 

kind of interpolation is therefore required, if the dynamics are not 

to be completely recomputed. It does appear to be a very powerful 

technique for time optimisation of co-ordinated motions along specific 

paths. Hollerbach applies it to a simple DC servo-motor driven robot 

in a computer simulation. 

By computing the available torque over the motion, net of the 

gravitational term, it is possible to compute a single scalar defining 

the speed increase which can be applied to the motion to just achieve 

actuator saturation. There are still simplifications, but they are 

minor compared to other methods. An interesting modification would be 

possible if the joint torques (as measured) were available on a robot. 

The gravitational torque terms are generally easy to compute. 

Computing the gravitational torques and subtracting from the total 

measured would then give the sub-total of the Inertial, Coreolis and 

Centripetal torques. If the actuator torque saturation limits were 

known, then the speed increase factor (for a specific co-ordinated 

motion) could be directly computed, without resorting to a large 

computational resource. In this half analytical/half experimental 

manner, the duration could be optimised, for a specific motion. 

8.1.5 Summary of Optimised Motion Properties 

Analytic/model based schemes for minimum time trajectories infer 

(i) Minimum time displacement paths are continuous in value to 

velocity at least, implying path functions which are at least 

quadratic. 
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(ii) Optimal torque 'commands' comprise switches from one 

extreme limiting state, to another. The number of these switches, 

although it can theoretically be large, is usually only a few, 

two being typical. The resultant velocity proflle ls, broadly 

speaking, a skewed parabolic curve. Hence if a polynomial 

displacement law approximation was used it would have to be at 

least cubic. 

(iii) At anyone time, only one actuator will, in general, be at 

its limit. Therefore saturation occurs at one actuator only and 

will be in a limited region of the motion. 

(iv) The analytic minimum time problem becomes scalar and hence 

tractable if the path in space is predefined. The remaining 

'variable' is the motion along the path, as a function of time. 

(v) The fastest path can be approximated to a 'straight line' in 

joint space i.e. the Joint motions are proportionately 

synchronous/co-ordinated to the same parameter i.e. time. 

(vi) The path is near symmetric about the mid-point between the 

starting point and the destination. 

(vii) Analytic methods assume knowledge of payload mass 

properties and complete manipulator dynamics. 

(viii) Minimum time analysis is simplified if carried out in 

joint co-ordinate space, as the kinematic transformations are 

eliminated. A minimum time requirement often implies that the 

path is relatively arbitrary, hence there is reduced need for 

Cartesian co-ordinate based motions, other than for collision 

avoidance. 

8.2 Actuator Characteristics 

If motion durations are to be reduced without changing the manipulator 

design, then the limitations imposed by the actuators must be 

considered. Drives used in robots are mostly electric or hydraulic. 

Few pneumatic servo systems exist and so will not be considered. 
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8.2.1 Electrical Motors 

Electrical motors which can be used as servo devices are generally: 

DC Armature voltage control, fixed field current 

DC Armature current control, permanent magnet, brushed 

DC Armature current fixed, field current control 

DC Field current control, permanent magnet, brushless 

AC Two phase induction motor 

The steady state characteristics (torque,speed) of these devices are 

well known, and in broad terms. shown in figures 8.1(a) to (c). 

Industrial robots do not operate under steady state conditions. so we 

are interested in the dynamically available excess torques. These will 

be functions of motor inertia and viscous friction, coil inductance 

and resistance. load characteristics, angular velocity, angular 

acceleration and to a lesser extent, jerk. 

Limitations imposed within the motor will include maximum flux 

density, peak and continuous current limits due to winding temperature 

limits, which limit torque output, commutator (if any) current/speed 

characteristics, servo amplifier current limits, maximum bearing or 

commutator running design speed. 

Grouping all the electrical motors together, a steady state torque 

limit is imposed by the lesser of : 

(i) Flux saturation current 

(H) Windings temperature 

(Hi) Commutator current limit 

(iv) Servo amplifier current limit 

(This is normally set to suit motor parameters i,ii and iii) 

Similarly, a steady state speed limit will arise from the lesser of 

(i) Viscous friction balancing output torque 

(11) Bearing rotational speed limitations 

(iii) Back emf generated, balancing the supply voltage 

(iv) Commutation speed limit 
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To,.q .... 

In between the two limits, the torque/speed limiting ourve will be 

defined by one or more of the aforementioned, or the overall motor 

power curve. 

In very broad terms, all these steady state torque/speed limitations 

may be encompassed by the curves shown in figure 8.3. Assuming the 

robot to possess more or less constant viscous friotion at the joints, 

the dynamically available exoess torque oan be taken from the 

difference between the current constant speed/torque value and the 

upper torque limit on the curve. 
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8.2.2 Electro-Hydraulic Motors 

The electro-hydraulic servo system presents similar limitations in 

performance. One, which is not so evident in the electrical system, 

can be termed power coupling. When multiple actuators demand power 

simultaneously, in the electrical case the supply rails can be 

maintained near design level because of the very large reserve in the 

basic power supply. In the hydraulic case, the total flow pressure 

combination available is limited. All the hydraulic actuators are 

taken from a common supply source, hence they are more or less at the 

same pressure. Should one draw a large flow at low pressure, for 

example in a gravitationally aided movement, the line pressure drops, 

and the other actuators are starved of flow. Considering a single 

hydraulic linear actuator or ram, the approximate force/speed curve, 

as determined by a flow control servo-valve is shown in figure 8.2. 

The dynamically available excess forces will be dependent on the ram 

and load inertia and viscous friction, leakage, compressibility 

effects, the velocity and acceleration. The hydraulic servo is not as 

'linear' as the DC motor. It is often modelled around a perturbation 

point, especially when the load reaction is small. 

Steady state force limitations are very simple to arrive at, being the 

maximum zero or low flow system pressure, multiplied by the effective 

actuator area. Likewise, steady state speed limitations are imposed at 

zero or low pressure by the maximum pump flow rate. The steady state 

performance of the electro-hydraulic actuator can therefore be 

approximated to be similar to the electrical motor, in broad terms, as 

shown in figure 8.2. 

8.3 Trajectory Time Scaling in Motion Generation 

The trajectory which satisfies the required set of boundary 

conditions, is initially described by a function of time. Once 

computed, it becomes a sequence of displacement data points. Whilst a 

function, the most obvious way to produce the same displacement law 

profile for a new duration, is to recompute the law. For joint 

polynomial trajectories, solutions for the coefficients are defined in 

section 4.3 as : 
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c = T-lb (8.5) - - -
When algebraically inverted for the fifth degree symmetric case it 

requires around 33 multiplications, 15 additions, and the re-

computation of the law i.e. 5 multiplications and 5 additions per 

sample. This computation is required for each of the axes, and is 

added to an already heavy computational load. 

If the trajectory is also specified in terms of world co-ordinates 

then there is further overhead due to the additional kinematic 

solutions. This will vary depending on the robot configuration. For 

the three spatial axes of the Little Giant, it corresponds to around : 

2 inverse tangents; 2 square roots; 15 multiplications; 14 additions; 

2 cosines and 1 sine which may be up to 30,000 cpu execution cycles 

depending on the processor used. 

Noting that the path shape in space does not change with time for co­

ordinated motions, one option is to utilise the already computed path 

data and time scale using some interpolation method. (It would be 

simpler to change the ,sample interval, but this 1s not normally 

flexible.) 

The most basic method, that of linear interpolation. is defined by : 

where 

r(to + ~6t) - r(to) + ~[r(to + Bt) - r(to)] 

o < ~ < 1 

(8.6) 

In practice. the computation is reduced to around 5 additions and 3 

multiplications per axis (appendix A). The error accumulation in its 

repeated usage is also shown to be small. for representative motions. 

There is also no need to re-compute the kinematics. 

8.4 Scheme Strategy and Saturation Detection 

8.4.1 Proposed Starting Point 

A scheme for increasing speed can be developed. with the following 

characteristics : 

(i) trajectory data defining the path in space as a function of 

time. A fifth degree polynomial defines the trajectory. which has 

been shown to exhibit an effective compromise between the 
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potential for increasing vibration and maintaining computational 

efficiency. 

(ii) the trajectory duration can be progressively reduced using a 

simple relationship like : 

where 

Tk+l = Rk.Tk 

T - motion duration 
k - run number 1.2.3 .... 
R - duration reduction factor 

(8.7) 

(iii) the trajectory data points can be re-computed sufficiently 

accurately using a simple linear interpolation formula. 

Hollerbach's 1984 [5.1] time scaling property implies that there is a 

speed increase squared factor plus a constant offset. defining the 

change in the total torque demand as a function of motion duration. 

Hence. when progressively reducing the motion duration. in order to 

obtain approximately linear increase in demand torque. the decrease in 

duration can be derived by the recursive expression 

hk+l = i( 2 - -1- ) 
hkZ 

(8.8) 

where h is a scalar defining the change in time scale. This equation 

approximates to equation 8.7 if Rk - 1. 

8.4.2 The Need for Saturation Avoidance 

Once an actuator is operating in a saturated region. the servo system 

can no longer maintain proper control over the motion. This can lead 

to the loss of tracking accuracy. joint axis co-ordination and give 

rise to collisions. As an actuator enters and leaves saturation. there 

is a discontinuity at some derivative of the force or torque provided 

by the actuator. The lower the order of discontinuity. the greater the 

significance of the resultant vibration. This vibration will not only 

make the task more difficult to perform. but may reduce the 

components' working lives. Operating continually in a saturated region 

may also caUSe overheating and resultant rapid wear or damage. 

8.4.3 Specification of an Idealised Saturation Parameter 

Some parameter is required as an indicator of saturation, whilst the 

motion is cyclically reduced in duration. An idealised parameter would 
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have the following properties 

(i) It must cope with arbitrary motion boundary conditions. 

(Velocity and acceleration conditions should also be considered 

in general, but are neglected here.) 

(ii) It should cope with varying and probably unkown loads at the 

gripper. 

(iii) The computation required to evaluate it must not be 

excessive. 

(iv) It should be repeatable and immune from noise sources such 

as signal noise, joint repeatability and discretisation. 

(v) It should not be robot specific. 

(vi) It should be a clear indicator of saturation, i.e. 

sensitivity should be high, giving a marked 'switching' level. 

(vii) It should be able to detect saturation arising in a small 

reiion of the response on any axis. 

Some of these requirements are conflicting and so a compromise must be 

reached. It is hypothesised that scalar quantities can be found, 

which are normalised to be independent of displacements and time, and 

satisfy most of the above requirements. Retaining a constant motion 

law function is later found to simplify the otherwise general nature 

of the problem. 

The progressive onset of saturation is difficult to detect by eye in 

anyone displacement response. For reduction factors close to unity, 

the change due to saturation between any pair of responses 15 small. 

Qualitatively, the robot itself behaves less smoothly and may begin to 

judder visibly, or overshoot its endpoint. 

8.4.4 Onset of Saturation in Robot Responses 

Lookini in more detail at the displacement response and errors to a 

typical command, figures 8.4 to 8.10 cover the same motion, with 

durations 3, 1.5, 1.21, 1.03, 0.93, 0.83, 0.54 seconds. The motion 

details are shown in table 8.11. The left hand motion segment is 

progressively reduced, the right hand segment is held constant for 

reference. 

190 



2.SOO 

2.2'>0 

2.000 

250.0 sao.O '1SO.0 1.000 
c.) A.,. 1 ~ ~ R •• ~. 

SO. 00 

25.00 

-25.00 

Cd) A.I. 1 E~ 

3.000 

2.500 

2.000 

250.0 500.0 '150.0 1.000 
Cb) A.I. 2 C~ ~ R •• pDft8. 

50.00 

25.00 

-25.00 

-50.00 

C.) A.,. 2 E~~ 

250.0 sao.O '150.0 1.000 
Co) A.I. a eo...nd ~ R •• pDft8. 

50.00 

-50.00 
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Low 
Condition 

Hi,h 
Condition 

Axis 1 
Swing 

-0.3927 rads 
-22.5 deg 
1163 units 

+0.3927 rads 
+22.6 deg 
2431 units 

Motion 0.7854 rads 
Ran,e 45 deg 

768 units 
(:t120 deg max) 

Axis 2 
Vertical 

+1.4399 rads 
+82.6 deg 
1535 units 

+1. 7017 rads 
+97.6 deg 
2559 units 

0.26181 rads 
15 deg 
1024 units 
(±30 deg max) 

Axis 3 
Horizontal 

+0.8 m 
+800 mm 
1676 units 

+1.0 m 
1000 mm 
2751 units 

0.2 m 
200 mm 
1075 units 
(762 mm max) 

Table 8.11 Test Motion Boundary Conditions 

The 3 second duration, figure 8.4, actually appears too slow. The 

robot is driven via servo valves and hydraulic cylinders. The Moog 

servo valves used possess non-linearities in control flow (between 50% 

to 200% of normal flow gain) at low flows because of the spool null 

position design and manufacturing tolerancing. Hydraulic cylinders 

also possess high levels of Coulomb friction, due to the high sealing 

forces. Although there is integral aotion in the servo loop, the oil 

chamber is also known to contain entrained air. It is these three i.e. 

Coulomb friction, fluid oompressibility and integral aotion whioh 

causes this situation when servoed at low cylinder ram velocities. 

Reducing the duration to 1.5 seconds, figure 8.6, the error curves 

appear smoother and more predictable. The steady state errors can 
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usually be nullified, being due to DAC and ADC offsets, various servo 

and power amplifier offsets. The integral term, at first sight should 

cope with at least some of these, but the integrator (spool valve) 

possesses probably the most serious offset fluctuation within itself. 

The valve offset varies with temperature, acceleration, supply 

pressure, quiescent current and back pressure, each of which can 

account for around 2% variations. 

Manifested 1n static error, the final value is typically less than 10 

of the 212 (12 bit) units. Where necessary (e.g. chapter 7) more 

effort has been applied to obtain the minimal null. (The design of 

robot causes the valve null setting procedure to be extremely 

dangerous). 

Reducing the duration to 1.21 seconds, figure 8.S again yields 

acceptable results. Note the presence of noise 'spikes' in some of the 

responses. The worst of these corresponds to about 5 of the 12 bit 

units or 10 mV. These are significant in the selection of a saturation 

detection parameter, in that they rule out some of the options. 

Figure 8.7 shows the same motion, now at 1.03 seconds. There are 

noticeable (and audible) oscillations in the responses of axes 1 and 

2. The previous duration (1.21 secs.) has probably the shortest 

duration, consistent with an acceptable response, for this particular 

motion. Note there is no exact solution to the shortest interval. 

Apart from probably varying with wear, oil temperature and time, it is 

a compromise between peak acceptable forces, vibrations and tracking 

errors versus the motion duration. 

The response at 0.93 seconds duration (figure 8.8) shows marked 

saturation. Axis 1 and 2 responses can be approximated well to 

straiaht lines, suggesting a velocity or flow saturation. Once the 

response catches up with the command, the axis attempts to stop dead. 

The servo-valve is capable of closing completely, the robot's momentum 

is then opposed by a column of oil. The result is a pronounced 

oscillation in each of the axes. Axis 3 response is virtually un­

affected. For this particular motion, it draws flow at a lower 

pressure than the other axes. There is both a low inertial and 

gravitational component. The errors are still large, but do not appear 
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saturated. 

Much the same can be said for figure 8.9, with a duration of 0.83 

seconds. except that axis 3 is also beginning to velocity saturate. 

Dropping the duration much further. to 0.54 seconds (figure 6.10) 

shows little change in the form of the response. the peak errors have 

risen still further. Sustained cycling at such durations took their 

toll with some bolts shearing, others working loose. 

8.5 Saturation Detection Philosophies 

8.5.1 Robot Model Based Philosophies 

A complete robot and actuator model could be used to compute the point 

at which saturation occurs. Motions could then be designed to avoid 

such conditions. Motion feasibility checking was carried out in this 

way on the three planar axes of the Little Giant robot and is reported 

in Rees Jones et al. 1984 [4.6]. This requires the model derivation, 

parameter measurement and complete dynamics computation for the entire 

motion. The result is a yes or no answer; ideally some speed up or 

down factor should be given as output. 

Measurement of actuator parameters such as flow or current, force or 

torque also enable saturation detection. Coupled with a simple 

actuator model the saturation point may be predicted shortly before it 

is reached and evasive action taken. Seeger and Paul 1985 [8.2] and 

others adopt similar approaches. 

8.5.2 Input and Response Based Philosophies 

Without reference to dynamic models, there are clearly patterns 

exhibited within the saturated results. It should therefore be 

possible to isolate these patterns and so identify their presence. The 

results as presented suggest it is easy to detect saturation from the 

displacement response. In a practical implementation it would be 

completely unacceptable to advance as deeply into saturation, as say 

in figure 8.10. The onset would have to be detected in its early 

stages. The sensitivity of the method therefore needs to be high. 
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Large tracking errors in themselves are unusable as a saturation 

parameter. They are a function of motion duration, and the complete 

sequence of configurations throughout the motion. Without some means 

of normalising the error magnitude, for the widely varying motion 

displacements, durations, robot configurations etc. their magnitude 

has no meaning. 

The presence of flat segments in the response can be detected by 

differencing successive response data points. It'would appear that 

saturation in this particular robot is dominated by flow 

Oscillations are clear to the eye. It may be possible 

detection of these in the early stages of saturation. 

carrying this out include 

(i) Extraction of frequency components. 

constraints. 

to automate 

Methods for 

(ii) Detecting sequences of sign changes in slope or 

velocity reversals. 

(iii) Peak response acceleration measurement. 

There may be a solution here, but it is more complex than at first 

sight. (i) requires a lot of computation, and possesses problems in 

discerning between normal response frequency components and those due 

to oscillation. (ii) can be carried out easily, but as seen in the 

unsaturated responses, (3, 1.5 and 1.21 seconds) there are 

oscillations present, which are not necessarily saturation related. 

The scheme would require some form of oscillation amplitude 

dependence or filtering, which in turn would require normalisation for 

the variety of motions possible. (iii) could entail additional 

transducers. 

It may be that certain sections of a response are repeated when a 

system is saturated. Correlating response segments would require 

analysis to firstly locate the two relevant parts, from two successive 

responses, and then a cross correlation technique could be applied to 

compare them. 

Distortion in the displacement error curve can be quantified but 

relative to what? Without bringing in dynamic models, one possibility, 
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is to relate current error levels to previous ones. The shapes change 

progressively. The change in error curve shape between figures B.6 and 

8.7 (1.21 and 1.03 seconds) is very small. Detection would therefore 

be difficult. 

The detection of changes in displacement error does possess some 

attractions. Computing the peak errors (the variable peakerrJ or SP1) 

for progressively reduced durations, figure 8.12(a), it is clear there 

is a change in the characteristic. These peak curves were susceptible 

to repeatibility errors. Superseding them with absolute average errors 

(absumerrJ or SPa, the lower curves in figure 8.12(a» yielded some 

improvement. 

Attempts were made at differencing the data, 2nd and 3rd order 

differences did show changes in the regions of interest. These changes 

are not consistent and vary widely in magnitude. Figure 8.12(b) shows 

the change in average error after each run. 

If a simple function could be fitted to the unsaturated region of the 

average error curve, then departure from the curve fit may serve as an 

indication of saturation. Curve fits to the average error were found 

to include functions such as l/T, quadratics and cubics. The change in 

the average error is found to be progressive, making the departure due 

to saturation very difficult to distinguish. 

The response of the manipulator for anyone motion appears as if it 

could be modelled as a low order system. Deriving an error function 

for a fifth degree polynomial when driving a second order system 

yields a gross component : 

where 

2880 r (da - dl) 
(wnT)5 

- second order damping ratio 

dl, d2 - initial and final displacement 
boundary conditions 

wn - system natural frequency 

T - motion duration 

(8.9) 

The transient error component is far more complex. Curve fits to the 

above function were found severely lacking. A more realistic quantity 

in detecting the change in slope of the average curve, is found simply 

to be the ratio of last average error divided by the current average 
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error, (satparamJ or SP3, figure 8.12(c». This is automatically 

normalised, but it still suffers from inconsistencies and does not 

have a sufficiently pronounced change in it. 

In an attempt to increase consistency and sensitivity, the previous 

ratio was computed as a rolling average (vecsatJ or SP4, figure 

8.12(d». This takes at least three cycles before it has a value and 

diplays no increase in consistency. If averaged over all the axes, 

(scasat or SPs, figure 8.12(d» it is more consistent, but will no 

longer detect the saturation of individual axes. Figures 8.13 to 8.17 

show the same parameters for a wider range of test conditions. 

SPI A,.I. 1 spa A,.I. 1 

--- A,.I. 2 --- A)(I. 2 

----- A,.l. 3 ----- A)(l. 3 
------- 0.'9S Cut. Off Limit. 

SP2 ------ A,.l. 1 

- - - A,..l. 2 SP4 A,.l. 1 

----- A,.l. 3 --- A,.l. 2 
----- A)(l. 3 

Chons- in A,.l. 1 
Error SP5 (Cov.,.. all 3 0)( •• ) --- A,.l. 2 

----- A,.l. 3 

Key to Figures B.12 to B.17 
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Figure 8.15 Load On, Automatic Cut Out On, Initial 

Duration 1.6s, 16 Cycles, Reduction 0.95 

201 



500.0 

375.0 
20.00 

250.0 
10.00 

125.0 

10.00 20.00 30.00 10.00 20.00 30.00 

Co) SPI ~ SP2 vs Run Number Cb) Chanse In Error vs Run Number 

1.250 

1.125 
950.0 

1.000 
850.0 

875.0 

10.00 20.00 30.00 

Co) SP3 vs Run No. C~ 0.95 ou~ off) 
10.00 20.00 30.00 

Cd) SP4 ~ SPS vs Run Number 

Figure 8.16 Load On, Automatic Cut Out Off, Initial 

Duration 3s, 32 Cyoles, Reduction 0.95 

150.0 10.00 

100.0 

30.00 

50.00 
-10.00 

10.00 20.00 30.00 
Co) SPI ~ SP2 vs Run Number Cb) Chanse In Error vs Run Number 

1.500 I.S00 

1.250 1.2S0 

1.000 1.000 p.~~~~. 

10.00 20.00 30.00 
Co) SP3 vs Run No. C~ 0.95 out off) 

10.00 20.00 30.00 
Cd) SP4 ~ SPS Vs Run Number 

Figure 8.17 Load On, Automatic Cut Out On, Initial 

Duration 3s, 32 Cycles, Reduction 0.95 

202 



8.2.3 Axis Velocity Based Parameters 

The parameters proposed so far do not possess the attributes required. 

There are promising signs, but the indioators are too speoifio, not 

sufficiently sensitive or inappropriate. In general, measuring 

quantities at higher order derivatives increases sensitivity to 

change. Considering harmonics and their time derivatives, for example, 

the amplitudes increase with derivative order. 
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2.000 

1.000 

100.0 ZOO. 0 300.0 
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Upper Figure 8.18 Axis Velocity Curves 3 Seoond Rise 

Centre Figure 8.19 Axis Velooity Curves 1.5 Second Rise 

(Filtered) 

(Filtered) 

Lower Figure 8.20 Axis Velocity Curves 1.21 Second Rise (Filtered) 

This particular robot has no velocity transducers. Velocity 

therelore estimated using a central differences formula. To 

account of noise, a second order digital filter was added. The 
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introduced by the filter was reduced with a compensating lead term. 

Figures 8.16 to 8.23 show the velocity command and response for the 

same set of motion durations (3 seconds down to 0.54 seconds). Some 

unfiltered curves are included (figure 8.24) to show the effects of 

discretisation and mechanical noise. Note the filter dynamics caused a 

small zero shift error. 
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Upper Figure 8.21 Axis Velocity Curves 1.03 Second Rise (Filtered) 

Centre Figure 8.22 Axis Velooity Curves 0.63 Second Rise (Filtered) 

Lower Fisure 8.23 Axis Velocity Curves 0.54 Second Rise (Filtered) 

Displacement error resolution is small by virtue of the d~fferencing 

of 12 bit resolution displacement transducer data. The velocity 

estimate suffers from the same discretisation and resolution problems 

to a greater extent. If velocity error is then computed from such data 

it possesses a very low signal to noise ratio, making it impractical 
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to use. Another option is to use the velocity in its own right. One 

feature which characterises a velocity curve for a stop-go-stop motion 

is that it starts and ends with zero velocity. This means that for the 

whole motion duration, the shape of the area under the curve is 

entirely defined by the function. It is also plain from the velocity 

response curves (figures B.20 and B.21) that saturation has occurred, 

when the duration has reduced from 1.21 to 1.03 seconds. 

1.500 

500.0 

2.000 

1.000 

100.0 200.0 300.0 300.0 

Cb) A.,. 2 C~ L R •• pG" •• 

100.0 200.0 300.0 

Co) A.,. 3 ~ L R •• ~. 

Figure 6.24 Axis Velocity Curves 1.21 Second Rise (Unfiltered) 

(c.f. Figure 6.20) 

The velocity curve shape can be quantified by the ratio peak to 

average. For a specific polynomial command this ratio is constant. In 

our case a 5th degree stop-go-stop, the ratio is 15/8. It is also easy 

to compute this ratio for the response velocity curve. Dividing the 

peak/average response velocity by the peak/average for the command 

results in a normalised standard value of unity for perfect tracking. 

This is found to be the most sensitive parameter of those tested, 

(velshapfacJ or SPa figure 6.25), and is probably the least affected 

by repeatability noise. 

Figure 8.26 shows the use of SPs when actually controlling the 

reduction of motion duration. Note that once saturation is detected, 

the motion duration is reset to a longer, previously acceptable value. 

Advantages with this ratio include : 

(1) the peak velocity region is commonly the region which 

saturates first, so the parameter's sensitivity to localised 

saturation can be high. 

(11 ) the parameter is less sensitive to displacement 

repeatibility variations from cycle to cycle. This is because it 
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is only based on velocity values, from the current cycle. It can 

be evaluated on the first run, as compared with two or three runs 

required for some of the other parameters suggested. 

Unless the system under control has a reasonable 'real time' feedback 

controller. there may be more velocity response curve distortion due 

to coupling etc. than was experienced in these tests. The work of this 

chapter is reported in Vernon, Rees Jones and Rooney 1986 [8.4J. 
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8.5.4 Definitions of the Saturation Parameters Tested 

Based on the various options discussed, potential saturation 

quantifying parameters were computed as follows. More details are 

included in the module MODMVFAS.PAS, part of the program RUN.PAS in 

appendix B. The formal saturation parameter definitions are : 

SPI The peak error for each axis during the motion : 

peakerrj = I rl,J,k - yt,J,k I max 
(8.10) 

SPa The average absolute error for each axis during the motion 

if I k 
absumerrJ = I I ri,J,k - Yi,J,k 

i=i., k 

it, k - i., k 

SPa The ratio of previous average error to the current average error 

for each axis, during the motion 

satparamJ = SP2,k I SP2,k+l 

SP. The rolling average of SPa 

.kc 
vecsatJ = (k-2) SPa I I SPa 

k=3 

SPs The average of SP. for all n axes 
n 

scasat = I SP. I n 
j=l 

(8.12) 

(8.13) 

(8.14) 

SPa The normalised ratio of peak absolute response velocity to the 

average absolute velocity : 
. 

velshapfacJ = 8 I YJ,k II (if,k - ia,k) 
m •• 

if 
15 I I 1i, j. k 

i=i. 

8.5.5 Maintenance of Tracking Accuracy. 

(8.15) 

As stated earlier. loss of tracking accuracy can have serious 

consequences. Not least of these may be that the motion segment 

directly after the one which has been tuned for speed, may require 

high tracking accuracy at its commencement. The scheme presented in 

chapter 6 was therefore applied to a motion segment subsequent to its 

pseudo optimisation for duration. Figure 8.27 shows the combined 

effects of using both schemes on a typical motion. Note that the peak 

errors, at the maximum speeds are of the same order as the static 

errors. 
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The two systems proposed offer an improvement in tracking accuracy and 

speed. The philosophy is one which accepts there are faults in both 

the feedback controller and the motion generator. It could be argued 

that a dynamic model plus a high performance feedback control can 

eliminate these problems. Whether this can be achieved without 

resorting to high performance (expensive) computational hardware is 

another question. The computation in both the proposed schemes can be 

carried out off-line, when the robot is not moving. In low cost robots 

it may therefore be possible to achieve performance similar to that 

of high cost robots. if certain constraints on the robot cycle can be 

permitted. 
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9 Conclusions and Recommendations 

For a robot to be viable in a manufacturing environment, it must 

provide a satisfactory degree of dynamic performance at an 

cost, amongst other criteria. If its performance can 

acceptable 

be improved 

without a substantial increase in cost, then the viability or 

saleability of the robot will increase. 

The dynamic performance of robots, specifically the tracking accuracy 

and motion duration, is influenced by both the nominal motion profile 

and the feedback control method employed. An idealised scheme to 

optimise performance might include a complete dynamic model. It would 

then be used in a computation scheme to optimise the design of a 

feedback controller and to modify the motion profile for reduced 

tracking errors. 

Model Based Motion Tuning 

Conventional trajectory tuning methods require the substitution of the 

nominal command in place of the response derivatives in a dynamio 

model. The feasibility of this approach was considered. Dynamic 

parameter values are needed for the models. The more difficult dynamic 

parameter measurements are probably the link inertias and the actuator 

transfer functions. A set of axes about which inertia measurements can 

be taken is. proposed. The advantages are that the transformation from 

the measurement inertial frame to the required frame is simple and 

well conditioned. Complete actuator system transfer functions were 

facilitated by the development of a scheme which readily and 

accurately identified the transfer function coefficients. These are 

too complex for their introduction into motion tuning systems and even 

though the accuracy achieved is to within ±~dB it is still not high 

enough. 

Linearising the dynamics was found to be a lengthy process and doesn't 

appear to simplify the dynamic tuning or increase the potential 

accuracy. 

Such 

the 

model based tuning schemes seem to be fraught with difficulties; 

measurement of the dynamic model parameters is a major task in 
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itself; dynamic models cannot be made sufficiently accurate and a 

large amount of computational power is required. Further 

simplifications to the dynamics make the tuning of motion easier, 

but tuning validity reduces as the accuracy of the model decreases. 

Single degree of freedom linear system tuning algorithms are 

derived, catering for any order differential equation and degree of 

polynomial. 

The tunini of continuous motion laws based on linear dynamic models 

requires either complex analytic solutions, which are dedicated to a 

particular motion law, or an iterative and computationally intensive 

numerical solution. On the other hand, dynamic model based tuning for 

discrete motion laws and discrete dynamic models results in an 

explicit solution, which is simple to compute and not a function of 

the whole motion law, just its instantaneous value. This opens up a 

larie ranie of possibilities for tuning motions in digital systems. 

Three schemes have been developed and experimentally tested to tackle 

the improvement of dynamic performance, in the absence of accurate 

dynamic models. 

MRACS Model Based Tunini of Motion 

Model Referenced Adaptive Controller Schemes (MRACS) can be designed 

to facilitate the characterisation of otherwise complex system 

dynamics. In one ot the three schemes an MRACS attempted to force the 

robot to behave as it it were linear and decoupled, enabling simple 

model based dynamic tuning methods to be applied to the motion laws. 

Its promise as a technique was demonstrated, but the controller 

performance was degraded by practical limitations. 

Initially in a sinile axis implementation, it was shown that an MRACS 

can be set up to force a system to behave as desired, without 

significant modification to the controller, merely the parameters of 

the model it tracks. Landau's design method was selected as a building 

block. The main benefit of the MRACS model is the designer can 

arbitrarily specify the dynamics (within actuator saturation 

limitations). and hence use them in motion tuning. 
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Compared to the self learning systems. the MRACS motion tuning scheme 

potentially offers better performance as it should be less sensitive 

to parameter variations and disturbances. because it is active in real 

time. This was not verified in the actual system tests. 

The MRACS motion tuning sub-system functioned perfectly. with zero 

errors between the nominal motion and the model response. The scheme 

has been demonstrated with both joint and world (Cartesian) based 

motion laws. 

The MRACS itself was unable to hold the robot response to the desired 

characteristics, even though model time constants were longer than 

necessary. The reasons for this are probably the sample interval 

limitation due to the computer hardware; system gain limitations. 

related to the sample interval; the differential pressure feedback 

signal introducing further lags because of the necessarily heavily 

slugged signal filtering; and finally the velocity estimate (based on 

displacement differencing) was insufficiently accurate. 

Self Learning Tuning of Motion 

A computer controlled robot contains all the elements necessary for an 

autonomous self experimentation system. This feature was exploited in 

the derivation and implementation of two further schemes which are 

termed self learning. In these, the robot's trajectory was stored as a 

set of discrete data. Algorithms were developed for tuning this data 

subsequent to each run. Additional costs are minimal, comprising a 

small amount of extra memory required for motion data tables. Use of 

the algorithms requires minimal knowledge of the dynamics. is largely 

independent of the particular robot. requires no additional 

transducers and the small amount of extra computation needed can be 

carried out off-line if required. 

The first of the self learning schemes utilised the fact that if a 

robot motion is dynamically repeatable. previous response data can be 

used to null out errors before they arise. The algorithm was used to 

cyclically improve the tracking errors. Once reduced. the updating 

process can be curtailed. Should the process be subject to parameter 

variations, the process can be retained. 
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The self learning scheme for improving tracking accuracy was applied 

successfully, first in a simulation, then on a DC servomotor and load 

with significant backlash and Coulomb friction, followed by a DC 

servomotor set up to have a highly oscillatory response, and finally 

the three axis hydraulic robot with varying load and motion duration. 

The number of cycles required to achieve completion of the motion 

tuning varied typically between 12 and 15. The error bounds achieved 

dynamically were in many cases as low as the static errors. A low 

period ratio motion (-2) was also accommodated. yielding substantially 

reduced tracking errors. 

The second of these schemes involved an incremental reduction in the 

duration of a given motion. Various parameters for detecting 

saturation were proposed and tested. A normalised ratio of peak to 

average velocity was shown to be promising. 

Optimisation of motion duration is conventionally carried out using 

dynamic models. Simulations yield good results because the parameters 

are exact and pre-defined, and the simple actuator models used such as 

scalar torque and speed limits simplify the optimisation. In a real 

implementation many problems would arise, not least of which would be 

parameter measurement and model verification. The scheme developed in 

this project operated within the actual limitations of the robot, 

which are very difficult to define precisely within a model. Once the 

limitations are reached, the response becomes saturated. The problem 

is to quantify this saturation. so its onset can be reliably detected 

before damage is done to the robot or its environment. A number of 

potential saturation quantifying parameters were tested. A normalised 

ratio of peak to average response velocity was found to satisfy most 

of the requirements for such a quantity. At low speed it remained at a 

constant value of around unity. Its value dropped sharply as the 

velocity response distorted. Other advantages of the parameter are 

that it is relatively insensitive to displacement repeatability 

variations; and the peak velocity tends to occur in the region which 

saturates first. 

Combining these two schemes, tuning for speed to near saturation then 

tunin, tor accuracy, provides a method for obtaining a near minimum 

time trajectory, with maximum possible tracking accuracy. at low cost. 
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Motion Design and Generation 

As part of the development of the scheme, a complete manual motion 

generation scheme has been developed and implemented as software. It 

gives the facility to generate multi-axis, multi-segment polynomial 

motions, of degree 1 to 9. All the practical boundary condition 

combinations are available and it caters for any number of axes and 

segments. 

A semi-automatic version has also been constructed, 

replacing the functions of the manual scheme, allowing 

capable of 

high level 

control of the motion. This enabled the development and testing of the 

motion modification algorithms in a more representative environment 

and reduced the effort involved, in specifying motions. 

Vibration responses of the robot, when driven by several polynomial 

laws indicated that the fifth degree offered the minimum vibration 

levels. Comparison of the properties of the laws indicated it is the 

simplest of the laws studied not to contain a step in the acceleration 

curve. It also has a low peak velocity and acceleration. Further, the 

fifth degree law is versatile in that control over boundary conditions 

is available at up to acceleration. Generic conclusions about the 

degree of law and its interaction with sample interval, period ratio 

and motion duration cannot be made as the error tracking performance 

varies widely depending on the precise values of each of the 

aforementioned parameters: Broadly speaking the fifth degree, if it is 

bettered by other laws for certain of these parameter values, it is 

not by much. It is concluded therefore that the fifth degree is the 

best, all round polynomial motion law, for use in this scheme. 

Further Work 

Polynomial 

functions 

conditions 

motion laws, and for that matter 

used for motion laws are found wanting. 

can be used to control the motion shape, 

most mathematical 

Although boundary 

it is only to a 

small extent. If laws were implemented entirely as discrete data 

tables, then the motion shape could be guaranteed. For example 

monotonicity and a lack of inflexions could be assured. Properties of 

the law could be defined in advance. then the law would be constructed 
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based on them. rather than in the case of the mathematical function 

used as a law. where the properties are a consequence of the law. 

A discrete data table system capable of matching arbitrary boundary 

conditions would be a substantial task. An alternative might be to 

produce a filter which would process mathematically based functions 

used as motion laws, and eliminate the undesirable features. 

The MRACS controller requires a faster computer in order to achieve 

its full potential. The coefficients of the gain matrices used within 

the adaptor do not appear to be arbitrary. Some work should be devoted 

to establishing an optimum analytic solution to them. 

The self learning algorithm for increasing accuracy requires a 

stability analysis, to be used safely in more general systems. The 

setting of target error bounds for the scheme required some 

experimentation. This could be built into the scheme, by automatically 

measuring the robot's repeatability before commencing tuning. 

The self learning scheme for reducing motion duration requires a more 

suitable saturation parameter. This is needed for use with more 

general cases (l.e. other than single segment, stop-gO-stop motions). 

Both of the self learning schemes should be tested on other robots and 

types ot machinery. Many manufacturing processes use machines with 

much shorter cycle times than robots, with a highly repetetive cycle 

content. making self learning schemes even more attractive. 
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Appendices 

Al Matrix equation solutions to polynomial coefficients 

The 15 matrix equations required for the sets of boundary conditions 

in table 4.3, result in the following coefficient solutions 

1 cO = dl 

Cl = (da - dl )/T 

2 co = dl 

Cl = VI 

C2 = (d2 - dl - V1 T) /T2 

3(1) cO = dl 

Cl = VI 

C2 = 81/2 

cs = (2 (da - dl) - 2V1 T - a1 T2 ) / ( 2T3 ) 

3(11 ) co = dl 

C1 = V1 

ca = (3 (d2 - dl ) - ( 2Vl + v2)T )/T2 

C3 = (2 ( dl - da) + (VI + v2)T )/T3 

4(i) co = dl 

C1 = V1 

C2 = a1/2 

C3 = Jl/6 

C4 = (6 (da - dl) - 6V1T - 3alT2 - j1T3)/(6T4) 

4(11) cO = dl 

Cl = V1 

C2 = al/2 

cs = (4 (d2 - dl) - ( 31 + va)T - a1 T2) /TS 

C4 = (6 (d1 - da) + (4V1 + 2V2)T + a1 T2 ) / (2T4 ) 

5(1) co = dl 

C1 = VI 

ca = al/2 
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C3 = jl/6 

C4 = 11/24 

C5 = (24 (da - dl) - 24v1T - 12a1T2 - 4jl T3 - 11 T4 )/(24T5) 

5( 11) co = dl 

Cl = VI 

ca = al/2 

ca = jl/6 

C4 = (5 (da - dl) - (4V1 + va)T - 3alT2/2 - jlT8/3)/T4 

cs = (4 (dl - da) + (3V1 + va)T + al T2 + jl T3/6 )/T5 

5(iii)co = dl 

Cl = vi 

ca = 81/2 

C3 = (20 (da - dl) - ( 12vl + 8V2)T + (a2 - 3al )T2 )/(2T3) 

C4 = (30 ( dl - da) + ( 16vl + 14v2)T + (3al - 2 a2 ) T2 ) / (2T4 ) 

C5 = (12 (da - dl) - S(VI + va)T + (a2 - al) T2 ) / (2T5 ) 

6(i) co = dl 

Cl = VI 

C2 = 81/2 

ca = jl/6 

C4 = 11/24 

C5 = (72 (da- dl) - (60Vl+ 12va)T - 24alT2- 6jlT8- 11T4)/(12T5) 

C8 = (120 (dl- da) + (96vl+ 24v2)T + 36alT2+ BjlT3+ 11T4)/(24T8) 

6 (11) co = d1 

Cl = vi 

C2 = 81/2 

C3 = jl/6 

C4 = (30 (da - dl) - (20V1 + lOva)T + (a2 - 6al )T2 - jl T3 ) / ( 2T4 ) 

c5 = (48 (d1 - da) + ( 30V1 + 18v2)T + (Bal - 2a2 )T2 + jl T3 ) / (2T5 ) 

C8 = (60 (da - d1 ) - ( 36vl + 24va)T +(3a2 - 9al )T2 - j1 T3 ) / ( 6T8 ) 

7(1) co = d1 

C1 = VI 

ca = 81/2 

ca = jl/6 

C4 = 11/24 
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C5 = (168 (dz - d1) - (12Ovl + 48vz)T 

+ (4a2 - 40a1 )TZ - 8jl T3 - i1 T4 )/(8TS) 

C8 = (840 (dt - da) + (576vl + 264v2)T 

+ (180a1 - 24az)T2 + 32jlT3 + 3i1T4)/(24T6) 

C1 = (360 (dz - dl) - (24Ovl + 12Ova)T 

+ (12&2 - 72a1 )T2 - 12jl T3 - it T4 )/(24T7) 

7 (11) co = d1 

Cl = V1 

C2 = a1/2 

ca = j1/6 

C4 = (210 (da - dl) - (120v1 + 9Ov2)T 

+ (15a2 - 30al )Ta - (4j1 + j2 )T3 )/(6T4) 

c5 = (168 (d1 - d2) + (9Ov1 + 78va)T 

+ (20a1 - 14aa)Ta + (2j1 + ja)T3)/(2TS) 

CI = (420 (da - d1) - (216Vl + 204va)T 

+ (39aa - 45a1 )T2 - (4j1 + 3ja)T3)/(6T6) 

C1 = (120 (dl - da) + (6Ovl + 60va)T 

+ (12a1 - 12aa )Ta + (j1 + ja )T3 )/(6T7) 

8 co = dl 

Cl = V1 

ca = a1/2 

ca = j1/6 

C4 = 11/24 

C5 = (336 (d2 - d1) - (21Ovl + 126va)T 

+ (18aa - 60a1)Ta - (10jl +ja)T3 - l1T4)/(6TS) 

CI = (1680 (dl - da) + (1008v1 + 672va)T 

+ (270a1 - 102aa)Ta + (40j1 + 6ja)T3 + 3ilT4)/(12T6) 

C1 = (720 (da - d1) - (4 20Vl + 300va) T 

+ (48aa - 108al )Ta - (15jl + 3ja)T3 - i1T4)/(ST1) 

CI = (840 (dt - da) + (48Ov1 +3SOva)T 

+ (120al - 60aa)Ta + (16j1 + 4ja)T3 + ilT4)/(24T8) 

9 co = d1 

C1 = vt 

C2 = at 12 

C3 = j1/6 

C4 = 11/24 
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C5 = (3024 (da - d1) - (16BOVl + 1344va)T + (252aa - 420al )T3 

- (60j1 + 24ja )T3 + (12 - 5il )T4 ) /( 24T5 ) 

CI = (5040 (d1 - da) + (26BBv1 + 2352va)T + (630a1 - 462aa )T3 

+ (80j1 + 46ja )T3 + (511 - 212)T4)/(12T8) 

C'1 = (6480 (da - d1) - (336Ov1 + 312Ova)T + (636a3 - 756al )TZ 

- (90j1 + B6ja )T3 + (312 - 511)T4)/(12T7) 

cs = (7560 (dl - da) + (3840Vl + 372Ova)T + (B40a1 -7BOaz )TZ 

+ (96J1 + 84ja )T3 + (511 - 412 )T4 )/(24T8) 

c. = (1680 (da - dl) - (84Ov1 + 84Ova)T + (lBOa2 - 180a1 )Ta 

- (20j1 + 20ja) T3 + (12 - i1 )T4 )/(24T9) 

These solutions are incorporated into the manual motion generation 

system, in the program POLY. PAS. This program is listed in appendix B. 

A2 Solution to one case of the Lyapunov equation 

If equation 7.33 is algebraically computed for arbitrary non-zero PiJ 

and ~l elements (9 is diagonal) then 36 equations in 36 unknowns are 

obtained. These are very simple in form, it 1s easy to show that the 

equations are 

S(12x12 ) 0 PI (6x1) Q1 (6xl) 
pz (6xl) Qa (6xl) 

S(12x12) PI (6xl) Q3 (6xl) 
P4 (6xl ) = Q4 (6xl) 

S(12x12 ) Ps(6xl) Qs(6x1) 
P8 (6xl) Qs (6xl) 

o 

clearly the three sets are decoupled. The individual matrices are 

Pl1 -~1 
Pu -~a 

Pl = Pu Ql = -Qu 
Pu N -Qi4 
PiS -Qu 
P18 -Qu 

and 

H1 0 
N HI 18 
0 HI 

S = 
Ha 0 

-a1 Ie Hz 
Ha 

0 
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where Is is the (6x6) identity matrix. and : 

o 
1 

-0'1 ] 
-0'2 

M2 = [ -0'1 -0'1 ] 
1 -20'2 

The sets of equations can be solved individually or alternatively 

matrix methods can be used for the inverse § matrix. The latter has 

some advantages as the three equation sets are otherwise not 

identical. The solution is given by 

Ms 0 Me 0 ... Ms ... Me 
0 M3 Me 

0 
5-1 = Ms 0 M4 0 

Ms M4 
Ms M4 

0 0 

and 

M3 = [ - (0'2/0'1 +1/0'2 ) 1/2 ] M4 = [ -1/( 20'2 ) 0 ] -1/ (20'1 ) -1/( 20'2 ) 0 -1/(20'2) 

Ms = [ 1/2 -en /( ~a2) ] ~e = [ -1/(20'1 ) 1/( ~0'2 )] 
1/( 20'2 ) -1/( 20'1 0'2 ) 

It is clear that the .patterns present in the solution may be 

extrapolated to cover the on' axis case. Solutions for the P matrix 

elements are 

= [ 
fi1 

Pa p~ 1 !:(6x6) (7.34) 
0 

where 

Pi = 1/2 [(aa/a1+1/a2)Qli-Qi+l.i+1/0'2 Qii/a1 ] 
... -Qi i ( Qi + 1 • i + 1 -Qi i ) /0'2 

(7.35) 

for i = 1.3.5 •.....• n 

A3 Linear interpolation for motion duration reduction 

Options for interpolation include the use of finite differences. e.g. 

Newton-Gregory. Bessel or Everett for Forward. Backward or Central 

Differences. Central are probably the most relevant, using fewer terms 

and giving more aoouracy. Computation rises quickly with the number of 

terms used and hence aocuracy. Bessel's Central Differences formula 

requires around 11 multiplications and 14 additions for the first four 

terms. 
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Polynomial data fits are also used for interpolation, but again 

computation is significant. Polynomial fit coefficients must be 

computed for every interpolation. Lagrange's three point interpolation 

for example, requires 9 multiplications and 14 additions. Linear 

(first order) interpolation is therefore worthy of further study. It 

requires minimal computation, but is it sufficiently accurate 7 

Considering the fifth degree symmetric and normalised law, the peak 

error between an exact solution and a linear interpolation will occur 

in the region of peak curvature. This occurs for maximum second 

derivative values, i.e. acceleration in our case. 

accelerations for the above law arise at : 

tp •• k = 1 ± -1--
2 .«12) 

The law itself is defined by : 

r(t) = lOts - l5t4 + 6t5 

The peak 

Assuming there are to be say 50 samples in the interval [0,1) then 

taking as the region to be interpolated 

to, to+&t = tp •• k ± 0.01 

will cause the error due to interpolation to be a maximum. For the 

lower tp •• k value, the error at the centre of the region will be given 

by : 

e = r(to) + 'S[r(to + at) - r(to») - r(to + 8t/2) 

= 2.89 x 10- 4 

If for example, the motion described represents 1000 encoder units, 

then the error will be less than one unit. Further, the interpolation 

would not normally be carried out at the centre of a sample, but close 

to one end of it. It still remains to check the compounding effect of 

errors, when motions are repeatedly compressed in time, by 

interpolation. A practical scheme for motion interpolation is 

therefore presented. 

parameters as follows 

Defining the motion and its 'compression' 

T motion duration 
R reduction factor - change of duration 
no14 old number of data points defining the motion 
nn." new number of data points defining the motion 
io14 sample number in old data set 
lr sample number in old data set (floating point value) 
In.,, sample number in new data set 
h sample number at start of motion segment 
If sample number at finish of motion segment 

The new number of samples per axis, required to represent the motion 

is defined by : 

nn." = trunc (R x n014) 
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Considering an arbitrary proportion of the motion, then to arrive at 

the same displacement value requires that 

inn - it = iou - i. 
nn.v no14 

The sample number in.v in the new set will vary from i. to i. + nn.w. 

In order to compute r(in.v) it is necessary to locate the appropriate 

point in the old trajectory. The above equation yields a real (not 

integer) solution for io14. In practice io14 may be derived from 

ir = (n014 - l)(io." - 1.) + i. 
no.v - 1 

This is not an integer, and it lies in the interval 

io 1 II ~ ir ~ 101 4 + 1 

so the correct sample interval has been located on which the 

interpolation is to be based. The -1 offsets are required to give 

correct solutions at the ends of the motion. The proportion along the 

sample is defined by 

ir - io14 

Hence the full, linearly interpolated value of the trajectory is given 

by : 

rn.v(in.v) = trunc{[ro14 (io14+ 1) - rou(iold)](ir- io14) 

+ ro 14 ( 101 4) + O. 5) 

The truncation is required to represent the trajectory in integer 

form. As the trajectory is repeatedly interpolated, banker's roundina 

is incorporated such that accumulative errors will tend to average 

out. 

Testing this interpolation algorithm for a typical trajectory, 

interpolated six times and comparing with the exact function 

evaluation gave maximum errors of 1 or 2 units over full 12 bit 

resolution. The errors occur in the dynamic regions of motion, as 

expected. In these regions, position tracking accuracy is at its 

lowest anyway. These errors are therefore considered negligible. 
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B Software listings (on diskette, inside back cover) 

The programs listed are 

MO. BAT - a batch file which runs the manual motion generation scheme 

and passes file names between the different programs. 

POLY.PAS - permits the specification of motions including the entry of 

a wide range of boundary conditions, the selection of polynomial 

degree, the number of axes to be driven and the number of motion 

segments per axis. The coefficient solutions are in-built, as are some 

facilities such as cascading of boundary conditions through all the 

axis segments to reduce the amount of data entry. 

GENMO.PAS - generates the motion as specified by POLY. PAS. The command 

structure used by GAL.SA and RUN.PAS can be entered into the 

trajectory data file, making the manual and semi-automatic trajectory 

data files identical. 

RUN. PAS - receives the trajectory data file, interprets the commands 

within it and executes the real time motion generation. It is 

comprised of a further four modules 

MODREAD.PAS - reads the setup data, initialises variables, 

transforms the motion data into the required form. 

MODRTlME.PAS - carries out the real time motion generation and 

command interpretation. 

MODMVACC.PAS - is the scheme for cyclically improving the 

trajectory tracking accuracy. 

MODMVFAS.PAS - is the scheme for cyclically reducing the 

trajectory duration subject to saturation constraints. 

TEACH.SA - enables the rapid entry of robot coordinate data. for use 

within the GAL.SA motion generating language. The coordinate values 

are assigned to ASCII string identifiers which are easier to hand~e. 

The coordinate data can be entered as transducer, joint or world 

values. Within TEACH.SA are two further modules: 

KINSUB.SA - this module comprises the kinematic transformations 

which are required for use in TEACH. SA. 

FORCE.SA (provided by Motorola) - the VME10 sees the keyboard as 
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a terminal, which creates some difficulties with the input from 

the keYboard. FORCE.SA is a patch to overcome this problem. 

GAL.SA - is the semi-automatic motion generation system compiler. 

TEST1 to TE5T12 - examples of the text files used as input to GAL. SA. 

MRACS.PAS the stand alone motion generation, tuning and control 

program used for the MRACS scheme. 

WMRACS.PAS - the Cartesian motion generating pre-processor for use 

with MRACS.PAS. 

C Publications 

Pocket. on inside back cover 

VERNON, G.W .• REES JONES, J. and ROONEY, G.T. Dynamic command motion 

tuning for robots:- a self learning algorithm. 6th CISM - IFToMM 

Symposium, Ro.man.sy - 86, Cracow, Poland, September 1986. 

VERNON, G.W., REES JONES. J. and ROONEY, G.T. Automatically increasing 

the speed of industrial robots and multi-axis machines. Proceedings of 

the Institution of Mechanical Engineers - UK Research in Adyanced 

MAnufacture, 10-11 December 1986. 
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ERRATA G W Vernon 26th June 1988 

Appendix - For practical reasons, software listings are not included 

in the text. For further information, contact G W Vernon, c/o Prof. J 

Rees Jones, Mechanisms and Machines Group, Liverpool Polytechnic, 

Byrom St., Liverpool, L3 3AF. 

p26 Line between equations 2.50 and 2.51 should read 

"and equation 2.11 gives I" 

p43 The last term in equation 3.4 should read : 

p69 Item (ix) should read I 

(ix) The robot initialisation and calibration must be in-built." 

p80 Line after equations 4.28 should read I 

"These conditions are conflicting •••• " 

pl02 Section 5.3.3, first para, last sentence, should read I 

"This is found to be reasonable, given that its elimination can 

be achieved by ensuring the initial conditions are correctly 

computed." 

pl06 Equation 5.49 - the derivative dots above the rand y should be 

omitted. 

pill Table 5.15. The peak jerk for a cubic polynomial should read as m 

not 12. 

pl16 Equation 6.8. The relative magnitudes 01 the changes in x, y and 

r need comparison before the change in x (between runs) can be 

neglected. 

p117 Equation 6.15. A necessary condition for the system to operate is 

that the input and response vectors, rand yare scaled to each other, 

such that in the steady state, their values are numerically equal. 

p122 Section 6.2.~, second para., fourth sentence should read I 

" ••• it would need to be stored ••• " 



plSl Section 7.2.3, first para., 

read 3.4 not 3.6. 

last sentence, figure number should 

plSl The text between equations 7.16 and 7.17, first sentence should 

read "In the chosen configuration, Landau's Model Feed10rward 

Gain; K. = D ••• " 

plSS Equation 7.33, first term should read 

p156 Equation 7.41. The B term should be replaced by ~. 

p156 Equation 7.42. The second term in all 3 rows of the vector should 

be divided by (2u=). 

plS7 Equation 7.53 - the input vector has been omitted; r should be 

inserted, in this case.of dimension 1. 

p158 Top of page, should read " (section 5.3.2) I" 

p179 Section 8.1.1. The statement "( and vice versa for the minimum 

principle )" should be omitted. 

pl8D Section 8.1.3, first para., last sentence, replace with 1 

"Not surprisingly, the performance of such computer based 

simulations is high." 

p181 Paragraph on reference [8.1], second to last sentence should 

read I " maximum prinCiple to be impractical ••• " 
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